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Abstract

As an aggregate, American households have showg debt levels over the
past few decades. However, we do not yet undet$taw debt varies within households
over time and what factors influence this variaiilom meaningful way. To date,
household debt appears predominantly as a compohergasures of net worth,
obscuring heterogeneity in the meaning of debtiwighhousehold. Moreover, most
studies focusing specifically on indebtedness oelgross-sectional data. In addition, no
cohesive theoretical model exists to account fanging patterns of debt. This
dissertation seeks to fill these gaps. Utilizingagsiety of methodological approaches and
drawing on longitudinal data from the National Laodinal Survey of Youth 1979, it
adds sociological explanation to a social processtias been previously ignored and
under-theorized.

First, drawing from literature in economics andistmgy, | propose a dynamic,
life course model of indebtedness that proposesthrechanisms that drive
differentiation in household indebtedness: institall context (period), social
heterogeneity, and patterned disadvantage, ortstalcisk. Second, | use multilevel
logistic regressions to explore the associatioweeh the hypothesized mechanisms and
the likelihood of holding non-collateralized debhile experiencing negative life
course risks increases the likelihood of holdingtdefind that occupying positions of
structural disadvantage—being black, being in piyvedecreases the likelihood of

holding debt, while having advantages—higher edonabeing married, holding



assets—increases the likelihood of holding dehtpw to distinct differences in who
can access debt to buffer life course shocks ardoahnot. Examining the
interrelationships between debts and assets funthdgrscores the tenuous economic
well-being of the disadvantaged. 1 find that thasest likely to experience negative life
events are both less likely to have financial as&&h which to buffer these events and
more likely to experience constrained access teautiateralized debt.

Third, | employ multilevel linear regressions tcaexne the association between
the proposed mechanisms and three unique indicattalsbt burden. 1 find that many of
the standard coefficients included in models ofvm@itth are not significant predictors of
the level of non-collateralized, non-revolving dehiggesting that we know much more
about the correlates of income and wealth thanaeveadisehold debt. Rather, variation
in debt burden may be better understood by hetasityein non-economic variables. To
better estimate this heterogeneity, | utilize latdass regression models to estimate the
early life course trajectories of debt burden fag NLSY79 cohort. | find four distinct
trajectories of indebtedness, with varying consegas for later life financial outcomes.
Overall, I conclude that household debt is nuaraseticontextually contingent and can
add to our understanding of long-term stratificapwocesses when studied as a unique

indicator of inequality.
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1. Introduction

Over the past few decades, American householdsiggficant wealth gains
accompanied by dramatic increases in indebtedrfgsscifically, more households are
carrying some form of debt; ownership of non-celtatized debt is increasing; and the
ratio of debt to income shows steady growth, atstirae time as household savings have
declined (Ritzer 1995). Similar patterns have bd@umented across a number of
industrialized nations (Betti, Dourmashkin, Rossig Yin 2007; Debelle 2004; Girouard,
Kennedy, and André 2006; Mote and Nolle 2005), pting research about the possible
causes and consequences of rising household irthhesie

Of most concern to those interested in inequadityat the growth in household
wealth and the concomitant increase in indebtedaeseot always experienced equally.
The greatest increases in wealth occurred amonaitbady wealthy, while indebtedness
grew more rapidly among households with low incoed lower wealth holdings (cf.
Wolff 2007). These patterns raise questionsroigg both (1) the structural
underpinnings of the risk for household indebtedraexl its growth and (2) the meaning
of debt within different socioeconomic contextsond specifically stated: who becomes
indebted? And does debt carry the same consequimaiifferent households? These
guestions have not received direct attention.

Extant research on indebtedness consists primarayalyses of aggregate trends
(Boushey and Weller 2006; Jickling 2002) and cresstional data on households
(Dynan and Kohn 2007; Kennickell 2006; Lyons 200&)lff 2007; Yilmazer and

DeVaney 2005). While there is evidence of growiogsehold debt at an aggregate



level, we do not yet understand how debt variebiwihouseholds over time and what
factors influence this variation in a meaningfulywétandard age-based growth curves
of wealth and indebtedness represent average tegrttisiask heterogeneity across and
within age in wealth and debt levels (Alessie, rdgaand Aldershof 1997; Coile and
Milligan 2009).

Households can carry two broad types of debt: wldized or secured debt, in
which the loan is tied to an asset, and non-calied or unsecured debt, in which the
loan has no underlying collateral. Unlike collalered debts, non-collateralized debts
are not explicitly linked to asset ownership. Morgortantly, the consequences of debt
differ by type; high levels of non-collateralizedd holdings are associated with
negative financial outcomes (cf. Godwin 1996).

Through this project, | pursue two key aims. Firghcorporate indicators of debt
into a broader conceptualization of stratificatiortry to untangle how debt is both
distinct from, yet related to, household wealthre&xiew of the literature shows concern
over Americans’ debt burdens; however, no cohesigeretical model exists to account
for changing patterns of debt. Common approachisbetween explanations centered
on the effects of age (life cycle/permanent incdipeothesis; Ando and Modigliani
1963; Friedman 1957; Modigliani 1966), cohort (aamption and savings behavior;
Jiang 2006; Kanajanapan 2005; Masnick, Di, andkye2905; Twitchell 2002), and
period accounts that focus on the devolution &f fi$acker 2006; Medoff and Harless
1996; Shuey and O’Rand 2004), the decline of “agumg institutions” (Levy 1998),

increasing labor market instability (Bernhardt, M&rHandcock, and Scott 2001), and



the deregulation of financial markets (Campbell Bigicowitz 2006). To date, empirical
evidence on indebtedness is limited but it suggésitsan adequate understanding of debt
incorporates multiple explanatory factors. To #msl, | propose a dynamic, life course
model of debt. | hypothesize that three key memas—institutional context, social
heterogeneity, and patterned disadvantage or stalectsk—structure access to credit
and demand for debt in ways that create signifiganation in patterns of debt and
consequences of indebtedness.

Second, | provide one of the first longitudinal lgsas of non-collateralized
household indebtedness in the sociological andbiese literature. | use the National
Longitudinal Survey of Youth (1979) and employ npl# methodologies to examine
differentiation in patterns of non-collateralizegbd over the early life course of a cohort
and how these patterns relate to other indicatolisancial well-being. Given rising
levels of household debt and the potential for deleixacerbate inequality, this is an
important area of research that deserves contiatiedtion.

This dissertation begins with an overview of houdélindebtedness in the
United States. | review aggregate trends in weaith debt holdings and highlight the
importance of utilizing debt as a unique indicatbmequality. Drawing on work from
economics and sociology, | propose a theoreticalehtw understand dynamics of
household debt over the life course. In Chaptép8ovide detail on the NLSY79 and
the measures employed throughout the dissertation.

Chapter 4 explores the social demography of nolatesllized debt across the

early adult life course. Specifically, | explotestassociation of sociodemographic



covariates with the likelihood of reporting NCNRbil@nd the timing and duration of
NCNR debt holding. In addition, | examine the ext® which life course events
associated with increased demand for debt are ahesistributed across race/ethnicity,
as is the ability to access debt in the face fg¢ldemands. Last, | test whether the
consequences of holding NCNR debt are the samesaafibhouseholds by using
regression to examine the association betweenrpatbté NCNR debt holding over 1985-
2000 and net worth in 2000.

Chapter 5 extends the previous analysis by clasaynining the
interrelationships between non-collateralized @etut asset holding to better understand
how debt is distinct from, yet tied to, wealth halgs. Joint analysis of assets and debts
suggests that the process of indebtedness diffeopssahouseholds and adds nuance to
the initial model presented in Chapter 4. Resutigerscore the tenuous economic well-
being of already disadvantaged households.

In Chapter 6, | focus on the household’s levelaficollateralized debt.
Explorations of multiple measures of debt burdeghlght cross-cutting and complicated
patterns of stratification and inequality rooted/arious sources: the labor market,
discrimination, intergenerational transmission eflth, access to financial markets, and
financial product segmentation. While standardastemographic covariates are
strongly predictive of the ability of householdsatatain access to debt, the level of debt a
household takes on appears less influenced by toeseiates. To examine whether
there is persistent unobserved heterogeneity isdtmld patterns of indebtedness, |

employ latent class regression models in Chapteridentify four latent trajectories of



indebtedness. Heterogeneity in unobserved acoesaitdemand for debt influences
likelihood of trajectory membership, while thesgectories are differentially shaped by
sociodemographic predictor variables also assatiaid access and demand.

Finally, | discuss the implications of this projeactd directions for future research

in Chapter 8.



2. Household Indebtedness in the United States: Tmds,
Literature, and Theory

2.1 Rising Household | ndebtedness

While many individuals have seen dramatic gaingat wealth over the past few
decades, the indebtedness of American individuadsh@useholds has also been
increasing over this same time period. Aggregata ttom the Federal Reserve Board
show that both household debt-service-ratios (DSRg-ratio of monthly mortgage
payments and consumer debt payments to after-taxnie—and financial obligations
ratios (FOR)—the DSR plus regular financial obligas such as rent, car lease
payments, homeowners’ insurance, and property taneseased through the 1980s,
declined slightly in the early 1990s, and thenditgagrew through the mid to late 1990s
and into the 2000s (séggure 1Error! Reference source not found.). Examining
changes in an alternative aggregate measure o€holgsindebtedness, the ratio of
household sector debt to personal incoRigure 2), shows marked increases in
indebtedness over time, with particularly rapidtdgiowth beginning in the late 1990s
and continuing into the 2000s. Much of this growits driven by expanding mortgage
lending and rapidly growing credit card debt (Dyndmhnson, and Pence 2003).

The high levels of indebtedness, particularly theagh in levels of non-collateralized
debt (e.g. credit card debt), have elicited mualceon, as have the steadily growing
rates of personal bankruptcy (Brown and Burhous¥0Increasing household debt
reduces the amount of income from which a housetmtdsave, simultaneously reducing

savings while raising expenditures. These patterang make households more



economically vulnerable when faced with incomeabdity, negative life course events
such as marital dissolution and disability, or exsé changes (from financial institutions)

in prices and interest rates (Dynan and Kohn 2007).

=——DSR =<=<=FOR

0.20
0.19

0.17 / MRS S e
0.16 y
0.15

0.13

0.12 _%AWQ/
0.11 1\

W ool

Ratio

0.10 -
1980 1985 1990 1995 2000 2005 2009

Year

Source: Federal Reserve Boandyw.federalreserve.gov
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Of most concern to those interested in inequadityat the growth in household
wealth and the concomitant increase in indebtedaeseot always experienced equally.
These aggregate figures mask variation in debt tjrewd vulnerability within
household subsets. While many households sawcageise in both real wealth (both
financial and non-financial) and their debt burdise, greatest real wealth growth
occurred among the very rich, while indebtednessvgnore rapidly among lower- and
middle-income households (Mishel, Bernstein, anégketto 2007; Wolff 2007).
Analysis of Survey of Consumer Finance data shtsasthe amount of household debt
increased faster than household asset increaseggBe 1; Bucks, Kennickell, Moore,
Fries, and Neal 2006; Kennickell 2009), and Kei§2&00) shows that overall wealth has
been increasing at the same time that the perceofagouseholds with zero or negative

net worth has also been increasing.



Table 1: Change in Mean Value of Asset and Liabiies for Families with Holdings, Survey of Consumefinances, 1989-2007

Percentile of Three-Year Change (percent)
Net Worth 1989 1992 1995 1998 2001 2004 2007 759577995 1998 2001 2004 2007
Assets
Less than 25 12.5 14.0 19.4 22.0 21.0 23.1 29.2 12.0 386 134 -45 100 26.4
25-49.9 65.6 71.4 84.1 93.2 99.8 112.8 1333 8.8 17.8 10.8 71 13.0 18.2
50-74.9 192.2 181.3 1917 2246 2650 306.0 3334 -5.7 5.7 17.2 18.0 155 9.0
75-89.9 426.0 3744 3776 488.7 6174 693.0 7135 -12.1 09 294 263 122 3.0
90-100 2102.6 1933.6 2059.5 2622.9 3400.1 3662.3 4244.8 -8.0 6.5 274 29.6 7.7 159
Debts
Less than 25 17.7 19.2 25.2 32.9 26.6 35.1 41.8 8.5 31.2 30.6 -19.1 32.0 191
25-49.9 36.6 43.7 525 58.4 59.1 72.8 91.2 19.4 20.1 11.2 1.2 232 253
50-74.9 63.3 65.0 71.7 79.2 89.0 1226 131.6 2.7 10.3 105 124 37.8 7.3
75-89.9 81.8 81.5 78.0 1121 118.7 150.6 162.6 -0.4 -4.3 437 59 269 8.0

90-100 1504 1745 1643 2034 2359 3228 3403 16.0 -58 238 16.0 36.8 5.4

Source: 2007 Survey of Consumer Finances Chartbook, FEReserve Boardyww.federalreserve.gov

*Note: the calculations for these valussludehouseholds with no holdings [~20-25% of those kbofs at less than the"™2percentile of net
worth hold no assets, while there is nearly 1008&taswnership among the higher quartiles. Deldihgs are more evenly distributed—about
65% of households in the bottom quartile hold deliite the proportion rises to nearly 80% for theldie to quartiles, and drops to
approximately 75% for the top quartile.




2.2 Debt asan Indicator of | nequality

Research on inequality has a long tradition of le@sjzing the importance of
expanding the traditional conceptualization andsueament of socioeconomic status
beyond education, income and occupation (follovBtegy and Duncan 1967) to augment
our understanding of long-term stratification preses (Campbell and Henretta 1980;
Conley 1999; Johnson 2006; Oliver and Shapiro 19&apiro 2004; Spilerman 2000).

In particular, growing emphasis is being placednmorporating measures of household
wealth to capture a broader picture of househabth@mic well-being. Measures of
income taken at one point in time can be a mistepafidicator of financial security. In
contrast, measures of household wealth providadination of the financial stocks from
which a household can draw in times of income skopkoviding a buffer from negative
life course events such as unemployment, poortheaid marital disruption (Conley
1999; Gruber 2001; Hurst and Stafford 2004; Meyet &ullivan 2003).

Incorporating wealth into studies of stratificatiand inequality provides a
different picture of advantage and disadvantage $itadies that rely on measures of
income alone (Keister 2000). Wealth is more unbyguigstributed than income and this
inequality is growing (Wolff 2007). It is also nestable across generations than income
(Conley 1999; Jianakoplos and Menchik 1997; Mend®K9) and empirical evidence
shows a weak correlation between income and wéadister 2000; Keister and Moller
2000). Racial disparities in wealth accumulatiom @articularly salient (Conley 1999;
Hao 2007; Oliver and Shapiro 1997; Shapiro 20@4nlike occupation, income, and

education, which, while strongly influenced by pded social status, must be attained by
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individuals, wealth can be directly passed acresgerations. In addition to facilitating
access to resources and services, wealth ownergly@lso serve as a means to access
political power (Keister and Moller 2000; Wolff 200 Improved knowledge about
wealth thus provides insight into the intergenerai transmission of inequality and
aspects of social class (e.g. power) not readiyurad by income. While research on
wealth has expanded our understandings of stiaiibic and social class, examining the
debt holdings of individuals and their householas further these understandings.

Debt offers yet another unique indicator of fin@hsecurity and is related to
wealth in two key ways. First, for many househptiebt—in the form of mortgages or
educational loans—is a critical step toward weattbumulation (Belsky and Calder
2005; Hao 2007; Keister 2000). Second, in theratesef wealth, debt—patrticularly
revolving credit—can serve as a buffer, or safetty during temporary income shocks
(Bird, Hagstrom, and Wild 1999; Krueger and Pe®0@&). Although wealthy households
have disproportionately more debt than non-wedlttyseholds, debt holdings are far
more evenly distributed across households thansagssg-igure 3Figure 3). Recent
changes in debt holdings show a general trendooéasing household debt (Lyons 2003;
see alsdable 1), but this debt has been concentrated more and among households
with lower income and wealth (Bucks et al. 2006;I#V2007). Figure 4 details the
percentage change in median debt holdings (fateddts combined) among indebted
households in the Survey of Consumer Finances byipo in the income distribution.
While low income households hold fewer absolutetsigheir indebtedness grew more

rapidly relative to higher income households. Tisigeflected in the consistently large
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increases in median debt levels across surveysketd089-1995, 1995-2001, and
2001-2007 for those households in the bottom incquietile. All households show
comparably large increases in total debt holdirega/een 2001 and 2007, consistent with

aggregate trends presented aboveigure 1 andFigure 2.
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Figure 3: Proportion of Total Assets/Total Debts Hil by Net Worth Percentile,
Survey of Consumer Finances, 2007

! Although the distribution changes slightly from88%to 2007, the proportional distribution of weaaifd
asset holdings in 2007 is representative of thegdpattern of the distribution of assets and slébeach
of the years for which survey data is available.
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Figure 4: Percent Change in Median Debt Holdings aong Indebted
Households by Income Percentile, Survey of Consumé&inances (1989-2007, select
years)

Household debt is typically incorporated into weatudies via measures of net
worth, in which total liabilities are subtractedrn total assets. While measures of net
worth are instructive, they obscure heterogeneityriderlying asset and liability
mixtures and fail to fully capture the risk of ausehold’s wealth portfolio. If growth in
household indebtedness were completely offset bglegpins in household wealth—
suggesting that household net worth remains relgtstable—questions would still
remain regarding the specific risks attached td.d&yowing debt levels, even if
counterbalanced by asset growth, place househbgieater risk of default (Dynan and

Kohn 2007), and recent asset gains have been pigroancentrated in rising home
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values, not gains in liquid financial assets (D02D Higher debt levels mean households
face larger monthly debt obligations that placertta greater risk of failure to meet debt
obligations during times of unexpected income sbockdditionally, a large proportion

of households have either zero or negative nethwdnd and Russell 1996) and
another substantial segment has positive net wouthat such a low level they are
classified as “asset poor” (see, for example, CandrWolff 2004). A focus on debt
allows us to better delineate what is occurringssithe life course within these

households.

2.3 Understanding Debt
2.3.1 Types of Debt

Household indebtedness is complex; depending ohdhsehold, debt may be
part of the process of asset accumulation or it sigryal financial crisis. While high
levels of any debt have the potential to causenfira problems, an array of debt forms
exists and the consequences of holding debt maygraatly depending on the type of
debt a household has. Moreover, the sociodemomgraplrelates associated with debt
holdings vary by the type of debt considered (Yieraand DeVaney 2005) and the
underlying processes leading to a specific forrdeddt are distinct.

Household debt can be broadly divided into two gatties: collateralized and
non-collateralized debt. Traditionally, collatézald or secured debt is a loan tied to the
purchase of an asset, such as a mortgage or @acar The value of the debt and
subsequent monthly payments are based on the éstimaue of the asset at the time of

purchase, and failure to meet debt obligations m#aat the lender can reclaim the asset
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upon which the debt is based. Certain collatezdlidebts, particularly mortgadeare
clearly linked to asset accumulation: with eachtgelyment, the household typically
owns an incremental proportion of the asset to wkhe debt is tied (although recent
trends in subprime borrowing contradicted thisgraft Other forms of collateralized
debt, such as home equity lines of credit or ¢k ltbans, provide liquidity for the
borrower to make bill payments or purchase goddsese types of collateralized debts
require asset ownership but are not linked to tivelmse of an asset, although they place
the underlying asset at risk if the debt obligaimnnmet.

Non-collateralized or unsecured debt is not tiedrtp asset and takes two forms:
non-revolving and revolving. Non-revolving, nonHateralized debt is typified in
traditional installment loans such as bank loartssindent educational loans; it refers to
a credit that is extended once with specific repaynguidelines and is not renewed upon
repayment of the outstanding debt. In contrasplwng debt allows households to
borrow at their discretion, up to a pre-specifiedisg amount (i.e., credit limit).

Monthly debt payments are not set beyond a miniraomount, and repayment of
outstanding debt increases the credit availablbadousehold. Credit card debt

comprises more than 90% of non-collateralized, Ieng debt (Johnson 2007).

2 Mortgages typically have been viewed as the mestith-building type of debt. Conventional wisdom
has been that homes are an investment that apig®cith their value growing over time as the debt
payment remains the same. These traditional maddéleme-secured debt and home value appreciation
have been modified dramatically with developmentihe financial market and the introduction of
adjustable rate mortgages [which introduce variaidathly payments] and the significant loss of ealu
experienced by housing markets around the natgavjhg many homebuyers “upside down” or “under
water” in their homes, meaning that they owed niemaortgages than the estimated value of their home
In these instances, the meaning of mortgage delshifted dramatically for these households oveeti
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| focus my analysis on non-collateralized debttfep main reasons. First, of the
two broad categories of debt, non-collateralizelot d@more associated with negative
outcomes (Brown, Taylor, and Price 2005; Del-Rid &ioung 2005; Godwin 1996).
High levels of non-collateralized debt holding associated with increased likelihood of
delayed or missed bill payments (Black and Morg@®9] Sullivan and Fisher 1988) and
bankruptcy (Sullivan, Warren, and Westbrook 1988)well as decreased psychological
well-being (cf. Brown et al. 2005). Second, unldalateralized debt, non-collateralized
debt is not explicitly linked to the ownership af asset and analysis of it is thus not
limited solely to asset-holding households. Adulitilly, non-collateralized debt can be a
source of liquidity and consumption smoothing foukeholds that lack adequate income

and assets.

2.3.2 Theoretical Approaches

To date, the life-cycle/permanent-income (LC-Plpdihesis is the dominant
conceptual framework for understanding consumpdiach savings behavior in
economics. The LC-PI hypothesis proposes thatdfmlds consume a constant portion
of their expected income/wealth over the life ceuaad borrow to finance consumption
in periods where income is lower than expecteddderse income, with borrowing
predominantly occurring early in the life cycle (@mand Modigliani 1963; Friedman
1957; Modigliani 1966). Applications of the LC-Rlodel show that age-wealth profiles
generally follow its predicted patterns, althoulgh tlecline in household wealth begins
later than predicted, perhaps in reaction to uag®st about mortality or the presence of

a bequest motive (Bosworth and Anders 2008; KeatdrMoller 2000; Land and
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Russell 1996; Love, Palumbo, and Smith 2009). Ecgliwork also finds substantial
household heterogeneity, with large variations @akth holdings within the same age
group due to a variety of factors, including peraotl cohort effects (Alessie et al. 1997;
Coile and Milligan 2009).

A benefit of the LC-PI model for understanding ibtizlness is its explicit
introduction of the element of time; household int#elness is a process that unfolds over
the life course and inherently involves a time boni. Consistent with the model’s
predictions, studies have shown that expectatibostguture financial situation play a
significant role in determining a household’s wiginess to take on debt (Brown, Garino,
and Taylor 2008). The overall utility of the LC-mlbodel for describing and predicting
patterns of household indebtedness is less cleamrVer, and research suggests that the
underlying assumptions of the model are untenaBlkey assumption of the model is a
perfect credit market with no liquidity constrainbsit substantial empirical evidence
shows that more than 20 percent of U.S. houseliatdsliquidity constraints (Hall and
Mishkin 1982; lacoveiello 2005; Japelli 1990; Lyd®03; Mariger 1986), with minority
households, specifically blacks, facing the mosist@ints (Cox and Jappelli 1993;
Crook 2001; Duca and Rosenthal 1993). Furthermbespresumption of a rational,
fully knowledgeable financial planner ignores thaancial knowledge is not equally
distributed across the population (Gustmann anohi®tger 1999; Lyons and Scherpf
2005) and the “rational” behavior predicted by thedel may be less appropriate for
disadvantaged households who face income uncertamut credit constraints (Andreasen

1993).
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Adopting a broader approach that understands holgetdebtedness by linking
it to shifting structures/institutions and extaattprns of social stratification may
ultimately be more useful for understanding vaoiasi in household debt. These
explanations for changing patterns of householéhtetiness suggest three key factors:
deregulation of markets, growing labor market ibgity, and the privatization of risk.

First, the deregulation of financial markets angliticreased ability to utilize risk-
based pricing (via credit scores) made the extensi@redit to previously excluded
segments of the population more profitable (Ausd®87; Johnson 2007; Williams
2004). The 1978 Supreme Court decisioMarquette National Bank v. First of Omaha
Service Cormllowed banks to make loans in states other tharevthey were
headquartered; this prompted banks to move tosstath weak consumer protection
laws and higher allowable interest rates (e.g.il5Bakota). Two years later the
Depository Institutions Deregulation and Monetapn@ol Act of 1980 undermined state
usury laws that limited the rates on home mortdages. In 1982 the Garn-St. Germain
Depository Institutions Act ushered in many changeduding raising the ceiling on
maximum loan-to-value (LTV) ratios; this act is wiyg considered a contributing factor
to the savings and loan crisis of the late 1980s.addition, the Fair Isaac Corporation
(FICO) made scores to ascertain general creditwas$ls broadly available for use in

1989. Concomitant with improvements in technoldbig greatly facilitated the

3 A more recent legislative change was the Finar®#aVices Modernization Act of 1999 (also known as
the Gramm-Leach-Bliley Act). This repealed a portof the Glass-Steagall Act of 1933 that prohibite
the consolidation of banking, securities, and iaaae companies.
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application of risk-based pricing (cf. U.S. Depagtrhof Housing and Urban
Development 2010: 30).

These changes, along with legislation that proadbdiscriminatory lending
practices such as the Equal Credit Opportunityddd974 and the Community
Reinvestment Act of 1977, led to a democratizatibaredit that expanded access to both
consumer credit and mortgage loans (Black and Moi@®9; Ford 1988; Mote and
Nolle 2005). While disparate lending practicessggy with discriminatory mortgage
lending the focus of a 1992 Federal Reserve studoston (Munnell, Browne,
McEneaney, and Tootell 1992) and more recent wgnkdm-profit groups such as the
Center for Responsible Lending highlighting racielparities in the distribution of
payday loan shops (King, Li, Davis, and Ernst 2Q05Parrish, Ernst, and Davis 2009),
there is a general trend of improved access tdtavedr the past few decades. Utilizing
data from the Survey of Consumer Finances, Lyo@832finds that between 1983 and
1998 all households experienced a significant emeen access to credit with the
greatest gains among low-income and minority hooisish Similarly, Bostic and Surette
(2001) find that while homeownership grew amondallseholds in the 1990s, it grew
more rapidly for minority and low-income familiedjiven partly by improved mortgage
access.

Aggregate trends for outstanding household mortgiag¢ and consumer debt
from 1978 to 2009 are presentedrigure SError! Reference source not found.. The
timing of key developments in legislation is indeéin the figure. With the exception

of 2009, American households, as a whole, expegnwreasing levels of both
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mortgage debt and consumer credit. While thesebeusrdecreased follong the
beginning of the 200 cession, this drop was significantly smaller ttremaverag
growth over the past 30 years. These broad traerelsuggestive of the importance
shifting institutional contexts: home mortgage daiparticular, increass at a greater
rate following the passage of the G-St. Germain Depository Institutions Act of 19
(raised ceiling on maximum lo-to-value ratios) and the Financial Servi
Modernization Act of 1999 (allowed consolidationfiolancial services acrossectors).
Looking specifically to 20C-2009, home mortgages became a larger proporti
overall outstanding household debt, reflecting exirag subprime lending (as well

possibly increased reliance on home equity lo
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Figure 5: Outstanding Household Debt, 1978-2009
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A second factor contributing to rising householdahtedness is increasing labor
market instability and growing wage inequality. rétent decades, workers have
experienced stagnating wages, growing and potgntedurrent under-employment and
unemployment, declining social and workplace basédi support income- and health-
maintenance, and increases in job changes (cfhBetty Morris, Handcock, and Scott
2001). Drawing from the Panel Study of Income Dyits, Dynan (2010) documents
increasing income volatility from 1975 to 2005, kwitotable increases in the frequency
of large (50% or more) increases and decreasesuseold income. Such phenomena
are no longer limited to blue-collar workers and excreasingly experienced by the
middle-class (Leicht and Fitzgerald 2007; Mendehlkallil, Spindel, and Hart 2006).
Using the PSID, Sandoval, Rank, and Hirschl (2@Rument the increasing life course
risk of experiencing extreme poverty in Americagaelless of age, gender, and race.

As households face increasing risks to income, #nreyess able to prepare for
and adequately anticipate financial emergencidgesé& households may compensate by a
greater reliance on debt to finance temporary ireshocks (e.g. Sullivan 2008), and
they are more likely to face negative financial ®gquences such as missed payments
and bankruptcy. Using the 1998 Survey of Consufir@nce, Getter (2003) finds strong
associations between unexpected negative life sypatticularly income loss, and loan
delinquency and default. A cross-national analgsimcome changes and mortgage
delinquency in the European Union reveals a siggifi and positive association between
income volatility and likelihood of delinquency @-Serrano 2005). While increasing

wage inequality is a driving factor in the growthaggregate household indebtedness
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(Barba and Pivetti 2009; lacoviello 2008), the lilkeod of overindebtedness and its
associated negative consequences are not equstlippdied across all households.

Concomitant with rising instability has been arr@ase in living costs brought by
the privatization of risk and a retrenchment of lpubervices (Hacker 2006; McCluskey
2002; Medoff and Harless 1996; Mendenhall et ab&0 Planning for retirement is
increasingly individualized, with decreasing emg@oyesponsibility. This is particularly
notable in the shift away from defined benefit penplans to defined contribution
plans, which replace guaranteed retirement bengfitsretirement accounts linked
directly to the market and its fluctuations (cfugk and O’Rand 2004, 2006). In
addition, households face rapidly growing costanfiedical care at the same time they
must cope with declines in employer health covemgkrising insurance costs (Daly,
Oblak, Seifert, and Shellenberger 2002; Zeldin Rnavina 2007). Medical problems
and their associated costs play a large role iséloold indebtedness, and are
increasingly associated with negative financiatouates such as bankruptcy. While
medical debt was a primary contributing factoraad than 10% of bankruptcies in 1981,
a review of recent bankruptcy filings by HimmelsteThorne, Warren, and Woolhandler
(2009) found that this proportion had increased@®% in 2001, and increased again to
62.1% in 2007. Three quarters of those familiekh#pt due to medical causes had
health insurance coverage, pointing to the impomale rising costs for health

maintenance play in household indebtedness.
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2.3.3 Conceptual Model of Debt

Household debt is not merely a household charatiterbut a dynamic process
structured by extant patterns of stratification aegponsive to institutional changes and
life course events. | propose a conceptual moidétbt Figure 6Figure 6) that focuses
on three specific mechanisms of differentiatiopatterns of indebtedness: 1)
institutional and structural contextr period to capture deregulation of financial kess,
democratization of credit, and shifting patternsisik and instability across time; 2)
social heterogeneityparticularly age, race, class, gender, and haldelmomposition;
and 3)patterned disadvantager structural risk that is, the extent to which the risk of
experiencing life course shocks such as unemploymmaarital dissolution, and medical
crises and the consequences of these shocks actistd by existing patterns of
stratification, following recent studies of relat@ghamic processes like retirement and

job mobility (Han and Moen 1999; Williamson and MaNara 2003).
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Figure 6: Conceptual Model of Debt

2.3.4 The Demography of Debt and Structural Risk

The types of debt held by households vary dramitiaaross wealth subgroups
(Kennickell 2006) and the most expensive typesatitdsuch as payday loans and rent-
to-own contracts, are concentrated among low ingdomewealth and minority
households (Bates and Dunham 2003; Caskey 199gmateand Faris 2003). Even
within the same type of debt, low income and mitydnbuseholds continue to pay more:

they are more likely to hold subprifimortgages, have higher APR on their credit cards,

* At its most basic, subprime refers to loans offeaea higher rate than the current prime ratejaral
and Ambrose (2007) note, however, that the terrhpgame” is poorly defined, and “has come to
encompass the origination of mortgages to housslibbt traditionally were unable to obtain traditib

24



and be denied access to mainstream financing ap{pgar, Calder, and Fauth 2004;
Belsky and Calder 2005; Edelberg 2007; Hudson 1B@8d and Kest 2003). Cox and
Jappelli (1993) find that, more than any otherakiethnic subgroup, black households
experience the greatest credit constraints. Wgrkiith 1995 SCF data, Crook (2001)
finds similar results. He also finds no raciafeliénces in demands for debt, meaning
that black households are credit constrained nodse they desire more credit than
other households and fail to get it, but becausg thceive less credit than other
comparably situated households.

Findings point to structural factors that produeéehogeneous debt patterns
directly and the consequences of these patteriveatly. These structural factors are
attached to at least two interrelated contextsbraqad socioeconomic contexts associated
with changing credit regulations and labor marleets 2) household contexts that vary
according to key demographic variables associatddheousehold composition. To
better understand these heterogeneous pattemegdge that debt is comprised of two
distinct but interrelated componenéscessanddemand Access refers to the
availability of or eligibility for credit and theubsequent ability to borrow money in times
of need, while demand is the household’s need sireléor additional debt.

Access to credit and debt is affected by the prastand policies of financial

institutions and the credit rating of the borrowlmmusehold—both of which are

mortgage debt products. Typically, these househloddl poor credit history, unverifiable incomehad
insufficient capital for traditional downpaymentiéds” (8).
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correlated with demographic characteristics noteaa and socioeconomic status. Low
income and minority households are disproportidg&tenbanked” and “underbanked,”
with either no or limited use of mainstream finahenstitutions due to a variety of
circumstances: economic costs of mainstream bacguats, poor financial knowledge,
and lack of access in their communities (Barr 200digarth, Anguelov, and Lee 2005).
Once in contact with a financial institution, radag access to credit is a function of
many variables, including age, education, inconte@tupation, employment status of
the spouse (if present), and the number of eamnerfiousehold—high credit ratings
tend to go to highly educated, high income, marhedseholds.

Demand for debt increases with life events suamasiage and divorce, child
birth, medical emergencies, unemployment spelid,leousehold moves, while the
likelihood of experiencing these events, and thegociated consequences, varies by age,
race/ethnicity, gender, income and occupation,eghatational level. Recent work by
Lyons and Fisher (2006), for example, shows vammeiih delinquency and default rates
by marital status and finds significant genderetéhces among divorced respondents,

with divorced women struggling more to meet debigaitions than divorced men.
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3. Data and Measures

Much of the prior empirical research on househ@btdhas focused on aggregate
trends or cross-sectional survey designs. Whith sesearch has highlighted the
importance of institutional context (Bertola anddHguertel 2005; Duygan and Grant
2006) and social heterogeneity (Bird et al. 1998nikickell 2006; Wolff 2007) on
household debt, such analyses may mask influeridest@rogeneity across households
and neglect variation within households across tifieis dissertation research required
data that were longitudinal and contained reguleasarements of a household’s asset
and liability holdings (Singer and Willett 2003yhe ideal dataset had short intervals
between measurements with lengthy coverage ovdifé¢hsourse and also included
measures of income and employment, union formatrahdissolution, and disability and
health outcomes. Théational Longitudinal Survey of Youth 19MLSY79), with
thirteen waves of data containing asset and lighilieasures across a 19-year time span,

met these requirementsThe NLSY79 data are particularly well-suited $ondying

! Other datasets considered wereRaael Study of Income Dynami{@SID), theSurvey of Consumer
Financeg(SCF),Survey of Income and Program Participati@PP), and thélealth and Retirement
Survey(HRS). In comparison to the NLSY79, these datasave some advantages in asset/liability
coverage (particularly in the SCF and SIPP) anéxalkept the HRS are representative of the national
population. Though the SCF is widely recognized &gnchmark wealth survey (Jantti and Sierminska
2007), it was not used due to its cross-sectioesigh. Although it contains multiple measuremefits
assets and liabilities, the SIPP was not used lsedde overall time frame of the panel coveraghdst (4
years) and it has been shown to have a numbemdicsimings in its estimates of wealth (Czajka,
Jacobson, and Cody 2003). The HRS, while richaita,dwith 8 waves across 14 years, was not used
because it focuses on households at the end tiféleycle. Although the PSID data contain asset a
liability measurements for 1984, 1989, 1994, amhbially from 1999-2005, it was not my primary atei
due to its long lags (5 years) between measureméatssets and liabilities prior to 1999 and charige
the measurement over time (comprehensive debtatat® were not introduced until 1999).
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patterns of indebtedness, as the respondents weneng adulthood during extensive

deregulation of financial markets that expandee@ssdo credit.

3.1 Data

Managed by the Center for Human Resource ResetiidieaOhio State
University, theNational Longitudinal Survey of Youth 198% panel study of a
nationally representative sample of 12,686 menvamtien aged 14-22 when first
surveyed in 1979 (born between January 1, 1957PDa&acémber 31, 1964, representing
the Late Baby Boomer cohort). Major data elemehthe NLSY79 include labor
market experiences, income and assets, and healtlitions and health care. To date,
there are 22 waves of interview data (data fronB26Mot yet available). The cohort
was interviewed annually from 1979 until 1994 aiad been interviewed biennially since
1994. The initial sample was comprised of thrdesamples: 1) a cross-sectional sample
representative of noninstitutionalized civilian ylsi (n=6,111); 2) supplemental
oversample of civilian Hispanic, black, and econcatty disadvantaged non-black/non-
Hispanic youths (n=5,295); 3) a military sampleXr280). Although overall retention of
the initial sample has been strong (over 80%}@t|201 individuals in the military
subsample were dropped in 1985 and the economitialylvantaged non-black/non-
Hispanic subsample was dropped after 1990. A904 2the total sample size was

7,646. Because of the well-documented racial @iffees in income, asset, and liability

2 The credit card industry was deregulated in 19iB the Supreme Court’s decisionMarquetteand
regulatory changes in 1982 (Garn-St. Germain) Banitly affected the mortgage industry.
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holdings, this analysis retains the black and Higpaubsamples to draw more detailed
conclusions about patterns of indebtedness acasssand ethnicity.

With asset and liability indicators of comparabielity to those found in the SCF
and the PSID, the NLSY79 data are a popular sdoraesearch on household wealth
(Caputo 2003; Keister 2000, 2005; Lusardi, Cossd,krupka 2001; Rendon 2006;
Yamakoski and Keister 2006; Zagorsky 1999, 2008)e NLSY79 first incorporated an
assets and liabilities module asked of all respotsdie 1985; with the exception of 1991,
2002, and 2006, when budget cuts reduced survesrage, all waves of the survey
contain the asset and liability module. A majoesgth of the NLSY79 data is that it
contains comparable indicators of a variety of tasd liability holdings across waves
(seeAppendix A for question details). Due to significant questathanges in 2004, this
analysis is limited to the 1985-2000 waves (exelgdi991). This restriction yields a
maximum of 12 observations per respondent. The ckgiture asset and liability
holdings of respondents as they age from 20-2%1433 providing detailed information
about household dynamics at the point in the lifierse when they are most likely to be
entering into and accumulating débt.

Because some chapters examine trajectories dbiedeess and wealth, | retain
only those respondents with 3 or more interviewsvben 1985 and 2000 to have the
same base analysis sample for all chapters. €hidgation results in a total loss of 144

respondents (67 with one interview, 77 with onlp)}wThe overall loss is small because

% Although both the Panel Study of Income DynaniRSID) and the Health and Retirement Study (HRS)
are good sources of longitudinal data on assetdianitities, the NLSY79 was chosen for its greatetail
and coverage over a critical time period for iniéatry into indebtedness.
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the asset and liability module begins six yearsrdfie survey’s inception, suggesting
that respondents most likely to be lost at follogvhave already exited the survelable

2 shows the frequency distribution of responderdriniews. The majority of
respondents (61.7%) are interviewed in every wankthe cluster of respondents with 6
interviews (13.5%) is due to the loss of the ecoiealty disadvantaged non-black/non-
Hispanic subsample after 1990.

Table 2: Total Number of Interviews, 1985-2000

anlth;\k/)gN(;f Frequency %

3 100 0.95
4 119 1.13
5 162 1.54
6 1389 13.17
7 149 1.41
8 189 1.79
9 307 291
10 489 4.64
11 1093 10.36
12 6551 62.11

Total 10548 100%

3.2 Measures

Outlined below are the key dependent variableseaptanatory variables that
recur throughout the dissertation. Variables dpmeto a given chapter are introduced

and discussed in detail in that chapter.

3.2.1 Key Outcome Variables

Non-collateralized, non-revolving (NCNR) debt holdng. | construct

dichotomous state indicators (yes/no) indicatingthibr the household holds non-

30



collateralized debt. Households are coded ye# (ig¢ respondent says “yes” to the
guestion “Aside from any debts you have alreadytioead, do you (and your spouse)
now owe over $500 to any stores, doctors, hosphalsks, or anyone else, excluding 30-
day charge accounts?’By requesting respondents exclude “30-day chacgeunts” it
specifically asks them to exclude non-collateraljzevolving debt (i.e., credit cards)
from their estimate. As such, | treat this varai$ a measure of a household’s non-
collateralized, non-revolving debt (referred tooiighout as NCNR debt) that captures
traditional installment loans (e.g., school loand hank loans), outstanding bill
payments, and other unsecured, non-credit caré d&seAppendix B for an extended
discussion of this measure.

Timing of debt consists of onset and duration of nonatetklized, non-
revolving debt holding. Onset is indicated by tegpondent’s age (in years) during the
wave in which they first report holding NCNR del@uration is the length of time (in
years) that a respondent reports continuously hgIBiCNR debt. The same respondent
may experience repeated events of NCNR debt halding

Debt burden. While there is no universally used measure of tebden, most
indicators incorporate some comparison of the lefeebts to the household’s ability to
meet debt obligations by drawing from income flawsvealth stocks (Betti et al. 2007).
| focus on the ratio of NCNR debt to total househacome. | also construct a measure

of the ratio of NCNR debt to total liquid assetsaasalternative measure of debt burden;

* While covering a broad variety of potential housldidebts, the NLSY79 data are limited in that they
explicitly ask respondents txcludeinformation about their revolving debt holdingsgy(e credit card
debt).
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recent research on the consequences of houseldeldt@dness suggests that the debt-to-
assets ratio has stronger predictive power oniteéHood of missing a debt payment
than the debt-to-income ratio (Dynan and Kohn 2@%j: The specific details of ratio

construction are discussed in Chapter 6.

3.2.2 Explanatory Variables

| employ a variety of indicators to capture sobtielerogeneity, household
experiences of disadvantage and heightened riskinatitutional context. With the
exception of race/ethnicity and the indicatorsderiod, all explanatory variables are
time-varying.

Ageandage-squaredire continuous variables. Age is measured to¢aeest
month to retain respondents who do not have adastietween interview dates (e.g.,
20.417 if the respondent was 20 years and 5 manttie date of the interview).

Race/ethnicitys measured with a set of dummy variables compgdtiispanics,
non-Hispanic blacks, and white respondents. Tdagl/ethnic classification is drawn
from two measures: a survey constructed varialaiedraws on respondents’ self-
identification and parental race to classify regfmnts as black, Hispanic, or non-black,
non-Hispanic, and the 1979 interviewer’s recordeseovation of the respondent’s race
(white, black, or other) at the end of the intewieA review of the ethnic self-
identification of respondents suggests that theontgjof those in the non-black, non-

Hispanic category are non-black, non-Hispanic véhigdthough it also captures a few
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Asian, Native American, and “other” respondentsWhile recent research documents
the fluidity of these racial classifications, paunfiarly with respect to how social status
influences interviewer’s perceptions of responderdtial category (Penner and
Saperstein 2008), the effect this may have on rayyais is anticipated to be mininfal.
Respondents initially coded as black or Hispanithensurvey constructed race/ethnicity
variable remain coded as such in my analysis. &tesmts initially coded as non-black,
non-Hispanic with interviewer observed race as avhre coded as white in my analysis;
all others are coded as other. Due to the smaitlbeu of other respondents (n=185), they
are excluded from the analysis samples.

Several measures capture socioeconomic statighest gradds a continuous
measure (in years) of highest school grade contplédeusehold Income Equivaleista
continuous measure of dollars earned per year &lbsources by the respondent and
his/her partner/spouse. This value was dividethbysquare root of family size to adjust
for household size and logged in the modeling pec@/eeks worked last calendar year
is a continuous measure of the numtieveeks the respondent reports participating in
the paid labor force in the prior calendar yeldnemploymenis a dummy variable coded

one if the respondent reports any spell of unempat in the prior calendar year.

® Due to high response rates of “Native American”-ame5% compared to national estimates of the
Native American population at 0.5%—relying entirely the self-reported race/ethnicity measure mag le
to an overestimate of the number of other respasde®ee
http://www.nlsinfo.org/nlsy79/docs/79html/79texteahtm

® Coefficients estimated for models in Chapter 4 @hdpter 5 remain nearly identical in both valud an
significance when other respondents are includedenmeference category and when they are excluded.
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Povertyis a survey-created dummy variable coded one ifdated household income fell
below the poverty line in the prior year.

Household structure is measured by a set of durmarighles formarital status
comparing married, divorced or separated, and siregpondents (widowed respondents
were excluded from analysis due to the small sasipk) and a dummy variable for
presence of dependent childréraye kids An additional variableemale head
captures whether the household is headed by aed@glale. Female respondents who
are unmarried and not cohabiting are coded asadnether respondents are coded as
zero!

Health limitationis a dummy variable indicating whether the resgondeports
any health problems that limit the kind and/or amtaef work that can be performed.

Asset ownership is measured by dummy variablefrfancial andnon-financial
assets. Financial asset ownership is coded as$ tyesrespondent indicates ownership of
any of the financial asset subcategories: stocksiocash accounts, savings accounts,
IRAs/Keogh, 401K/403B, and CDs/other. Non-finaheasset ownership is coded as yes
if the respondent indicated owning a home, a aaang item or collection worth more
than $500.

Net worthis a continuous variable measuring the differdretgveen total assets
and total liabilities. The value of total assetswalculated by adding the total estimated

value of the household’s financial assets (stockulb, cash accounts, savings accounts,

" Because the unit of analysis is the householdrggondent’s gender is not included in the moagla
control (i.e., a dummy variable for male). Instelousehold variables control for gender via vdeslior
marital status and female-head.
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IRAs/Keogh, 401K/403B, and CDs/other) and non-faiahassets (home, car, business,
and items or collections valued at more than $50@al liabilities were calculated by
summing the total value of outstanding mortgagehijale loans, business debts, and
non-collateralized, non-revolving debt. Respongevtio reported “don’t know” or
refused to provide a value for an asset or ligbiliere coded as missing on net worth
(seeAppendix C for a discussion of the decision not to use the XISSimputed values
for assets). This measure of net worth was loggéide modeling process to adjust for
extreme values. For negative values, the abswaltee of the net worth variable was
logged and then multiplied by negative one.

Last, | include dummy indicators for survey waveaptureperiod-specific
effects of shifting institutional contexts. Accasesredit expanded throughout the 1980s
and 1990s while inequality in income and wealthwgreends reflected in increasing
household debt burdens across this time period gugan et al. 2003). For the available
survey waves (1985-1990, 1992-1994, 1996, 19982800), 1985 represents the lowest
point of aggregate household indebtedness (reféigiore 1) and is used as the reference

category throughout the analysis.

3.2.3 Selected Descriptive Statistics

A summary table of descriptive statistics is inéddnTable 3 below for the full
sample and racial/ethnic subgroups. ComparedttoBigpanic and white households,
the average black household is significantly disadaged; a higher proportion of black
households experience unemployment spells, aréesiangd are female headed.

Economically, both black and Hispanic householdsdisadvantaged relative to whites.
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They report, on average, lower educational attaimimewer incomes, fewer weeks
worked in the past calendar year, higher unemploymages, lower rates of asset
ownership, and significantly lower levels of netrito

Table 3: Sociodemographic Characteristics of Full &mple and Racial/Ethnic
Subgroups, Means for Pooled Data, 1985-2000

Black Hispanic White Total

n (total observations) 32,281 20,376 60,531 112,723
Sample Proportion 0.28 0.18 0.54
Age 30.69 30.62 30.25 30.44
5.15 5.16 5.05 5.10
Highest Grade (yrs) 1261 12.10 13.17 12.82
2.04 2.61 2.45 2.41
Income ($2004) 37735 47543 61216 52594
68276 83156 111290 97368
Weeks Worked Last CY 34.71 36.81 40.23  38.05
21.40 20.63 18.60 19.95
Unemployed 27% 20% 17% 20%
Below Poverty Line 29% 21% 11% 17%
Family Size 3.34 3.60 2.96 3.18
1.94 1.82 1.48 1.70

Marital Status
Married 32% 53% 59% 50%
Divorced/Separated  17% 16% 13% 15%
Single 51% 31% 27% 35%

Female Head 30% 18% 15% 20%
Have Kids 52% 61% 52% 54%
Health Limitation 5.4% 4.5% 4. 7% 4.8%

Asset Ownership
Financial 50% 59% 77% 66%
Non-Financial 73% 86% 94% 86%

Net Worth ($2004) 21434 42394 84648 59228
10134 133018 276490219080
Total Interviews (12 maximum) 11.41 11.28 10.69 11.00

1.34 1.45 2.32 1.97
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Table 4 Table 4presents age trends in asset and liabditjifgs over the survey
period (1985-2000). While home ownership ratessimereases within age groups over
period time—consistent with expanding access todwwmership through the 1990s—
the remainder of the asset and liability holdinigsashow more variaticecrossage
groups thamwithin age groups across time. Of course, heterogewélin each age
group remains, particularly with respect to incomycation, and race. Tabl€able 4
shows that, on average, asset ownership increasessaage groups, with especially
large increases for home ownership and financedta®wvnership. In contrast, there is
significantly less variation in liability holdingsy age.

Table 4: Asset and Liability Holdings by Age Group,1985-2000

Age Group
20-24 25-29 30-34 35-39 40-44
n 16,549 38,690 32,185 18,634 4,502 110,560

Total

Asset Ownership
Real Assets
Home 0.12 0.29 0.45 0.56 0.63 0.37
Vehicle 0.69 0.80 0.82 0.83 0.84 0.80
Business 0.04 0.07 0.10 0.10 0.10 0.08
Item/Collection Valued at $500+ 0.50 0.61 0.64 0.64 0.65 0.61

Financial Assets 0.58 0.64 0.69 0.73 0.76 0.67
Liability Holdings
Collateralized
Mortgage 0.84 0.89 0.89 0.88 0.86 0.88
Other Home-Secured Debt 0.05 0.06 0.05 0.06 0.06 0.06
Car Loan 0.51 0.54 0.50 0.51 0.52 0.52
Business Debt 0.50 0.58 0.56 0.54 0.53 0.56

Non-Collateralized (NCNR)  0.31 0.39 0.39 037 0.37 0.37

*Proportion of liability holdings for collateralizedtbt represents the proportion of assenerswho hold the corresponding asset-
secured debt.
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Table 5presents the mean and standard deviations of #ss&¢ and liability

holdings by age group. In general, the mean vahaethe variation of all holdings, both

assets and liabilities, increases across age grolpsy also show more variation within

age groups across time, due to period specifi¢tfatons in economic markets.

Table 5: Mean Value and Standard Deviation (italiczed) of Asset and

Liability Holdings ($2004) by Age Group, 1985-2000

Age Group

Total
20-24 25-29 30-34 35-39 40-44
n 16,549 38,690 32,185 18,634 4,502110,560
Asset Ownership
Real Assets
Home 79548 107228 128314 145909 168475 127315
77481 92671 107971 118572 149257 110859
Vehicle 9268 11531 12829 15443 17389 12560
9464 11378 12624 14682 16230 12579
Business 129383 150097 200660 242639 318642 191654
320981 331840 476053 5600933 807060 463228
Item/Collection V"’g‘;gg 2 6507 9665 12793 17464 23528 12133
13970 16710 21709 30483 41055 22654
Financial Assets 3055 6806 15099 36469 69844 15386
13441 29754 57003 138701 231510 79703
Liability Holdings
Collateralized
Mortgage 57173 73372 86227 94670 98824 84213
47603 54558 65369 71438 80401 65401
Other Home-Secured Debt 19481 12901 12815 15151 14697 13882
101262 27921 22118 19987 16461 31183
Car Loan 8379 9713 10513 12200 13055 10346
7344 8246 8865 9883 10661 8825
Business Debt 77391 87352 111616 119833 118582 103073
176239 173767 209923 216806 294992 202222
Non-Collateralized (NCNR) 6296 7780 8922 10775 12411 8601
11918 15306 16863 21597 25491 17137

Note: Values are only reported for those householttsa specified asset or liability.
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4. The Social Demography of Debt

Recent work examines patterns of asset holdiny, specific attention to wealth
disparities by race (e.g., Conley 1999; ShapiroA2@hd wealth accumulation among
low and middle-income households (Carney and Gadd 2Hogarth et al. 2005;
Stegman, Freeman, and Paik 2007). The distributidrousehold debt holdings,
especially credit card debt, has also receiveccasad attention (cf. Bird et al. 1999;
Mann 2009). In particular, research on the steatitise of higher cost financial services
such as payday loans (Karger 2005; Li et al. 2@d@)) subprime mortgages (Calem,
Gillen, and Wachter 2004) suggests disparitiecaess to affordable credit/debt. These
disparities have long-term consequences for wealtlting and inequality that are
compounded by wide differentials in debt literattyose who are more likely to utilize
high cost financial services are also more likelyaick understanding of concepts such as
compounding interest (Lusardi and Tufano 2009).il&u#his work illuminates broad
trends in indebtedness, the majority of studiesvdram cross-sectional data on
households (Dynan and Kohn 2007; Kennickell 200&ris 2003; Wolff 2007,
Yilmazer and DeVaney 2005) and are unable to exammaw debt varies within
households over time and what factors influence\tariation in a meaningful way.

Social heterogeneity (i.e., income, education,fastructure, and race)
influences the type of debt a household can accBssse factors further structure the
likelihood of experiencing life course events sashunemployment or divorce that may
increase a household’s demand, or need, for ddbteover, they shape the economic

resources a household can draw upon to servidelis—whether these are income
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streams or wealth stocks—as well as the literagyired to navigate an increasingly
complex financial marketplace (Lusardi and Tufaf09.

These patterns suggest wide variation in bothh@ structural underpinnings of
the risk for household indebtedness—as it sugdestseholds both need to haacess
to debt andlemandbor it to become indebted and (2) the meaningetit dicross
households—while debt may hinder wealth accumulidao some households, it may, in
fact, facilitate long-term wealth gains for othefhese issues have not received direct
attention. Drawing on longitudinal data from the\¥79, | examine patterns of non-
collateralized, non-revolving debt holding over daly life course (ages 20-45).
Specifically, | explore the association of sociodgnmaphic covariates with the likelihood
of reporting NCNR debt and the timing and duratd™NCNR debt holding. In addition,
| examine the extent to which life course evensoasited with increased demand for
debt are unevenly distributed across race/ethniagys the ability to access debt in the
face of these demands. Last, | test whether theezpuences of holding NCNR debt are
the same across all households by examining tloeiasien between patterns of NCNR

debt holding over 1985-2000 and net worth in 2000.

4.1 Measures

4.1.1 Outcome Variables

Non-collateralized, non-revolving (NCNR) Debimeasured as a dichotomous
state indicator (yes=1, no=0) and represents g@mredent’s answer to the question
“Aside from any of the debts you have already nwmed, do you (and your spouse) now

owe over $500 to any stores, doctors, hospitalskdaor anyone else, excluding 30-day
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charge accounts?” This question followed questabwmit mortgages, other home-
secured debt, vehicle loans, business debt, addrgtipans (only asked if respondent
had been enrolled in school in the past year)hsse types of debt are excluded from this
category.

Age of entryonsej is the respondent’s age during the wave of thergort of
holding NCNR debt. Apellindicates continued occupation of the same state f
wave to wave, meaning that the respondent repaxtisp) NCNR debt across multiple
waves or reports having no debt for multiple wavésps between interviews were
treated as the end of a speldurationis the length of time (in years) that a respondent
occupies a spell.

Debt groupis a created variable that represents the houdshmlerall pattern of
indebtedness; debt group does not vary by waveés Vetmiable is constructed from the
respondent’s pattern of responses to questionsdebtedness over all survey waves in
which they were interviewed. Respondents who nesfgort holding NCNR debt are
classified adNever Indebted All other respondents are coded as cycling: Bedents
who report holding NCNR debt less than or equah&onumber of times they report not
holding debt were classified asw Cycling whereas respondents who report holding
NCNR debt more than the times they report holdioglebt were classified &igh
Cycling Never indebted, low cycling, and high cycling anutually exclusive,
dichotomous indicators that summarize the houséholcerall patterns of debt.

Net worthis a continuous variable measuring the differdretgveen total assets

and total liabilities. The value of total assetswalculated by adding the total estimated
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value of the household’s financial assets (stockulb, cash accounts, savings accounts,
IRAs/Keogh, 401K/403B, and CDs/other) and non-faiahassets (home, car, business,
and items or collections valued at more than $50@al liabilities were calculated by
summing the total value of outstanding mortgagehijale loans, business debts, and
non-collateralized, non-revolving debt. Respongevtio reported “don’t know” or
refused to provide a value for an asset or ligbiliere coded as missing on net worth
(seeAppendix C for an extended discussion of the decision nostthe NLSY79
imputed values for assets). This measure of nehweas logged in the modeling
process to adjust for extreme values. For negatiiges, the absolute value of the net

worth variable was logged and then multiplied bgatese one.

4.1.2 Explanatory variables

In addition to the standard set of explanatoryalads introduced in Chapter 3, a
set of dichotomous indicators was constructed pouca whether the respondent ever
experienced a life course event that might incrédaseisk of entering into debt. This set
of dummy variables includes individual indicatoos the following events: ever
attending college, ever completing a college dégmer experiencing an unemployment
spell, ever falling below the poverty line, evettoe divorced, ever having dependent
children, and ever reporting a health limitatidéach indicator is coded 1 (yes) if the

respondent ever reports an event in any wave batd@g5 and 2000. A summary table

! Respondents were coded as attending collegeyifréfmorted completing 13 or more years of schooling
(highest grade>12). Respondents were coded asirgra college degree if they reported 16 or more
years of schooling.
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of these indicators is presentedliable 6Table 6. These descriptive statistics highlight
patterns of advantage and disadvantage due td set@ogeneity and structural risk: a
larger proportion of white respondents report néogi college degrees over this time
period, while black and Hispanic respondents repigitier levels of unemployment,
poverty, and health limitations.

Table 6: Proportion of Sample Experiencing Life Couse Event

Black Hispanic White Total
n 2768 1735 5828 10331

Events Ever Experienced
College Degree 0.14 0.13 0.27 0.21
Attended College 0.41 0.39 0.47 0.44
Unemployed 0.80 0.71 0.64 0.69
Poverty 0.63 0.53 0.36 0.46
Divorced 0.35 0.37 0.33 0.34
Have Kids 0.74 0.80 0.74 0.75

Health Limitation 0.28 0.26 0.21 0.24
"Whether the event isver experiencedetween 1985 and 2000

4.2 Methods

First, | usedktlogit commands in Stata 9.2 SE to perform random-effects
multilevel logistic regressions that modeled ttkelihood that a household reported
NCNR debt at a given interview. In this analy$ig probability of holding NCNR debt

(m) of subject at aget was modeled as:

Iog[(m,-)/(l- ﬂtj)] =p +ﬂ2X2tj +... +ﬂantj

43



In this equationr; is expected probability of reporting NCNR debis the constanfi,
throughp, are regression coefficients for explanatory vagabg; through x;. These
regressions adjust for the correlated error teritismhouseholds over time.

Next, | used time series commantispel) in Stata to identify age of entry into
indebtedness and discrete spells of NCNR debt ingldGaps between interviews (right-
censoring) were treated as the end of a spell @nsksjuent reports of indebtedness were
treated as the beginning of a new debt spell. ntmeber of discrete spells was used to
construct spell frequency (number of distinct sedind the years in a given spell
indicated duration for periods of indebtedness.

Patterns of debt holding were used to iderdd#ipt groupdased on the frequency
of reporting debt (never indebted, low cycling, dmgh cycling). To examine the
association between experiencing life course ewkatsmight increase the demand for
debt and likelihood of indebtedness, logistic regiens were used to examine the
correlates of debt group membership: likelihooth@ltling any debt (cycling higbr
cycling low) versus never holding debt; and likeldldl of being high cycling versus low
cycling.

Last, | use linear regression models to examinednsequences of debt group

membership for net worth outcomes.

2 The spell duration was calculated as the ageeagitid of the spell (to the nearest month) minusgeeat
the beginning of the spell (to the nearest monftig pne. Because the exact beginning and endeafptall
were unknown, measurements were treated as oagumithinterval; a value of one was added to the
(maxage — minage) calculation. Thus, a singlentefoNCNR debt in one wave, with no prior or
subsequent reports, would have a duration of oae ye
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4.3 Results
4.3.1 Likelihood of Holding NCNR Debt

Table 7presents the results of unweighted multilevel logiegressions that
examine the association between a number of sactheconomic indicators and the
likelihood of holding NCNR debt. Model 1 contrdts age. Results are consistent with
the LC-PI hypothesis’s predictions regarding tHecatfof age; probability of reporting
debt rises through the late 20s and early 30slaliegins to decline with older ages.
Coefficients for age remain significant and in $andirections across all models.
Although the age-debt relationship changes slightiypss models, it remains consistent
with the LC-PI predictions. The introduction ofritmls for race in Model 2 shows that
black and Hispanic households are significantlg lésly to report holding NCNR debt
than white households.

With the introduction of variables for socioeconomstatus and labor market
experiences in Model 3, the differences betweepaiie and white households
disappear. While controlling for socioeconomidissareduces the difference between
blacks and whites, differences persist and blaeksam significantly less likely to report
debt (OR=0.72). Socioeconomic variables showhlgiter educational attainment and
earnings are associated with greater likelihookdaddling NCNR debt, as are weeks
worked in the past calendar year, while povertjustaignificantly reduces the likelihood
of holding debt. This suggests that holding dslalso a function of access to credit—
households with higher socioeconomic status asedexlit constrained than households

that experience poverty—although this also mayciaid that the truncation level for the
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question (set at $500 or more for any individuditlenderestimates or excludes the debt
holdings of poor households.

Although the introduction of family structure cosls (Model 4) eliminates the
effect of income, black households and householg®verty remain significantly less
likely to report debt. Coefficients for family stiture show that single respondents are
less likely to hold debt compared to both married divorced/separated respondents.
The increased likelihood of holding debt associatéd being married (OR=1.65) is
consistent with work that finds that married houwdds face fewer credit constraints
(Jappelli 1990), which may make them more likeljtdd debt because they have access
to it. The increased likelihood of debt associatéth being divorced is consistent with
findings that divorce imposes high financial camtsndividuals, decreasing net worth
and making it more difficult to meet debt obligatso(Lyons and Fisher 2006; Zagorsky
2005). Having dependent children also significamttreases the likelihood of debt.
Finally, the increased likelihood of holding debtsaciated with being a female headed
household may reflect gender disparities in incowesglth accumulation (Hao 1996),
and household obligations (Grall 2002) that causmen to hold fewer financial

resources to meet necessary household expendiindeacrease demand for debt.
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Table 7: Multivariate, Multilevel Logistic Regressions Predicting Likelihood
of Holding NCNR Debt, 1985-2000, Odds Ratios

n = 85234 Modell Model2 Model3 Model4 Model5 Model6 Mad
Demographics
Age 1.36%*  1.36%*  1.31%* 121%* ] 21%*  1.20%* 1.10%**
Age Squared 0.995*** (0.995** (0.996*** (0.997** (.97** (0.,997** (.998***
Black 0.64**  0.72**  0.80*** 0.80*** 0.86*** 0.86***
Hispanic 0.87** 0.98 1.00 1.00 1.03 1.04
White (ref) -- -- -- -- -- --
Socioeconomic
Status
Highest Grade 1.08**  1.09***  1.09**  1.08***  1.08***
Log Equivalent HH 1.03** 1.01 1.01 1.00 1.00
Inc
Weeks Worked 1.002**  1.003*** 1.003*** 1.003** 1.002***
Last Year
Unemployed Spell 0.98 1.01 1.01 1.03 1.03
Last Year
Below Poverty Line 0.72**  0.75**  0.75***  0.81**  0.81**
Family Structure
Married 1.65**  1.65*** 1 55%* ] G55%*
Divorced/Separated 1.32%*  1.32*%*  1.30*** 1.29*
Single (ref) -- -- -- --
Have Kids 1.13%*  1.14%*  1.13%*  1.13%*
Female Head 1.07* 1.07* 1.09** 1.09**
Health Limitations
Kind or Amount of 1.43**  1.44%%* 1 .43***
Work
Asset Ownership
Financial 1.22%*  1.23%*
Non-financial 1.69%**  1.67***
Period
1985 (ref.) --
1986 1.22%**
1987 1.13**
1988 1.37%**
1989 1.33%**
1990 1.38%**
1992 1.41%**
1993 1.21**
1994 1.14
1996 1.07
1998 1.06
2000 1.26*
rho 0.322 0.3181 0.3069 0.2999 0.2985 0.2956 0.2966
BIC 104492 104356 103930 103545 103488 103212 m317

p-values: * p< .05; ** p< .01; *** p< .001
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The inclusion of a control for health limitatiofidodel 5) does not alter the
effects of the other variables. Health limitati@sultaneously increase household costs
through higher medical bills and reduced househmdme from work (see, for example,
Johnson, Mermin, and Uccello 2006). Respondentsraport experiencing any health
problem that limits the kind or amount of work thegn do are significantly more likely
to report NCNR debt than respondents who do no¢ ladvealth limitation (OR=1.43).

Introducing controls for asset ownership (Modetegjuces the difference
between black and white households (OR=0.86 frors@®0), although this difference
remains highly significant. The difference betw@eor and non-poor households in
likelihood of debt holding is similarly reduced (6&81 instead of OR=0.75) but also
remains significant. While initial black/white apdor/non-poor gaps are a function of
lower income and fewer assets, they persist evamtiese differences are controlled,
suggesting that these population subgroups facgtr@mmed access to credit instruments.
The increased likelihood of reporting debt assediatith holding either financial or non-
financial assets further suggests the importan@®s$idering credit constraints.

Holding assets typically indicates that the houtsthas relationships with financial
institutions and with it access to multiple typédimancial products.

Incorporating period effects in Model 7 shows thelative to 1985, the
likelihood of holding NCNR debt is higher in thedd 980s and early 1990s, not
significantly different through the mid-1990s, amgks again in 2000. With the
exception of age, the introduction of period doesatter the effects of other covariates.

The effects of age remain consistent with the L&WRlothesis, but the effect size is
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reduced, indicating that age was initially captgrperiod effects otherwise unmeasured.
The period effects shown are broadly consistert {@itger macroeconomic patterns of
expanding access to credit throughout the 19804.88d0s. Although the finding that
households are not significantly more likely toaggNCNR debt in the mid-1990s than
in 1985 is initially surprising given macroeconortriends in household debt through the
1990s, much of the aggregate debt trends durirtgitha period were driven by larger

mortgages and the growth of home equity loans.

4.3.2 Patterns of Indebtedness

While never holding NCNR debt may be beneficialfome households, debt
may serve as a precursor to wealth accumulatioatf@r households, making the timing
of indebtedness consequential. Wealth cumulatestbe life course; early entry into
wealth-generating processes gives households ay@sin asset accumulation.
Delayed entry into indebtedness may indicate thetusehold faces difficulty gaining
access to credit and may delay wealth-generatitigitées, placing these households at a
long-term disadvantage compared to householdsumitionstrained credit access. The
regression analysis documents clear racial diffs¥emn likelihood of reporting NCNR
indebtedness anbhble 8andTable 9show that both initial entry into indebtedness and
patterns of indebtedness differ significantly asrcecial/ethnic groups. Specifically,
black households have a higher average age aefitst (Table 8) and are significantly
less likely to ever enter into indebtedne$sble 9shows that 19% of black households

are never indebted compared to 12% of Hispanicladd of white households. These

49



findings are again consistent with literature tadws patterned disadvantage, with
minority groups facing constrained access to firnostitutions and credit instruments
when compared to non-minorities (e.g., Jappelli()99

Examination of the number of debt spells experidrnehouseholds that have
ever entered into NCNR debt reveals a slightlyedéht picture. Hispanic households
that enter into NCNR indebtedness exhibit, on ayeranore discrete spells of
indebtedness than whites. The duration findingeakthat while white households have
fewer discrete spells they have, on average, lodgeation of indebtedness. In contrast,
Hispanics experience more spells of indebtednessshmuter spell duration, while black
households experience fewer spells with short durat Black households also have the
longest gaps between spells of indebtedness.

Table 8: Onset, Spells, and Duration of NCNR Debtyleans and Standard
Deviations

All Black Hispanic White

Age at First Entry™ & © 26.79  27.29 26.77 26.56
3.92 4.13 3.98 3.76
Total Debt Spellg"® © 1.97 1.90 2.14 1.95

1.32 1.37 1.32 1.28
Spell Duration (Years)
Indebted ¢ 3.38 3.25 3.23 3.48
2.32 2.28 2.28 2.33
No Debf* B  4.63 4.96 4.46 4.50
2.63 2.67 2.60 2.61

A B. Csuperscripts indicate results of ttests for me#ferdinces between
groups: A- blacks/whites significant at p<.001; Blacks/Hispanics
significant at p<.001; C — Hispanics/whites sigrafit at p<.001
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Table 9shows that the largest proportion of all househalgslow cycling,
meaning that most households have NCNR debt atdeas, but most do not report
having debt in more than half of their interviewaggh cycling). With only 23% of
households classified as high cycling, blacks ayeifsccantly less likely than either
Hispanics or whites to be high cycling. Hisparaes also significantly less likely than
whites to be high cycling (27% versus 31%). THatreely high proportion of whites
classified as high cycling reflects the longer ddiations of white households.

Table 9: Proportion of Sample in Debt Group

All Black Hispanic White

Never Indebted ° 14%  19% 12% 12%
Low Cyclind® 58%  58% 61% 56%
High Cycling" ¢ © 28%  23% 27% 31%

A B.C.D.Egynerscripts indicate results of ttests for me#ferdinces between
groups: (A) blacks/whites significant at p<.001) fBacks/Hispanics significant
at p<.05; (C) blacks/Hispanics significant at p<.(I) blacks/Hispanics
significant at p<.001; (E) Hispanics/whites sigeuint at p<.001

Experiencing certain life course events increalsesisk of entering into NCNR
debt. However, just as the likelihood of experiagcspecific events is not equivalent
across social groupings (s€able 6) the consequences of experiencing these evemts als
vary across groups. The associations between exgetience and likelihood of being
in a particular debt group are presentedable 10 Based on the earlier racial
differences in timing, duration, and likelihoodinflebtedness, these models were run
separately by race to examine possible differebeéseen racial/ethnic groups in the

relationship between life course events and NCN#R.de
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The first three columns dfable 10represent the likelihood of having any debt
(being either high cycling or low cycling) versusver having debt. In general, results
are consistent with findings from initial logistiegressions: poverty decreases likelihood
of ever having debt; high educational attainmeiviprde, and having dependent children
increase the likelihood of ever having debt. Tdrgé increase in odds of having any
debt associated with ever attending college suggbkat the measure of NCNR debt may
be capturing student loans not reported in othetigres of the NLSY79 questionnaire.
One notable difference is that ever experiencingraamployment spell is associated
with increased odds of ever having debt among whiiat is not significant for blacks or
Hispanics. An interpretation of this differencehat white households might have
greater access to credit instruments that alloesitto take on debt in response to this
life course shock while blacks and Hispanics haeeenfimited access.

The last three columns @fble 10focus solely on households that have ever
reported debt and show the likelihood of being lagtling instead of low cycling.
Results show that ever attending college is astatiaith greater likelihood of being
high cycling for all groups, further indicating thhis variable may be capturing student
loans or other student-related debt. Ever expeingrpoverty is associated with lower

likelihood of being high cycling for blacks and Hanics, but not whites.

% The question regarding educational loans is osked if the respondents have enrolled in a college
program since their last interview. Questions alloe value of loans taken out for one’s educasian

only asked beginning in 1985, when a large numbezspondents who have attained a college degeee ar
likely to have already completed higher educatithay are 20-28 when this question first appe@hais,
the way in which educational loans are measured doecapture whether individuals who were
previously enrolled in some form of college prograra still paying off loans they received to finarthat
enrollment.
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Unemployment spells, ever experiencing a healtidinon, and having children are
associated with higher likelihood of being highlayg for whites, but not for blacks and
Hispanics, again suggesting that white householslve less credit constrained than
minority households. Access to debt instrumentmooth consumption in times of need
may make the consequences of these life cours&shess damaging, further
advantaging white households.

Table 10: Logistic Regressions (by Race/Ethnicityredicting Debt Group
Membership, Odds Ratios

Cycle (any) v. Never High v. Low Cycling
Black  Hispani  White Black  Hispani  White
C C
n 2768 1735 5828 2230 1531 5124
Events Ever
Experienced
Attended College 2.46***  3.05*** 1.71** | 1,93** 1.87** 1.26%*
Unemployment 1.09 1.10 1.47**| 0.96 0.74* 1.14*
Poverty| 0.42***  0.44** 0.71** | 0.55** (0.63** 0.97
Divorce| 1.51** 1.14 2.11**| 1.11 1.35*% 1.07
Have Children 2.00*** 2.38** 2.09** | 1.04 1.10 1.28***
Health Limitation| 1.35** 1.10 1.45* | 1.11 1.26 1.48**

4.3.3 Debt Group and Net Worth

p-values: * p< .05; ** p< .01; *** p< .001

Conventional wisdom suggests that the more NCNR a@d&lousehold has the less

overall wealth it will generate. NCNR debt is finked to a wealth generating

investment and holding NCNR debt means that houdsliave a debt that must be

serviced, diverting income streams away from sa/angd investment opportunities and

toward debt payments (also referred to as “crowdunj). Thus, it is expected that
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households who report NCNR debt more frequently stibw lower average levels of net
worth. An examination of the median net worth ofikeholds in 2000~gure 7) shows
nearly the expected pattern among white househthldse who have never reported
NCNR debt between 1985 and 2000 have high mediawarth ($99,169), low cycling
households place the highest ($115,185), and higling households are significantly
lower ($67,630). In contrast, black and Hisparoogeholds show an opposite pattern:
never indebted households have the lowest medianaréh ($658 for blacks, $4,388 for
Hispanics), low cycling households again have tiddia value ($8,806 for blacks,
$28,303 for Hispanics), and high cycling househdlaige significantly higher median net

worth ($31,813 for blacks, $46,529 for Hispanics).
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Figure 7: Median Net Worth in 2000 by Race/Ethniciy and Debt Group
($2004)
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Table 11shows regression analyses predicting net wortl®@9Zlogged values)
by sociodemographic variables and debt group meshierthese models were run
separately by race. Model 1 controls for age ait group membership. Results for
both blacks and Hispanics show that ever indebtedéholds (both high cycling and
low cycling) have significantly higher net worth2000 compared to households that
never reported debt. In contrast, high cyclingteshiouseholds have significantly less
net worth in 2000 compared to the never indebtddlelow cycling households are not
significantly different. Introducing controls fuman capital and socioeconomic status
causes these differences to disappear. Contrdingocioeconomic status, both high
cycling and low cycling black and Hispanic houselsdhave net worth levels that are not
significantly different than never indebted houddblo The effect of being high cycling
on net worth for white households becomes even mpiangounced with the addition of
controls for socioeconomic status.

These results allow interpretation of the initiadlyunterintuitive relationship
between debt group and net worth for blacks ang@atiks. Having debt is indicative of
having access to financial institutions and creditruments. While it is not the case that
holding non-collateralized debt is wealth-gene@for individuals and households,
being able to utilize NCNR debt when necessary,(eogake out college loans or smooth
consumption during unemployment) suggests thatthesiseholds are able to participate
in financial markets more broadly. For minoritgimiduals and households, reporting

debt may be a proxy for access to and knowledgenoyriad of financial instruments.
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Blacks and Hispanics who are never indebted mag lawv net worth because they are
effectively excluded from using credit and debaaseans toward wealth-building.

Table 11: OLS Regression Predicting Net Worth (loged) in 2000

Model 1 Model 2
Black Hispanic White Black Hispanic White
n 1347 923 2508 1347 923 2508
Age 0.856 0.025 2.097 0.727 0.778 2.696
Age Squared -0.011 0.001 -0.025 -0.009 -0.009 -0.033
Debt Group
Cycle, High  2.277**  2.668** -1.257* -0.620 0.233 -1.679%**
Cycle, Low  1.560***  2.057** 0.23 -0.001 0.441 -0.26
Never Indebted (ref.) -- -- -- -- -- --
Socioeconomic Status
Highest Grade 0.433*** 0.065 0.256***
Completed
Log Equivalent 0.251** 0.282** 0.446*+*
Household Income
Weeks Worked Last 0.046*** 0.028** 0.011
Year
Unemployed Past -1.557**  -1.939** -2.522%**
Year
Below Poverty Line -2.596***  -4.230**  -2.840***
Constant -11.348 4.079 -32.780 -16.059 -11.676 -52.457
R-squared 0.015 0.018 0.0219 0.249 0.238 0.165

p-values: * p< .05; ** p< .01; *** p< .001

4.4 Discussion

Results from the logistic regressions show thatikedihood of holding NCNR
debt increases with age until a certain point &eth begins to decline, a curvilinear
pattern consistent with the life cycle patterngnoiebtedness suggested by the LC-PI
hypothesis. Results also show that unexpecteddiiese shocks such as divorce and

health limitations increase the likelihood of intkdness. Once this is broken down by
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race, however, with a focus on households everreqpeng certain events, there are
distinct differences in who can access debt todsdifie course shocks and who cannot.

Occupying positions of structural disadvantage—gdilack, being in poverty—
decreases the likelihood of holding debt, whileihgwadvantages—higher education,
being married, holding assets—increases the ligetihof holding debt, indicating the
continued importance of access and credit consstaihhese findings challenge
conventional wisdom that suggests that non-cobiditexd debt (that is, non-asset-
generating debt) is carried predominantly by tleadvantaged and illuminates the value
of exploring household heterogeneity and the impéatfe course risks over time. The
patterns uncovered in these analyses also rexaahplex picture of the meaning of
household debt. Debt is comprised of several corapis: access to credit, interaction
with financial institutions, and the ability to wow money in times of need — all
elements that may help to improve a household’sathvignancial wealth over the life
course. Yet non-collateralized debt also meanstioaey is going toward non-asset-
building debt that, over the long-term, may redacerall net worth. The extent to which
a debt is beneficial or detrimental to the oveeatbnomic well-being of a household
varies across household contexts and may diffexcban the timing and duration of
indebtedness. Additionally, the meaning of debtasstatic; as markets shift over time,
the meaning of a specific debt for a household alsy change.

Analysis reveals that both initial entry into indettness and patterns of
indebtedness differ significantly across racialattgroups. Black households in

particular show patterns of indebtedness that @msistent with constrained financial
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access: they have a higher average age at first@md are significantly less likely to
ever enter into indebtedness, even after contgpflin socioeconomic status. Compared
to white households, black households are at afsignt wealth disadvantage. If access
to debt serves as a step toward wealth accumulitisome households, these patterns
suggest that delayed access to credit may furisaddantage black households.
Explorations of the relationship between debt agtdworth indicate that merely
reporting debt is not inherently detrimental to @lefinancial well-being and highlights
the importance of considering debt separately fn@tworth. For minorities in
particular, being able to have debt may be indreatif having access to financial
institutions and credit instruments. The positgsociation between holding debt and
net worth for black and Hispanic households refléwterogeneity within these groups
with respect to structural advantages primarilyeini by social class differences. If
access to debt helps to smooth income when howsehm faced with unexpected
shocks—divorce, health limitations, unemploymentertiminority households lacking
access to debt may have to make do with less bet¢heg cannot turn to credit
instruments. This may cause them to face additemacks—eviction, delinquency and
default on bills—which in turn may affect accesstedit/debt and further limit their

capacity for wealth-building.

4.5 Conclusion

Proper interpretation of and response to aggregates in household
indebtedness require greater understanding ofdhation of debt across and within

households and the meaning of debt for househacldssthe life course. These
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analyses are strongly suggestive of how strucposition influences patterns of
indebtedness and the consequences of these dahpatSocial location influences the
risk of experiencing events that increase demanddbt as well as the ability.
Furthermore, it shapes access to resources suwdbathat might mitigate the
consequences of such events. Most importantlglifgs suggest that household debt is
neither universally beneficial nor universally hdwimand the consequences of the same

debt may vary across households and within houdslmler time.
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5. Demand and Access: Interrelationships between bts and
Assets

In the face of life course shocks or consumptioedse households may face the
choice of consuming from their liquid assets oiriglon debt; however the ability to
make this choice is not distributed evenly acraasskholds (cf. Sullivan 2008).
Research that examines assets and liabilities atghaemphasizes the importance of
treating them as distinct from one another. Johmsal Li (2008) find that examining
their sample according to a joint consideratiotigpfid assets and debt burden yields
different conclusions regarding borrowing consti®iie., constrained access) than using
liquid assets or debt burden in isolation. Intedaesearch, Yilmazer and DeVaney
(2005), find that financial assets reduce the iliad of holding certain types of debt
while non-financial assets increase the likelihobtolding these types of debt. These
findings are broadly consistent with the proposaaceptual model of indebtedness and
the results from Chapter 4 that indicate that nolfateralized debt is determined by both
demandandaccess Financial assets may reduce the demand a hdddedmwfor debt, as
they may possess sufficient funds to meet theisgomption needs, while holding both
financial and non-financial assets indicates tloaiskeholds are already participants in
financial markets and have access to financiaituigins and credit instruments.

To the extent that financial asset ownership ardihg non-collateralized, non-
revolving debt (as captured in the NLSY79) indigadgticipation in financial institutions
more broadly, both may be considered indicatorscohomic well-being. We can

consider households with no financial assets andomecollateralized debt to be the
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most disadvantaged, as they have the most limaeticgation in financial markets.
Households with no liquid assets but some debt lneayore advantaged, as they have
greater participation with financial institutionscamay be able to access debt to facilitate
income smoothing in times of need. Among househwlith liquid assets, it is difficult
to determine a priori whether those with non-celalized debt or those without are
more “advantaged.” Some prior research suggeatsittuseholds with greater levels of
financial assets are more likely to hold non-cellalized debt (Kim and DeVaney 2001,
although this focused specifically on credit cardd)ile other research finds no effect of
financial asset holdings on non-collateralized d¥limazer and DeVaney 2005).
Ultimately, unmeasured variation in household comstion preferences, attitudes toward
credit and debt, and time horizon for saving/spegadnay be more determinative of non-
collateralized debt patterns for those householus mave the ability to choose between
dissaving and taking on debt.

To better understand the meanings of debt for adtmld and better explain
household economic behavior, | turn now to a jexamination of non-collateralized

debt and liquid asset holdings.

61



5.1 Measures

5.1.1 Outcome Variables

No moneYis a dichotomous indicator of whether a househalsiany financial
assets. Households are coded 1 (no liquid as&étgy do not report ownership of any
type of financial asset; they are coded O if thegyort any financial asset ownership.

Non-collateralized, non-revolving (NCNR) Débimeasured as a dichotomous
state indicator (yes=1, no=0) and represents t@mrelent’s answer to the question
“Aside from any of the debts you have already nmwmed, do you (and your spouse) now
owe over $500 to any stores, doctors, hospitalskdar anyone else, excluding 30-day
charge accounts?” This question followed questaiit mortgages, other home-
secured debt, vehicle loans, business debt, addrgtlpans (only asked if respondent
had been enrolled in school in the past year)hesd types of debt are excluded from this

category.

5.1.2 Explanatory Variables

For this analysis, | constructed more detaileddattirs of both financial and non-
financial assetsTotal liquid assetss a continuous measure of the sum of the
household’s financial asset holdings (cash accostasks/bonds, IRAs/Keoghs, tax

deferred accounts, and CDd)otal real assetss a continuous measure of the total value

! Households identified as having no financial asae¢ predominantly unbanked. That is, most afthe
do not report holding any account, leaving thenffilired with mainstream financial institution\ very
small number report holding a given financial assat estimate its value at zero dollars. An esqtion
of the asset holdings of these households showshina often cycle between very low levels of fineah
asset holding and no asset holding (e.g., zer@&6,1$70 in 1987, and zero again in 1988).
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of a household’s non-financial assets and represhatsum of the respondent’s
estimated market value of their home, vehiclesinasses, and assets and collections
valued at greater than $5000tal collateralized debtis a continuous measure of the
total value of a household’s secured debts anasepts the sum of the respondent’s
estimated mortgages, other home-secured debpaas,|and business deb®otal non-
collateralized debis a continuous measure of the total value of thesbhold’s non-
collateralized, non-revolving (NCNR) debt. Respemis who did not own a specific
asset were assigned a value of 0 for both that sakee and the value of that asset-
secured liability. Respondents who did not knoethlue of their asset or liability or

refused to answer were coded as missing.

5.2 Methods

Usingxtlogit commands in Stata 9.2 SE, | employ random-effiectiilevel
logistic regressions to first model the probabithgat a household reports holding no
financial assets in a given wave. The likelihobdubjectj reporting “no money”#;) at
aget is modeled as:

log[(my)/(1- 7y)] = B1 + BoXay +... + BnXng
In this equationr; is expected probability of reporting no financiakat holdingsiiis
the constani}, throughp, are regression coefficients for explanatory vagab;
through x4. These regressions adjust for the correlated &rms within households

over time.
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Next, | split the sample into households with fio@hassets and those without,
and use multilevel logistic regressions to modelghobability of reporting NCNR debt

within each of these households.

5.3 Results

5.3.1 NCNR Debt and Financial Asset Holdings: Higldhting (Dis)advantage

Descriptive statistics presentedTiable 12indicate that the ownership of
financial assets more clearly indicates (dis)adsg@than whether the household has
non-collateralized debt. Compared to householdsowt financial assets, households
with financial assets are more educated, work meags) more money, are less likely to
be unemployed or in poverty, and are more likelgwm an array of non-financial assets
such as homes, cars, and individual assets vatugsDa or more. They also have a
smaller proportion of minority respondents andeatgr proportion of married
respondents. Overall, these descriptive statiatiesonsistent with patterns of
stratification and inequality that structure ecomomell-being throughout the life course.
Among households with financial assets, there @reréadily discernible differences
between those with non-collateralized debt andalathout—a higher proportion of
indebted households are married and have childrdrireey report lower levels of both
total real assets and total liquid assets and highels of secured debt.

While descriptive statistics suggest that theref@anedistinguishing
characteristics between NCNR debt-holding househaidl those without NCNR debt
among households with liquid assets, there are wleely defined differences among

households with no liquid assets. For householtsno liquid assets, descriptive
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patterns are consistent with the story of accedseanlusion indicated by results in
Chapter 4. A greater proportion of debt holdeesvanite, non-poor, and married, and,
compared to the non-indebted, those with NCNR dgttrt higher average income,
more weeks worked per calendar year, and higheageaeal assets. These patterns
suggest that different processes may affect thaditikkod of holding non-collateralized

debt depending on whether one holds financial asset
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Table 12: Sociodemographic Characteristics by Liqu Assets and Non-
Collateralized Debt Holdings, 1985-2000

No Liquid Assets Liquid Assets
No Debt Debt No Debt Debt| Total
n 26650 11054 38752 2777( 104226
Age 29.51 29.84 30.41 30.49 30.14
5.04 4.78 5.13 4.83 5.01
Race
Black 46% 33% 20% 20% 28%
Hispanic 22% 21% 15% 17% 18%
White 32% 46% 64% 63% 54%
Highest Grade (yrs) 11.47 11.91 13.35 13.56 12.71%
2.08 2.16 2.29 2.34 2.41
Income ($2004) 25385 30398 65625 63644 5233p
45558 46117 117416 114655 100379
Weeks Worked Last CY 28.49 32.69 42.24 42.54 37.78
22.28 20.98 17.41 16.98 20.043
Unemployed 34% 32% 15% 14% 21%
Below Poverty Line 44% 32% 7% 6% 18%
Family Size 3.46 3.40 3.00 3.05 3.18
2.01 1.81 1.57 1.53 1.72
Marital Status
Married 28% 43% 55% 62% 49%
Divorced/Separated 21% 22% 12% 11% 15%
Single 51% 34% 33% 27% 36%
Female Head 28% 24% 17% 16% 20%
Have Kids 50% 60% 50% 56% 53%
Health Limitation 6% 8% 3% 5% 5%
Assets
Own Home 15% 23% 46% 44% 35%
Own Vehicle 53% 72% 89% 91% 78%
Own Business 2% 4% 11% 11% 8%
Own Other Asset or Collection
$500+ 31% 47% 70% 76% 59%
Total Real Assets ($2004) 18226 28517 106282 93561 72384
78149 77105 227434 189487 180582
Total Collateralized Debt ($2004) 6937 15263 48856 50854 3432b
34117 40400 80309 80443 6989p
Total Liquid Assets ($2004) 28302 17807 15267
108494 80877 79173
Total Non-Collateralized Debt
($2004) 7770 8753 8478
16304 16908 16747
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Examining the patterns of NCNR debt and liquid ahsédings by age group
(Table 13 reveals both persistent disadvantage for a largportion of the sample and
patterns consistent with the life-cycle/permananbme hypothesis. Although the
proportion of households that prior analysis sutgyase most disadvantaged (those
lacking both liquid assets and NCNR debt) declingk age, a pattern consistent with
the LC-PI hypothesis, a fifth of respondents &ill into this group in the highest age
category. This suggests that while some resposdeatinitially in this category because
they have not yet begun a household of their owa-hose respondents who are in
college in their early 20s and are supported by fraents still—and subsequently exit
to other categories as they save and take on aédoige proportion remain relative non-
participants in mainstream financial markets. @xiesat with the LC-PI hypothesis, the
proportion of respondents with liquid assets andN@NR debt holdings increases with
age.

Table 13: Distribution of NCNR Debt and Liquid Assd Holdings by Age
Group

Age Group
20-24 25-29 30-34 35-39 40-44
No Debt, No Money 32% 26% 24% 22% 20%
Debt, No Money 10% 12% 11% 9% 9%
Debt, Money 20% 28% 28% 28% 28%
No Debt, Money 36% 35% 38% 41% 42%

5.3.2 Likelihood of Reporting No Financial Assets
Turning now to multivariate analyseable 14presents the results of unweighted

multilevel logistic regressions that examine theoagation between a number of social
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and economic indicators and the likelihood of réipgrno financial assets. Both
likelihood ratio tests for model fit and BIC staitts revealed that including an indicator
for any health limitation (limitation on the kinadt amount of work) did not improve
model fit and this was dropped from the modelingcpss.

Model 1 controls for age. Results are consistétit predictions from the LC-PI
hypothesis: the likelihood of reporting no finan@asets decreases significantly with age
(OR=0.82), although these effects are not condistenoss the models. Model 2 controls
for age and race. While the age patterns do revigdy, the results show that minority
households are significantly more likely to repwotfinancial assets than white
households, consistent with well-documented ratisgarities in wealth ownership (e.g.,
Chiteji and Hamilton 2002; Conley 1999). The otits a black household has no liquid
assets are nearly 8 times those of white househatdisHispanic households experience
a more than four-fold increase in the odds of mgdio liquid assets compared to whites.

Table 14: Multivariate, Multilevel Logistic Regressons Predicting Likelihood
of Having No Financial Assets (No Money), 1985-2000dds Ratios

n =83181 Model 1 Model2 Model3 Model4 Model5 Model 6
Demographics

Age 0.82*** 0.82%** 0.97 1.03 1.07** 0.94
Age Squared 1.002**  1.002** 1.00 0.999**  (0.999** 1.001*
Black 8.16*** 4.13***  350%*  3.03** 3.07**
Hispanic 4.46%** 2.24%x 2 17*r 2.06%** 2.10%*

White (ref) -- -- -- -- --

Socioeconomic Status

Highest Grade Completed 0.66***  0.65*** 0.67*** 063**
Log Equivalent HH Inc 0.80***  0.82**  (.83*** 0.83**
Weeks Worked Last Year 0.99**  (0,99***  (.99*** 0.9%
Unemployed Spell Last Year 1.45%* 1 41***  1.40%* 1.41**
Below Poverty Line 2.33%*  2.08** ] 9b*** 1.95%**
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Table 14, continued

Family Structure

Married 0.49**  0.56*** 0.55%**
Divorced/Separated 1.13* 1.21%** 1.21%**
Single (ref) -- -- --

Have Kids 1.09** 1.15%** 1.16%*
Female Head 1.05 0.97 0.97
Asset Ownership
Non-financial 0.28*** 0.27*+*
Period
1985 (ref.) --
1986 1.05
1987 1.15*
1988 2.37*%*
1989 0.91
1990 0.92
1992 0.94
1993 1.03
1994 0.94
1996 0.88
1998 0.68**
2000 0.59%**
rho 0.6426 0.6064 0.4031 0.3902 0.3744 0.3807
BIC 78973 77657 71770 71091 70111 69594

p-values: * p< .05; ** p< .01; *** p< .001
With the introduction of controls for socioeconorstatus and labor market

experiences in Model 3, the differences betweeckidad Hispanic and white
households are reduced, but disparities remaie langl significant (odds ratios of 4.13
and 2.24, respectively). Highest grade compldtggdequivalent household income, and
weeks worked last calendar year are associatedswgilificantly lower likelihood of
reporting no financial assets. These results wodee the importance of having both
earnings potential and income to facilitate assetiamulation. Both an unemployment

spell in the past year and reporting householdnrethat falls below the poverty line are
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significantly associated with an increased liketilaf reporting no financial assets.
This could be due to two factors. First, thosedatwlds most likely to experience an
unemployment spell or fall below the poverty linayrbe more concentrated in low-
paying, low benefit jobs (lacking income to accfimancial assets). Second, for
households with financial assets at low levels eeigmcing an unemployment spell or
falling below the poverty line may deplete thoseficial assets entirely.

The addition of controls for household compositidtodel 4) shows that,
compared to single households, married househotdsiach less likely to report no
financial assets (OR=0.49), while divorced/separatuseholds are more likely to hold
no financial assets (OR=1.13). These results@msistent with prior literature that finds
that married households are generally wealthier tther households due to asset-
pooling and economies of scale (Zagorsky 2005)colmtrast, separation and divorce
impose increased costs and often cause a houdehdddw down savings to meet
financial expenditures. Households with childrem @so more likely to report no
financial assets (OR=1.09), perhaps due to theasad financial cost of having
children?

The inclusion of a control for holding non-monegdl) assets in Model 5 does
not significantly alter the effects of the otheriahles (with the exception of age and

age-squared, which do not exert consistent eftactaighout the models). Households

% These households are still relatively young (Be/early 40s in 2000) and may be in the earlyestad
family formation.
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with non-money assets are significantly less likelyeport no financial assets
(OR=0.28), a finding consistent with patterns oflagion and access.

In the final model (Model 6), dummy variables farjd are included. With the
exception of the non-significant effects of age, dffects of the other covariates remain
the same: blacks and Hispanics are significantlyentikely to report no financial assets
than whites, divorced/separated households anceholds with children are more likely
to have no financial assets, and households exmang an unemployment spell or
falling below the poverty line are significantly nedikely to have no financial assets. In
contrast, higher education, higher income, morekw@erked in the past year, and being
married are associated with significantly decredetihood of reporting no liquid asset
holdings. For most years, the likelihood of repmytno financial assets is not
significantly different than the reference yead®85. Compared to 1985, the likelihood
that households have no liquid assets is signifigdngher in 1987 and 1988 and
significantly lower in 1998 and 2000. The shamré@ase in probability of no liquid
assets in the late 1980s may be effects felt floerstivings and loan crises experienced
near that time period, while the decreased lik@dhof having no financial assets in later
years is consistent with patterns of account hgldiocumented by Hogarth et al. (2005)
and may reflect economic and public policy chartas expanded access to financial
services.

Comparing the effects of socioeconomic covariatethe likelihood of holding
non-collateralized, non-revolving deftable 7) to their effects on the likelihood of

holding no liquid assets ifable 15shows distinct patterns consistent with prior firgh
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and theory on access and demand (note that theedaby includes covariates that were
significant in the full logit models fdtothNCNR debt and no financial assets). Those
who are most disadvantaged-black households arse ih poverty—are more likely to
have no liquid assets and less likely to hold NGiRt, patterns consistent with
constrained access to credit and financial markietsontrast, indicators of advantage
such as education, weeks worked in the past yearginarried, and holding non-money
(real) assets are negatively associated with hgldmliquid assets and positively
associated with the likelihood of holding NCNR deblot only do these households
have financial assets that might generate wealthbaffer them when faced with
economic shocks, they have access to debt and orsgluments that allow them to
smooth consumption when desired. Period is alsocésted with reduced likelihood of
reporting no financial assets and increased likelihof holding NCNR debt, consistent
with patterns of expanding access to financial mik Last, being divorced/separated
and having kids are both positively associated #ithlikelihood of having no financial
assets and the likelihood of holding NCNR debtthBiivorce/separation and having
children increase financial costs, indicating tingise households may spend all income
without saving any or dissave prior liquid asselslevtaking on non-collateralized debt
to meet higher expenses. Additionally, neithepdie/separation nor having children are
anticipated to reduce access to credit to the saagmitude that they are anticipated to

increase demands for debt.
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Table 15: Covariates Associated with Likelihood oHolding No Financial
Assets and Holding Debt

Likelihood of Holding No Liquid Assets
L?kelihood of Negative Positive
Holding NCNR Debt
Negative Black _
Below Poverty Line

Highest Grade

Positive Weeks Worked Last Calendar Year Divorced/Separated

Non-Financial (Real) Asset Ownership Have Kids
Period

Note: Only showing covariates significant in baodii fogistic regressions

5.3.3 Interrelaionships between Assets and Debts

These results suggest that the process of indetgednay differ depending on
whether the household has financial assets orTalble 16presents results from
unweighted models estimating the likelihood of mtipg NCNR debt with a full set of
socioeconomic covariates. The first column pres#m results from the full sample
(initially presented inable 7) and includes dummy variables for the ownershipath
financial and non-financial assets. The secondmolshows results from households
with no liquid assets. The third column preseaesitts from households with liquid
assets. Last, the fourth column presents regwits & second model for households with
liquid assets and includes a measure of totaldigssets (logged in the modeling
process). While the effects of covariates arelamaicross models, there are also some
clear differences, suggesting that the results fifwarfull sample obscure differences

within asset-stratified subgroups.
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Multiple similarities exist in the effects of covaties on the likelihood of holding

NCNR debt for no asset households and the asséitgdiouseholds. Both show

curvilinear effects of age consistent with the Lhippothesis. Highest grade is

associated with increased likelihood of holding Ntkebt, potentially because this is

capturing unpaid college loans not measured elsenhahe survey (an implication of

Chapter 4) or because higher education may incigerseral creditworthiness and access

to debt. Weeks worked in the past calendar yeaalao significantly associated with

increased likelihood of holding debt (OR=1.003riorasset households and 1.002 for

asset-holding households), an indicator that regulaonsistent employment may

improve creditworthiness (cf. Mann 2008). For bsgis of households, falling below the

poverty line significantly reduces the likelihootlbeing indebted. This may be, in part,

because poverty status hinders credit access|dmubacause falling below the federally

defined poverty line allows households to qualdy $ome benefits that may keep them

from needing NCNR debt—food stamps, Medicaid—thatumavailable to households

above the poverty line.

Table 16: Multivariate, Multilevel Logistic Regressons Predicting Likelihood
of Holding NCNR Debt by Liquid Asset Holdings, OddsRatios, 1985-2000

Full No Liquid Liquid Liquid Assets
Sample Assets Assets (model 2)
n 85234 25554 55255 55255
Demographics
Age 1.10%** 1.17* 1.09** 1.11*
Age Squared 0.998*** 0.997** 0.998** 0.998***
Black 0.86*** 0.54*** 1.07 0.99
Hispanic 1.04 0.71%** 1.18*** 1.14**
White (ref) - -- --
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Table 16, continued

Socioeconomic Status
Highest Grade Completed
Log Equivalent HH Inc
Weeks Worked Last Year
Unemployed Spell Last Year
Below Poverty Line
Family Structure
Married
Divorced/Separated
Single (ref)
Have Kids
Female Head
Health Limitations
Kind or Amount of Work
Asset Ownership
Non-financial
Financial
Total Liquid Assets (logged)
Period
1985 (ref.)
1986
1987
1988
1989
1990
1992
1993
1994
1996
1998
2000

rho
BIC

1.08***
1.00

1.002***

1.03
0.81***

1.55%**
1.29%**

1.13***
1.09**

1.43***

1.23%**
1.67***

1.22%**
1.13*
1.37%%*
1.33%**
1.38%**
1.41%*
1.21**
1.14
1.07
1.06
1.26*

0.2966
103179

1.13%*
1.03**
1.003*
1.15%**
0.83***

1.79%*
1.39%**

1270

1.07

1.46%**

1.70%**

1.14
1.15
1.43%*
1.26*
1.33**
1.35%*
1.19
1.06
1.12
1.17
1.50*

0.3256
28593

1.07%%
0.96**
1.002**
0.98
0.77%*

1.52%**
1.23%**

112w
1.12**

1.40%**

1.36%**

1.24%**
1.13*
1.33%*
1.38***
1.42%**
1.45%**
1.21*
1.18
1.08
1.07
1.28*

0.2941
70004

m**
1.01
1200
0.93*
0.77%%

1.61%**
1.20%**

1.10**

1.05

1.36**
1.45%**

0.85***

1.25%**
1.18**
1.37%%*
1.43%**
1.47%*
1.53%*
1.30**
1.28**
1.22*
1.27*
1.56%**

0.2764
69476

p-values: * p< .05; ** p< .01; *** p< .001

Married households in both samples are more liteelyold NCNR debt than

single households, consistent with findings thatried households have greater access

to credit than other household types (cf. Jap&diQ). Consistent with higher financial

demands increasing the likelihood that a houseldldold debt, divorced/separated
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households (compared to single households), hoildsetvith children, and the report of
a health limitation on the kind or amount of work all associated with greater
likelihood of holding NCNR debt. Last, non-finaacasset ownership is associated with
greater likelihood of debt holding for both groupgain suggesting that holding
liabilities may be one of many indicators of pagation in financial markets more
broadly.

While there are many similarities, there also esisar differences between the
two subgroups, particularly with respect to raéenong households with no liquid
assets, black and Hispanic households are signifyckess likely to report NCNR debt
compared to whites (OR=.54 and OR=.71, respeciivdlycontrast, among households
with liquid assets, blacks are not significantlffetient than whites, while Hispanics are
more likely to report NCNR debt than whites (OR=8Ldt 1.14, depending on model
specification). This is consistent with findingsdther literature that blacks do not differ
from whites in their demand for credit, but thagyttare more likely to be credit
constrained (Crook 2001).

Turning to economic indicators, results show tbgtéquivalent income is
positively associated with the likelihood of repogt NCNR debt among households with
no liquid assets (OR=1.03), but negatively assediatith the likelihood of reporting
debt among households with liquid assets (OR=.98)s suggests that income may be a
proxy for creditworthiness/access (as an indicatduture potential earnings) among no
asset households, while it may be a proxy for ggzamong asset-holding households.

This inclination is supported by the results fosetsholding households in the second
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model specification: the effect of income on thkelihood of holding NCNR debt
becomes insignificant with the inclusion of totigulid assets (OR=.85), suggesting that
these households may choose to dissave rathetakamn debt. For no asset
households, experiencing an unemployment spefierpaist year increases the likelihood
of reporting NCNR debt (OR=1.15), while asset-hajdhouseholds that experience an
unemployment spell are less likely to report d€iR€.93, fourth column). This further
suggests that households with liquid assets digsa¥e face of unexpected shocks,
while households without that option are more kel take on debt if they are able to
obtain it. Last, female head significantly incremshe likelihood of reporting NCNR
debt among households with liquid assets (OR=nhX®lumn 3), but this may be due to
wealth disparities between female headed householdisnarried or male-headed
households as the effect of female head is insggmf in the model specification that

includes total liquid assets.

5.4 Discussion

Social location, as captured by race/ethnicityjemmnomic status, and
household composition, strongly influences pattefnsealth accumulation and
exposure to life course risks. Households wharast traditionally disadvantaged—
blacks and Hispanics, the unemployed, those betoxenty—are significantly less likely
to have financial assets than their more advantagedterparts and may be more likely
to experience negative life events that increaseaahel for debt (se€able 6). In the
face of increased financial demands, these houdgldal not have the option to choose

between dissaving from assets and taking on ddbteover, lacking financial assets
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may increase the cost of debt or exacerbate teadyrconstrained access experienced by
these households (e.g. Crook 2001; Sullivan 2088)ong households with no financial
assets, those who are more advantaged—white, héglueation, higher income—are
more likely to hold NCNR debt, suggesting that thegy have better access to debt in
times of need.

Analysis of households with financial assets sutggiat households with
sufficient financial assets choose to dissave filo&se assets rather than take on debt
(column 4,Table 16. Certain indicators of social location pointthe continued role of
access in structuring indebtedness. Weeks wolleadg married, and holding non-
financial assets remain associated with increaketihood of holding NCNR debt, while
falling below the poverty line in the prior yearassociated with significantly reduced
likelihood of reporting debt. Across all houselmldoth those with and without financial
assets, indicators of increased demand—divorcerséma, dependent children, health

limitation—are associated with increased likelihaddholding debt.

5.5 Conclusion

Examining the interrelationship between assetsdtdis reveals both similarities
and differences. Sociodemographic correlates ofaohel and access continue to
influence the likelihood of reporting NCNR debto fhe extent that holding financial
assets is an indicator of access to financialtirtgins, analysis indicates that other
variables correlated with access (specificallyngeélack and household income) are no
longer significant predictors of holding debt. 1@bst concern to those interested in long-

term economic well-being, however, is that housgh@ho are most likely to experience
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negative life events are less likely to have finahassets with which to buffer these
events and also experience constrained accesstindeuments. These patterns
suggest that these households may face difficuéigtmg financial demands and further

underscore the tenuous economic well-being of ibeddantaged.
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6. Debt Burden

The sociodemographic covariates that predict #teditiood of holding non-
collateralized debt are not the same factors tretigt the level of debt one holds,
suggesting that there may be distinct processkgemding having a debt and the size of
that debt. Yilmazer and DeVaney (2005) note tlwatsiehold characteristics are more
determinative of the likelihood of holding credérd or installment debt than they are the
level of those debts held by a household. Udiegl998 Survey of Consumer Finances
to examine the determinants of having a credit batdnce and the size of that balance,
Kim and DeVaney (2001) find that “the factors thed statistically significant [for level
of credit card balances] are not the same as thdbe first stage [having a credit card
balance]” (74). Mann’s (2008) analysis of creditatbalance holding and levels in the
2004 SCF yields similar results.

Johnson and Li (2008) identify two key constrainfiuencing household debt
burdens: 1) borrowing constraintc€esy, in which households lack easy access to
credit, and 2) liquidity constraintd€mand, in which households have low levels of
liquid assets and require debt to meet consumpinohexpenditure needs. Positions of
structural advantage provide greater access toatebtredit instruments; among
households with access, demand for greater déddssanfluenced by these factors. In
some cases, factors that increase access, suduidsassets, may decrease the demand a
household has for debt, as they are able to dratwenexisting wealth stocks rather
than taking on debt (cf. Duca and Whitesell 199im and DeVaney (2001), for

example, find that the higher the respondent’sittmit, the lower the likelihood that
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they are revolving credit users, patterns consistéh privilege and advantage
structuring both access and demand.

The previous chapters focused on whether or nouadhold holds NCNR debt.
| now turn to an exploration of the level and burdé non-collateralized, non-revolving

household debt among indebted households.

6.1 Outcome Variables

Debt burden is commonly constructed as a ratibi®total household debt to
yearly household income, typically referred to ebtdservice ratios (Dynan and Kohn
2007). While there is no universally used meastfigdebt burden, most indicators
incorporate some comparison of the level of debthé household’s ability to meet debt
obligations by drawing from income flows or weadtiocks (Betti et al. 2007). The
analysis is limited to those households reporti@NR debt holdings. | explore
variation in the amount of non-collateralized, memelving debt held by indebted
households by examining three separate measudebbburden:

* Total NCNR debis a continuous measure of the reported valud aba-
collateralized, non-revolving debts held by thegehold (minimum level $500).
 Debt-to-income ratibis the ratio of total NCNR debt divided by totalusehold

income from all sources. Households that reparted income from all 19

potential income sources (n=222) were excluded fiteeranalysis.

! Standard debt service ratios measure the totdahmaim required debt payments (both principal and
interest) and divide by after-tax income (see Dyegal. 2003 for extended discussion on traditiaieddt
service ratios). Due to the level of detail reqgdifor this calculation, | am unable to calculdte standard
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» Debt-to-money ratias the ratio of total NCNR debt divided by totaldncial
assets. Households with zero financial asset hgédin=7683) were excluded
from the analysi$.

All values were logged in the modeling processdjoist for skewed distributions. See
Appendix D for transformation comparisons.

Each measure reveals a different picture of inegyuaRaw values tell us the
general level of indebtedness, yet they fail tanilinate the financial situation of the
household and mask heterogeneity in householdatulrepay outstanding debtsin
contrast, high debt service ratios are associatédnegative financial outcomes such as
insolvency, negative net worth, delinquency andiyepent problems, and constrained

access to credit (cf. Johnson and Li 2008). Adddlly, recent research on the

debt service ratio with my data. The ratios | ¢nrg are indicators ajross debt burderas they measure
gross outstanding debt to gross family incomeifpid assets). This makes comparisons to other
calculations of debt burden (i.e., in the SCF) isgible, but still allows us to distinguish houselsolvith
potential payment difficulties.

“Debt-to-income and debt-to-money ratios were itjtieonstructed by dividing total debts by [total
income plus one] and [total financial assets phus]orespectively, in order to retain householdd teport
zero income or zero financial asset holdings. tRese households, the logged ratios are equiviieint
logged total NCNR debt holdings. Retaining theseseholds in the analysis results in a less clear
interpretation of the estimates, as the extremaegbn the outcome variable cause many
sociodemographic coefficients to be significantd(have larger effects) because they are associatied
no income or no financial assets, not necessardgtgr debt burdens. The difficulty in retainihg truly
zero income or asset households in the ratio aisak/especially apparent in the bimodal distribatof
the debt-to-money ratios shownAppendix D (Figure 9a).Appendix E discusses the impact that
including or excluding these respondents from thayesis has on the estimation results.

% Research by Duca and Whitesell (1995) and KimRedaney (2001), for example, finds that higher
income households and households with higher mesgta tend to hold more credit card debt. Thikies
in part, to access (higher income households hmhehcredit limits and can therefore borrow maeil
is also consistent with broader patterns predibtethe life-cycle permanent income hypothesis: éigh
income/asset households anticipate greater life #arnings and are more comfortable taking outdrigh
levels of debt now that they believe they can rdpter.
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consequences of household indebtedness suggediisetttkebt-to-assets ratio has
stronger predictive power on the likelihood of nmgsa debt payment than the debt-to-
income ratio (Dynan and Kohn 2007: 25). Debt baridetypically greater among the
less affluent (Mann 2008). While debt serviceamprovide a useful tool for identifying
potentially problematically indebted householdgréhis no consensus at which level the

debt service ratio becomes problematic.

6.2 Methods

Usingxtregcommands in Stata 9.2 SE, | performed random-&fi@tiS

regressions to model the level of defg) ©Of subjeci at age as:

Vi =1t Poxag t... F BXng + &y
In this equatiory; is the natural log of total NCNR debt, debt-to-imeratio, or debt-to-
money ratiof;is the constanfj, throughg, are regression coefficients for explanatory
variables x; through x;, and&; is the combined residual. Multilevel regressianjust
for the correlated error terms associated withagggbobservations of the same
household over time. Pooling the data allowedresion of the potential life-cycle
effects of age and period effects that reflecteftis institutional arrangements and

regulation of financial markets.

6.3 Results
6.3.1 Total NCNR Debt
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Table 1Table 17presents results for unweighted multivariate, rreugl linear
regressions predicting the logged level of totaNNRCdebt among indebted households.
Model 1 includes effects of age alone and Modeitébduces controls for race. While
these models suggest that debt increases lineéhyage, these findings do not hold
across model specifications. When the model esraditively specified with logged total
financial assets instead of a dummy variable foaricial asset ownership, the age
coefficients are significant and consistent wittuavilinear effect predicted by the life
cycle permanent income hypothesis, although theireger of the coefficients are
unaffected. The results of this model and altéveagpecifications are presented in
Appendix E.*

Results from Model 2 reveal that minority houseBaigport significantly lower
levels of indebtedness: exponentiation of the @oefits shows that, compared to white
households, black households report levels of 8é#4 lower, while levels of debt
reported by Hispanic households is nearly 19% Iowafthough the difference in debt
level between minority and white households is cediuwith the introduction of controls

for socioeconomic status in Model 3, black and Hisp households continue to report

* Alternative model specifications exploreddppendix E include estimating the full models for total
NCNR debt and debt-to-income ratio with the loggatiie of total financial assets instead of a dummy
variable indicating whether or not the householsl dway financial assets. This results in a loss of
approximately 1,500 cases. For both total NCNR deld debt-to-income ratio, the direction, magrétud
and significance of effects are generally constdbetween the two models, suggesting that haaing
financial assets may be more critical than theevaluthe assets (the sole exception is the coefffidor the
effect of health limitations on total NCNR debfjhe models presented here use the dummy variable fo
financial asset ownership because it allows retari a larger number of households in the analysis
Additional models ilAppendix E check for sensitivity of results by excluding ohsions with extreme
level-1 or level-2 residuals; exclusion of thesgéeptial outliers does not significantly alter tledings.

® In semi-logarithmic models, the percentage difieeeassociated with dummy variables (i.e., being a
member of a given group vs. the omitted referemoe is equal to 100*[exp()-1] (Hardy 1993: 58).
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significantly less total NCNR debt (22% and 13%s|asspectively). These results are
consistent with minority households’ experiencesafstrained access, in which they
may receive less debt/credit than they demandCfcfok 2001). While most of the
socioeconomic variables are not significant, eatthtenal year of schooling is
associated with a nearly 9% increase in debt Iéugher suggesting that the variable for
NCNR debt is capturing school loans not measurseldiere in the survey. The effects
of these sociodemographic coefficients—race andadtn—remain significant across
all models.

Model 4 introduces controls for family structudgarried households report
significantly higher total NCNR debt levels, a fing consistent with both the greater
demand for and access to credit instruments asedamth being married. In contrast,
the presence of children and being a female heladeskehold are associated with
significantly lower levels of debt holdings. Thds®lings are consistent with potentially
constrained access to credit due to higher resaecands and fewer household earners.

Limitation on the kind or amount of work a respontdean do, introduced in
Model 5, does not alter the effects of the othemacates. This variable is expected to
reflect an increased demand for debt and is agsdoveth significantly higher household
debt levels. While the introduction of controls fmancial and non-financial asset

holdings in Model 6 reduces the significance oftikalth limitation (p=0.051), the
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experience of a health limitation continues to $soaiated with a significant increase in
total NCNR debt in the full model (Model 9).

Ownership of both financial and non-financial asg®todel 6) is associated with
significantly lower debt levels. These resultsgrsg) that households may consume from
these wealth stocks rather than take on non-caddli&ed, non-revolving debt.

Last, the controls for period effects introduced/iadel 7 show that debt levels
increase across period. These results are camsgiid both the expandingccesdo
credit and debt through deregulation of financiarkets and increasirdgmandor debt

caused by growing labor market instability anddegolution of risk.

® Limitations on the kind or amount of work a resgent can do are associated with significantly highe
household debt levels when the model includes anturrariable for ownership of financial assets, ttig
effect becomes non-significant when the modelsseiad estimated with a logged measure of totahéiad
assets (seAppendix E for results). This suggests that the level oétssplays a role in whether a
household takes on debt when faced with incomdifigliexpense generating events such as health
limitations; those households that are able toadisgrom liquid assets may choose to do so instéad
incurring debt.
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Table 17: Multivariate, Multilevel Linear Regressions Predicting (Logged)
Level of NCNR Debt Among Indebted, 1985-2000

n=232183 Model 1 Model 2 Model 3 Model 4 Model 5 Model € Model 7
Age 0.042* 0.043* 0.018 0.016 0.016 0.018 0.028
Age Squared -0.0002 -0.0002 0.0001 0.0001 0.0001 0.0001 .0004
Black -0.2757*  -0.250%7* - 214%=  -0.214%*  -0.224** -0 .226™*
Hispanic -0.208**  -0.138** -0.129*** -0.128** -0.132**  -0.134**
White (ref) - -- - - -- -
Socioeconomic Status
Highest Grade Completad 0.086**  0.086***  0.086** 0.98* = 0.089***
Log Equivalent HH Inc 0.008 0.0005 0.0007 0.003 0.005
Weeks Worked Last Year -0.004 -0.0003 -0.0002 -0.000040.0001
Unemployed Spell Last Year -0.002 -0.0015 -0.001 -0.007 -0.004
Below Poverty Line -0.008 0.022 0.022 0.004 0.004
Family Structure
Married 0.117%*  0.117**  0.130*** 0.135%*
Divorced/Separated 0.029 0.028 0.031 0.034
Single (ref) -- -- -- --
Have Kids -0.103**  -0.101** -0.100** = -0.099***
Female Head -0.094*=  -0.094*=* -0.097**  -0.095***
Health Limitations
Kind or Amount of Work 0.053* 0.051 0.053*
Asset Ownership
Financial -0.049** -0.051*
Non-financial -0.119%*  -0.122%+*
Period
1985 (ref.) --
198€ 0.066**
1987 0.130%**
1988 0.084**
198¢ 0.116%*
199C 0.138**
1992 0.122*
1993 0.143%*
1994 0.172%*
199€ 0.292%*
1998 0.338**
200C 0.347%
Constant 7.233***  7.309*** 6.544*** 6.629*** 6.617*** 6.665*** = 6.635***
R-Squared
Within  0.0242 0.0242 0.0269 0.0296 0.0295 0.0300 0.0315
Between 0.0006 0.0178 0.0714 0.0772 0.0777 0.0797 0.0820
Overal 0.0093 0.0202 0.0583 0.0622 0.0624 0.0636 0.0656

p-values: * p< .05; ** p< .01; *** p< .001
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6.3.2 Debht-to-Income Ratio

Raw values tell us the absolute level of indeb¢ésdnyet they fail to illuminate
the financial situation of the household and mastletogeneity in household ability to
repay outstanding debts. Analysis of the gross R@bt-to-income ratio provides a
better understanding of relative levels of indebe=s;Table 18presents results from
multivariate, multilevel regressions predicting tbgged debt-to-income ratio among
indebted households.

Model 1 controls for age only. The coefficiemsdicate that debt-to-income
ratios decline significantly with age, a findingnsistent with the life-cycle/permanent-
income hypothesis. While the results for age ramsgnificant with the introduction of
race in Model 2 and socioeconomic covariates in &li@dthey are not significant across
the remainder of the models. Even after contrglfor socioeconomic status, both black
and Hispanic households have significantly lowéstde-income ratios than white
households, again suggesting that they may be iexyperg constrained access to credit.

Unlike the analysis of total NCNR defdtable 17), in which only highest grade
attained was significantly associated with debelsyall of the socioeconomic status
covariates introduced in Model 3 are significamtsociated with the debt-to-income
ratio. Highest grade is associated with highet-ti@lincome ratio—with ~3% increase
in debt-to-income ratio for each additional yeasdfooling—a finding again consistent
with this variable capturing long-term educatiolo@ns. Each additional week worked
in the past year is associated with a 0.3% reduatiahe debt-to-income ratio; more

weeks worked is associated with higher househadnre, thus significantly reducing
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their relative debt burden. In contrast, expetiegan unemployment spell in the past
year and the subsequent income loss is associdieanvl1% increase in debt burden.
Most significantly, falling below the poverty ling associated with tremendous increase
in debt-to-income ratios. Households below thegptyline report debt-to-income ratios
390% higher on average than households not in povEYvhile being below the poverty
line did not exert significant effects on the absellevel of debtTable 17, analysis of a
relative measure of indebtedness shows that thmsseholds are at a significant
disadvantage: they owe much more relative to tbeg&l of income than more
advantaged households, meaning that their abilisate, budget for basic expenses, and
weather additional economic crises is significaotiytailed. Introduction of controls for
family structure, asset ownership, and period fgghodify the covariates for
socioeconomic status but do not alter the oveirradlifigs.

Model 4 introduces controls for family structutd/hile married households
reported significantly higher raw debt levelable 17), using a relative measure of debt
burden shows that they carry significantly lowesels of debt. Although
divorced/separated households were not signifigatitierent from single households in
the analysis of debt alone, they report debt-t@ine ratios that are 9% higher on
average. Last, having children and being a fetedéeled household are both associated
with significantly lower debt-to-income ratios (apgimately 11% and 9% lower,
respectively), findings that may be interpretegatentially constrained access to credit,

similar to the interpretation of the coefficients black and Hispanic.
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Table 18: Multivariate, Multilevel Linear Regressions Predicting (Logged)
Gross NCNR Debt to Income Ratio among Indebted (ekading those with Zero
Income), 1985-2000

n=32142 Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7
Age -0.094**  -0.094** -0.052** -0.009 -0.008 -0.008 om
Age Squared 0.001***  0.001***  0.001**  0.0003 0.0003 0B -0.0004
Black 0.029 -0.114**  -0.165*** -0.165** -0.186** -0.1&8**
Hispanic -0.084** -0.128**  -0.130™*  -0.129***  -0.140**  -0.142***
White (ref) -- -- -- -- -- --
Socioeconomic Status
Highest Grade Completed 0.035**  0.027%  0.028** 0.68*  0.036***
Weeks Worked Last Year -0.003***  -0.005***  -0.005***  -004**  -0.004**
Unemployed Spell Last Year 0.105*  0.076*** 0.077%*  .062** 0.065***
Below Poverty Line 1.362%*  1.291%*  1.290** = 1.243**  1240**
Family Structure
Married -0.333**  -0.333**  -0.309*** = -0.304***
Divorced/Separated 0.084** 0.083** 0.083* 0.086**
Single (ref) - - - -
Have Kids; -0.113**  -0.111** -0.113** -0.113***
Female Head -0.094** = -0.094***  -0.098*** = -0.095***
Health Limitations
Kind or Amount of Work 0.112%* = 0.108** = 0.111**
Asset Ownership
Financial -0.157%+*  -0.159***
Non-financial -0.135%*  -0.138***
Period
1985 (ref.) -
1986 0.051
1987 0.117%=
198¢ 0.071*
198¢ 0.070*
1990 0.135%**
1992 0.063
1993 0.142**
1994 0.172%=
199€ 0.304***
199¢ 0.341%=
2000 0.373%*
Constant -0.800**  -0.788** -1.981*** -2.292*** .2 314*** -2 207*** -2.445%*
R-Squared
Within - 0.0010 0.0010 0.0851 0.0951 0.0950 0.0957 0.0974
Between 0.0036 0.0041 0.1909 0.2232 0.2244 0.2319 0.2343
Overall 0.0012 0.0020 0.1313 0.1547 0.1555 0.1602 0.1623

p-values: * p< .05; ** p< .01; ** p< .0C
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Health limitations on the kind or amount of wohlketrespondent does are
introduced in Model 5. Having a health limitatisnassociated with significantly higher
debt-to-income ratios (~11.8% increase compareduséholds in which the respondent
does not report a health limitation). This resltot surprising as health limitations
increase costs (i.e., demand) while reducing tliéyato earn income. The introduction
of this control does not significantly alter théeets of other coefficients.

Model 6 introduces controls for financial and namahcial ownership. Both
types of asset ownership are associated with ggnify lower debt-to-income ratios, a
finding again suggestive that asset-holding housishoay be able to meet expenditures
by drawing from current liquid stocks or by takiogt asset-secured debt (e.g., home
equity loans). Controls for period introduced ivd&¢l 7 do not alter the prior findings
and show steadily rising gross debt-to-income sdfiwoughout the late 1990s. These
findings are consistent with aggregate trends msamer financial obligations ratios and

debt-service-ratios over this time period (cf. Dy al. 2003Figure 1).

6.3.3 Debt-to-Money Ratio

Last,Table 19presents results of multivariate, multilevel lineegressions
predicting the logged values of debt-to-money saimong indebted households with
positive values of total financial assets. Modebhtrols for age only. Results indicate
that debt-to-money ratios are lowered by 10%, aeragye, with each year of age, a
finding consistent with the life-cycle/permanentame model of declining debt and
rising wealth across the life course. Age is negt associated with debt burden until

period effects are introduced in Model 7 (age malymsatter, overall, but the households
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are relatively young and the period effects of1B80s appear to be more important than

the life cycle effects of age).

Table 19: Multivariate, Multilevel Linear Regressions Predicting (Logged)
Gross Debt to Assets Ratio Among the Indebted (Exadling those with Zero

Financial Assets), 1985-2000

n=22920 Model 1 Model 2 Model 3 Model 4 Model 5 Model € Model 7
Age -0.100** -0.101*** -0.15 0.029 0.029 0.039 -0.041
Age Squared -0.0003 -0.0003 -0.001** -0.002**  -0.002*** -0.002**  -0.0002
Black 0.438**  0.311** = 0.219%*  0.219***  0.202**  0.206***
Hispanic 0.164** 0.009 -0.002 -0.002 -0.007 0.003
White (ref) -- -- - - --
Socioeconomic Status
Highest Grade Completad -0.1100*  -0.122%*  -0.121** 0:120**  -0.120%*
Log Equivalent HH Inc -0.412¥+  -0.378***  -0.378**  -0374**  -0.375**
Weeks Worked Last Year 0.002* 0.0003 0.0005 0.001 0.001
Unemployed Spell Last Year 0.358** 0.336*** 0.337¥*  .@32%*  (.331**
Below Poverty Line 0.009 -0.055 -0.056 -0.077 -0.072
Family Structure
Married -0.272%*  -0.273**  -0.248**  -0.254***
Divorced/Separated 0.155* 0.155* 0.173* 0.172*
Single (ref) - - -
Have Kids 0.0003 0.004 0.010 0.009
Female Head 0.348** = 0.348***  0.334** = (.329**
Health Limitations
Kind or Amount of Work 0.150* 0.151* 0.148*
Asset Ownership
Non-financial -0.550%*  -0.549%*
Period
1985 (ref.)
198¢€ 0.033
1987 -0.155**
198¢ -0.870
198¢ -0.660
199C -0.045
1992 -0.239**
1993 -0.226*
1994 -0.377%*
199€ -0.416%**
199¢ -0.693***
2000 -0.831***
Constant 3.864*** 3. 770** 7.769*** 7.046*** 7.016*** 7.328***  8.049***
R-Squared
Within ~ 0.1099 0.1099 0.1137 0.123 0.1227 0.1229 0.1257
Between 0.0254 0.0332 0.1637 0.1761 0.1777 0.1836 0.1882
Overal  0.0537 0.0578 0.1359 0.1477 0.1483 0.1511 0.1546

p-values: * p< .05; ** p< .01; ** p<.001
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Model 2 introduces controls for race. Unlike tatabts and debt-to-income
measures, for which black and Hispanic househ@psrted significantly lower debt
burdens, results indicate that black and Hispaaitskholds have significantly higher
debt burdens when the debt-to-money measure isogeghl These patterns reflect racial
disparities in wealth accumulation.

While the differences between Hispanic and whiedeholds become
insignificant with the introduction of controls feocioeconomic status in Model 3, black
households continue to report significantly higtiebt burdens than white households
(100*[exp(0.311)-1]=36.47 or 36% higher debt burglenThese results are consistent
with wealth accumulation literature that finds pstent black-white wealth gaps, even
among comparably situated households. Indicatoss@oeconomic advantage such as
education and income are associated with greatzage wealth accumulation and
correspond to significantly lower debt-to-moneyaat Each additional year of school is
associated with an 11% reduction in debt burderlgvehone percent increase in
household equivalized income is associated with% #eduction in the debt-to-money
ratio. Households that report an unemployment spéhe past year have debt-to-money
ratios 43% higher than households that do not éxpez an unemployment spell,
perhaps driven by the corresponding pressures uogmpnt may exert on a household
to both dissave from financial assets and takeleht to meet expenses. Poverty status

is not significant in these models, although thesyrhe a result of the reduced number of
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households in poverty due to limiting the samplbdaseholds with positive financial
assets.

The effects of the sociodemographic covariatesanmersignificant with the
introduction of controls for family structure in Mel 4, although the size of the effects is
slightly reduced. In particular, although the @disfy remains large and significant, the
differences between black and white householdskshreflecting racial differences in
household structure that contribute to the largadirantage of black households. Just as
higher education and income are indicators of tiratadvantages and are associated
with better access to credit and higher levels edilth accumulation, so, too, is marital
status. Married households report debt-to-monggsahat are, on average, 24% lower
than single households, while divorced/separatesétoolds report average ratios that
are 17% higher than single households and signiiic&igher than their married
counterparts. While female head corresponds teda&bt burden when examining both
raw debt burden and debt-to-income ratios, femasalbad households report debt-to-
money ratios 42% higher than either married/colradpibr male-headed households,
reflecting gender disparities in wealth accumulatio

Health limitations on the kind or amount of woikroduced in Model 5, are

associated with significant increases in the debtioney burden. Health limitations

’ Limiting the analysis to only households with fivs values of financial assets dramatically redute
number of observations of households that fell wettoe poverty line. Among all households with NCNR
debt levels and non-missing information, n=3,483189% of 30,603 total observations fall below the
poverty line. When the sample is limited to oriigse households with NCNR debt levels, non-zero
financial assets, and non-missing information,rthmber of households below the poverty line is %2,
or 5.29% of 22,920 observations.

94



increase debt burden regardless of the specifitafithe outcome variable. They may
impede a household from accumulating financialtssga the reduction of income or
through increased expenditures that cause dissaving

Introduction of an indicator for non-financial asewnership in Model 6 shows
that households with real asset holdings reportifstgntly lower debt-to-money ratios.
While non-financial asset ownership was associaiédreduced raw debt level and
lower debt burden as measured by debt-to-inconnesrahe reduction of debt burden is
even greater when the analysis is focused on defnteney ratios. This most likely
reflects two related factors: 1) households with-financial assets are much more likely
to hold financial assets as well (as indicateddsyits in Chapter 5), and are therefore
more likely to have a larger stock of financialetsgshat may either reduce their demand
for debt or reduce the burden of that debt; 2) asakt ownership provides collateral to
access alternative forms of debt, and these holgsehway choose to take on
collateralized debt rather than non-collateralidedt.

Last, controls for period effects are introduced/iodel 7. In contrast to the
models for total NCNR debt and debt-to-income rgieriod is associated with
decreasing debt-to-money ratios. This does nonmteavever, that overall debt burdens
were declining, as results frofable 17andTable 18clearly indicate otherwise.

Rather, it indicates that the denominator of thiet-de-money ratio—total financial
assets—saw large growth over this time period duesing stock market values through

the mid to late 1990s.

95



6.4 Discussion

Explorations of debt burden through analysis of MCNR debt levels, debt-to-
income ratios, and debt-to money-ratios highlidpet ¢ross-cutting and complicated
patterns of stratification and inequality rooted/arious sources: the labor market,
discrimination, intergenerational transmission eflth, access to financial markets, and
financial product segmentation. Compared to albsaheasures of debt burden, ratios
that capture debt burden relative to income andttvéatter illuminate cumulative
(dis)advantage. A side-by-side comparison of tlke@hresults are presentedTliable
20. The table also includes results from equatibas éstimated the total value of
financial assets (logged in the modeling procesg)rey both the full sample and only
those households with NCNR debt to highlight défeces between predicting wealth and
predicting debt.

Predicting absolute level of debt (logged totalNNCdebt) shows that many of
the traditional socioeconomic variables—many ofchhivere significant predictors of
access to debt—are not significant predictors gbalte debt level: income, weeks
worked in the past calendar year, experiencingreamyployment spell, and falling below
the poverty line are not associated with total NCidRt. The socioeconomic covariates
generally exert significant effects in the expededction, however, when the analysis
turns to relative measures of indebtedness: grelsstd-income and debt-to-money
ratios. An examination of the debt-to-money raéiveals that positions of structural
advantage—education, income, weeks worked in teey@ar, being married, and

holding non-financial assets—are associated wghificantly lower debt burden, while
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Table 20: Comparing Estimates Across Measures of DeBurden

Debt Burden (Among Indebted) Asset Level
Log Debt-to- Log Debt-to-
Log Total = Income Ratio Money Ratio _Only Indebted
NCNR Debt (Excluding (Excluding All Households Households
Zero Income) Zero Assets
n 32183 32142 22920 80830 31162
Age|l 0.028 0.019 -0.041 0.106** 0.053
Age Squared -0.0004 -0.0004 -0.0002 -0.001* -0.0004
Black -0.226*** -0.188*** 0.206*** -1.516*** -0.974***
Hispaniq -0.134** -0.142%+* 0.003 -0.906*** -0.581***
White (ref -- -- -- -- --
Socioeconomic Status
Highest Grade Completed  0.089*** 0.036*** -0.120*** (05 0.471%*
Log Equivalent HH Ing  0.005 -0.375*+* 0.216*** 0.378***
Weeks Worked Last Yepr -0.0001 -0.004**+* 0.001 0.006***  0.007***
Unemployed Spell Last Yejpr -0.004 0.065*** 0.331%* 4ABLr+* -0.641**+*
Below Poverty Ling¢ 0.004 1.240%* -0.072 -0.770*** -0.76*
Family Structure
Married 0.135** -0.304**+* -0.254*** 0.791*+* 0.835***
Divorced/Separatgd 0.034 0.086** 0.172* -0.306*** -0P7*
Single (ref -- -- -- -- --
Have Kidg -0.099** -0.113*+* 0.009 -0.124*** -0.235***
Female Heald -0.095** -0.095*** 0.329*** -0.220*** -0.2@*+*
Health Limitations
Kind or Amount of Work 0.053* 0.111%* 0.148* -0.231*** -0.208**
Asset Ownership
Financia) -0.051** -0.159%+*
Non-financia] -0.122*** -0.138*** -0.549*+* 1.147%* 1.231%+*
Period
1985 (ref. -- -- -- -- --
198¢4 0.066** 0.051 0.033 0.003 0.016
19871 0.130*** 0.117%* -0.155** 0.100* 0.080
1984 0.084* 0.071* -0.87 -0.647** -0.817**
1989 0.116*** 0.070* -0.66 0.229*** 0.194*
1990 0.138** 0.135%* -0.045 0.201* 0.186
1994 0.122* 0.063 -0.239** 0.244* 0.324*
1993 0.143** 0.142* -0.226* 0.218* 0.290*
1994 0.172%* 0.172%* -0.377** 0.382*** 0.622*+*
199¢q 0.292%+* 0.304*+* -0.416*** 0.584*+* 0.741%*
1994 0.338** 0.341%* -0.693*** 0.995*+* 1.260***
200q 0.347** 0.373** -0.831**+* 1.201*+* 1.431*%*
Constant 6.635*** -2.445%** 8.049*** -6.390** -6.825***
R-Squared
Within] 0.0316 0.0974 0.1257 0.1187 0.1203
Betweenn 0.0820 0.2343 0.1882 0.5596 0.4393
Ove raIT 0.0656 0.1623 0.1546 0.3893 0.3233

p-values: * p< .05; ** p< .01; *** p< .001
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positions of disadvantage—being black, unemplopetié past year, divorced/separated,
being a female headed household, and having ehHemitation—are associated with
significantly higher debt burdens. In large pHrese results are driven by the disparities
in total financial assets highlighted in the fayht-rhand columns dFable 20 These
results highlight broader patterns of structural arstitutional (dis)advantage that
influence access to credit, demand for debt, aaaHility to repay debts incurred.

Here it is also important to note that currenticlogical and economic literature
has significantly more knowledge regarding the mteds of income and assets than it
does debt. The overall r-squared for the full madéotal NCNR debt is only 0.0656,
while the r-squared values for the debt-to-incoat®r the debt-to-money ratio, and total
financial assets are 0.1623, 0.1546, and 0.383283.among indebted households),
respectively. The higher r-squared values for-detcome and debt-to-asset ratios are
driven by the ability to predict the denominatercme or assets) with the standard set
of sociodemographic covariates.

Additionally, there is more consistency in thedictors of asset ownership/asset
levels than there is for debt ownership/debt levélsr assets, the same variables that
increased the likelihood of reporting no liquidetssn Chapter 5 (e.g.,
divorce/separation) are typically associated withdr levels of liquid assétand there
are strong, predictable effects of socioecononaitust In contrast, variables that predict

the likelihood of holding NCNR debt do not necesganredict the levels of indebtedness

8 Having children is an exception to this pattern.
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(see Kim and DeVaney 2001 for another empiricahgXa of this). Furthermore, the
variables that play the largest role in predictioigd NCNR debt are predominantly not
economic variable3. Rather, indicators of social location and disadage—race,
household composition, and health status—are mysbritant, and the direction of the
coefficients for race and female head are agaisistant with constrained access to
credit. The negative effects of holding non-mo(rexl) and liquid assets on the level of
household indebtedness are consistent with thiyabilthese households to dissave or
take out collateralized debt rather than take cseaured debts.

While the decreased likelihood of holding NCNR tgkhapter 3 and Chapter 4)
and the lower levels of total NCNR debt and debintmme ratio for black households
are consistent with patterns of constrained adoesiedit, it may also be that kin
networks provide some of the financial support ¢hesuseholds need when faced with
life course shocks. Using data from the Panelystidncome Dynamics, recent work
by Chiteji and Hamilton (2002) suggests that a maigeportion of the black-white
wealth gap among middle-class black and white nedgots can be explained by the
presence of impoverished and disadvantaged extdadely. These results suggest that
a larger proportion of middle-class black housetsodckcess income is diverted to
support less well off family members, leaving thiess money to invest in long-term
savings. If black households lose wealth by sujippextended family, the corollary

may be true: black households in financial need beless likely to take on debt

° While highest grade obtained is associated wighicantly higher debt levels, this is consistaiith the
other indications that the measure of NCNR debttsally capturing education loans not elsewhere
measured in the survey.
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because they may be more likely to receive sugdpart extended kin networks.
Although this may explain a portion of the raciamhrity in both debt and wealth, it is

important to recognize that multiple factors infige these broader patterns.

6.5 Conclusion

The preceding analysis shows that many of the atadntbefficients included in
models of net worth are significant predictorsiqtild asset levels but not significant
predictors of the level of non-collateralized, mewolving debt:® While models are
better able to predict relative debt burden, suctebt-to-income or debt-to-money
ratios, this is predominantly because we know nmohe about the correlates of income
and wealth. Ultimately, while debt and assets dwuote distinct underlying processes,
suggesting that indicators of net worth fail totcap some of this variation and
heterogeneity, it is also difficult to understarebtdwithout understanding broader
patterns of wealth accumulation. Wealth holdiragg] the underlying income streams
that allow for wealth accumulation, facilitate asseo credit when it is desired and buffer
demands for debt in the face of shocks to econaraltbeing. This suggests that while
standard sociodemographic covariates may predicalbility of households to obtain
access to debt, the level of debt a household @kesay be less influenced by these
covariates. Instead, variation in debt burden bebetter understood by heterogeneity
in non-economic indicators not included in thisveyrsuch as attitudes and preferences,

risk tolerance, and time horizon.

1% Analysis of the Survey of Consumer Finance dag,(&im and DeVaney 2001) points to similar
findings for non-collateralized, revolving debtédit cards).
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7. Trajectories of Debt Burden and Associated Ecomic
Conseguences

Variation in levels of non-collateralized debt ntaydue, in part, to heterogeneity
in preferences and attitudes (Canner and Cyrnag;1@8ien and DeVaney 2001;
Livingstone and Lunt 1992) and other (usually) wsebed factors. These preferences
and attitudes are not distributed equally acrosgtipulation, however, and vary
significantly by sociodemographic characteristeg ( Eymann, Bérsch-Supan, and
Euwals 2002). Moreover, differential exposureifi® ¢ourse risks by social location and
the varying consequences of these risks furthertpoiheterogeneity in patterns of
indebtedness.

It is critical to consider long-term patterns nflebtedness, as they may indicate
households in financial distress. Chronic oveelstédness is associated with a host of
negative economic outcomes. Using the 1983 Suwi&onsumer Finances (SCF),
Sullivan and Fisher (1988) find that the debt-toeime ratio is a significant predictor of
the likelihood of delayed or missed bill paymenBlack and Morgan (1999) similarly
find it is a significant predictor of delinquendgk in the 1995 SCF. In related research,
Sullivan, Warren, and Westbrook (1989) find higinswwmer debt-to-income ratios
among recently bankrupt households.

For many households, their debt position is higldhatile; they may show spikes
in indebtedness in one year, followed by relatively levels at subsequent time points
(Godwin 1997; Lupton and Stafford 2000). In howdds for whom high debt burdens

are singular events, these temporary high leveisd#btedness do not raise concern for
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long-term financial outcomes. Some households gvew show patterns of chronic
indebtedness that place them at increased rigkéonegative financial outcomes
indicated above. Using the Panel Study of Incorgedmnics, Lupton and Stafford
(2000) find high mobility between non-collateralizeéebt quintiles for high-net worth
households. In contrast, they find persistentgjhrdebt and low wealth for a majority of
the low-net worth households with high non-collateed debt holdings, again
highlighting the importance of considering debtd assets in tandem.

Analysis in the preceding chapters underscoreerabd heterogeneity inherent in
the process of indebtedness and the meaning dbtedieess for individual households.
Chapter 4 points specifically to racial disparitiedife course events and their
association with patterns of indebtedness (i.d.jmuebted, low cycling, and high
cycling). More importantly, the racial differencesthe association between debt group
membership and net worth outcomes suggests thatpabf non-collateralized debt
holding do not have the same meaning for all hooisish Results from Chapter 5
indicate the continued importance of social logatiostructuring access to and demand
for non-collateralized debt, pointing to the needdnsider debts and assets concurrently
to better understand household economic well-belrast, the inability of traditional
models to explain significant variation in debtdeand burden in Chapter 6 suggests that
debt burden may be better understood by heterayeneaion-economic indicators not
captured in the NLSY79 such as financial literang &sk tolerance.

These multiple sources of heterogeneity suggeststandard estimation

techniques that employ a single model to estinfaeehtire population are inadequate for
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understanding patterns of indebtedness. Therebmalystinct subgroups that behave in
systematically different ways. To examine systéengersistent, unobserved
heterogeneity, | turn now to latent class regressiodels to estimate the early life
course trajectories of debt burden for the NLSY@Bart. Subsequently, | employ
logistic regressions to explore the relationshipmeen predicted debt trajectory and

negative financial outcomes.

7.1 Data and Measures

For this analysis, | use data from all househuitie report holding non-
collateralized, non-revolving deht least oncéetween 1985 and 2000. My analysis
sample excludes observations with any missing gathlling a sample of 9,024 unique

households with 70,116 total observations overltheterviews.

7.1.1 Trajectories of Indebtedness

The outcome variable in this analysis is a repkateasure of groskebt-to-
income ratiq total non-collateralized, non-revolving debt died by total household
income from all sources. Households that repoMI@NR debt in a survey year have a
value of 0.

To test theories of differential access to creditruments, | include two measures
associated with exclusion from mainstream finangiatkets. |include a measure of
race/ethnicitythat indicates whether the respondent is blacgp#hic, or white. | also

include a measure of whether the householdakaays insolvenf{l=yes, 0=no), that is,
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they reported zero financial asset holdings ovgo@gsible interviews between 1985 and
2000.

Onset of indebtednessthe respondent’s age, in years, during the vohviee
first report of holding NCNR debt. This may cagulifferential access, in that
households that experience greater credit constrainy have delayed onset of
indebtedness (as suggested by patterns in Chgptédtérnatively, it may capture
unobserved heterogeneity in demand for debt aitddes toward borrowing.

Observed measures expected to affect access weamahd for non-collateralized
debt include socioeconomic status, household comipashealth limitations, and asset
ownership. All of these variables are time-varyamgl are included as predictors of the
debt-to-income ratio in the trajectory model. Givtbe complex interrelationships of
social heterogeneity and patterned disadvantageoess and demand, it is anticipated

that these predictors may exert varying effectestrajectories.

7.1.2 Negative Financial Outcomes

The NLSY79 implemented a detailed asset and ligbiliodule in 2004. | draw upon
three indicators of financial difficulty to explor®usehold experiences with negative
financial outcomes.

Missed Paymerns a dummy variable coded one if the respondesiwars yes to
the question “In the last 5 years, have you coreplahissed a payment or been at least 2
months late in paying any of your bills?”

Ever Bankrupts a dummy variable coded one if the respondeswars yes to

the question “Have you [or spouse/partner] eveladed bankruptcy?”
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Credit Constrainis a dummy variable that captures whether the dfuald
experienced constrained creditor perceived crextistaints. Respondents were first
asked: “Have you [or spouse/partner’s name] apgbedny type of credit or loan (since
you declared bankruptcy [if bankrupt] or within tlast 5 years)?” If they responded
“yes,” they were asked “In the past 5 years, hi@hder or a creditor turned down your
[or spouse/partner’s] request for credit or noegiyou as much credit as you applied
for?” If “no” to the initial question, they weresked “In the past 5 years, have you [or
spouse/partner] thought about applying for crdalit,changed your mind because you
thought you might be turned down?” A responseyet” to either of the follow-up
guestions [denied credit or chose not to applyodoeetrceived likelihood of denial] was
coded one focredit constraint

In addition, a set of dichotomous indicators waisstructed to capture
whether the respondent ever experienced a lifeseoewent that might increase the risk
of entering into debt and the likelihood of expedeg negative financial outcomes.
This set of dummy variables includes individualiaadors for the following events: ever
completing a college degree (16+ years of schoplener experiencing an
unemployment spell, ever falling below the povdirtg, ever getting divorced, ever

having dependent children, and ever reporting #lhéaitation. Each indicator is
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coded one (yes) if the respondent ever reportyantén any wave between 1985 and

2004,

7.2 Methods

7.2.1 Debt-to-Income Trajectories

Household debt is a function of observable chargtics and hidden household-
level heterogeneity in exposure to risk and atégidnd preferences toward consumption
savings that might affect the propensity to needesire debt. Latent class models are
able to address issues of persistent unobservedblgeneity (Nagin and Land 1993).
Latent class regression models allow for repeatedsorements across cases and allow
for the incorporation of both time invariant anché varying covariates. Importantly, the
nonparametric models relax the assumptions abadbra effects, making them less
computationally intensive (Vermunt 2003).

In the latent regression model, the debt-to-incoati® of householdat timet is
denoted by y(Vermunt and Magidson 2005).; ihdicates the number of observations
per household, allowing for unequal observatiomssechouseholds (fanges from 3-12

in the NLSY79 data).

d i d
f(}’i|zl€0vlzfre ) = Z§=1P(x|sz) Hg1f(Yit|Xthre )
Stable covariatezf°V)—race, always insolvent, and age of onset—predaibership

in latent class x. | included these covariatesbse they are associated with unobserved

111991 and 2002 are excluded from the analysis due to the lack of the assets and liability module in those
waves.
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heterogeneity in access to credit (race, chrorsolirency, and age of onset) and attitudes
and preferences influencing demands for debt (Ages®et). Variation in the outcome

variable lebt-to-income ratipis influenced by time-varying predictor variables

(z7"**)—such as socioeconomic status, household compustiealth limitations, and
asset holdings associated with increased/decresadnd for NCNR debt—with effects
specific to each latent class x

Comparing various fit statistics, such as thelikglihood and the Bayes
Information Criterion (BIC), indicated that a moaeth 4 latent classes provided the best

fit and substantive meaning to the NLSY79 datae fidsults of this model are presented

below.

7.2.2 Negative Financial Outcomes

Following estimation of the latent class regressiwdels, | used Bayes’ theorem
(Vermunt and Magidson 2005) to assign responderitset latent class in which they had
the greatest posterior probability. Predictedriateajectory membership was
operationalized via dummy indicators and then usddgistic regressions to predict the
likelihood of experiencing one of three negativeficial events: credit constraints,

bankruptcy, or missed payment.

7.3 Results

7.3.1 Debt-to-Income Trajectories

Figure 8 shows the mean trajectory of household indebtedioeske full sample

as well as the 4 distinct trajectories identifigatie latent class model. While the mean
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trajectory depicts increasing debt burden with #ge patterns among the subgroups
underscore the importance of identifying heteroggre patterns of indebtedness. The
largest proportion of the sample (37%) falls irtte tincreasing debt” trajectory, which

shows steadily increasing debt burden across agtasito the mean trajectory.

= == |ncreasing Debt (37%) e ¢ e Stably Low (35%) === Not Indebted (14%)
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Figure 8: Predicted Debt-to-Income Ratio, by LatenfTrajectory: NLSY79, 1985-2000

A similarly large proportion of the sample (35%liganto the “stably low” trajectory,
with low levels of indebtedness that do not vargtegnatically with age. Fourteen
percent (14%) of the sample falls into the “Notébted” trajectory; these households
have little to no debt burden, suggesting that tihay report NCNR debt once or twice,

but not systematically enough to become truly ineéb The “high age curve” trajectory,

108



which holds 14% of the sample, shows a curvilingtern of indebtedness: debt-to-
income ratios increase steadily from age 20 tdatee30s, and then begin to decline.
This age-graded curve of debt burden is consistéhtthe general patterns of
indebtedness suggested by the life-cycle/permaneoine hypothesis.

Table 21 presents descriptive statistics for sociodemodcagiaracteristics and
key components of the outcome variable. Thereigreficant differences across
trajectories, pointing to the complex interrelasbip of access and demand. Descriptive
statistics for the stably low trajectory, for exdmmsuggest that its members may have
increased access to credit instruments—on avetiagyework more weeks per year,
experience lower rates of insolvency, have a |lapgecentage of married households,
and a higher proportion hold non-financial asséisthe same time, they may have
decreased demand for debt, as they are less tikegport unemployment, poverty, and
health limitations, while holding greater financéasets with which to buffer potential
negative life course events. Furthermore, thghér average income suggests that the

non-collateralized debt these households do acquanebe less burdensome.
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Table 21: Descriptive Statistics with Means and Stadard Deviations (italicized) by
Latent Debt Trajectory: National Longitudinal Survey of Youth 1979, 1985-2000

Not Indebted Stably Low Increasing nglf}rc(ge
N 1,300 3,168 3,345 1,211
Debt ($2004) 263 *** 1232 *** 3971 11880 ***
3736 2595 7822 25956
Income ($2004) 51024 *** 52313 *** 45941 40251 ***
36165 38679 40709 40018
Race
Black 0.29 *** 0.24 0.24 0.20 ***
Hispanic 0.16 *** 0.20 *** 0.18 0.14 ***
White 0.55 *** 0.56 *** 0.58 0.66 ***
Always Insolvent 0.07 *** 0.03 *** 0.04 0.07 ***
Onset of Indebtedness (Age) 30.28 *** 27.09 *** 25.68 2552 ***
3.08 3.78 4.72 3.17
Age 30.14 30.34 *** 30.15 30.01 *
5.02 5.01 5.01 5.07
Weeks Worked 38.66 *** 41.65 *** 40.41 37.89 ***
18.49 17.87 19.82 19.27
Unemployed 0.21 * 0.17 *** 0.19 0.24 ***
Below Poverty Line 0.17 **=* 0.11 **=* 0.14 0.23 ***
Highest Grade 12.74 *** 12.99 12.99 13.55 ***
2.29 2.30 2.29 2.79
Marital Status
Single 0.36 *** 0.28 *** 0.31 0.38 ***
Divorced/Separated 0.12 *** 0.14 *** 0.15 0.18 ***
Married 0.52 **= 0.59 *** 0.54 0.44 ***
Have Kids 0.51 *** 0.58 ** 0.57 0.49 ***
Health Limitations 0.05 0.04 *** 0.05 0.07 ***
Log Total Financial Assets
($2084) 5.82 *** 6.20 *** 5.53 5.09 ***
3.99 4.03 4.38 4.16
Non-Financial Assets 0.86 *** 0.93 *** 0.92 0.87 ***

Asterisks indicate that trajectory means are siedily significantly different from the means dfet
Increasing trajectory at the .05 (*), .01 (**), @01 (***) level of significance

In contrast, descriptive statistics for the higle agrve trajectory indicate a

greater proportion of households experience lifenév such as unemployment, poverty,
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divorce, and health limitations that may increasmadnd for debt. These households also
have, on average, fewer financial assets with wtadbuffer these events. However, the
not indebted trajectory also has a higher propomibhouseholds reporting certain
negative events—namely unemployment and poverty-rdndrt relatively little non-
collateralized debt. This suggests that thesedimlids may experience constraints on
access that limit their non-collateralized debdimds. There are some indicators that
high age curve households are better able to acceds in order to meet their demands
for debt: compared to other trajectories, they heaweégher proportion of white, non-
Hispanic households and have significantly higkegels of education; these differences
are even more apparent when contrasted againsbthedebted group.

Turning now to the latent class regression analysible 22 presents the results
from nonparametric hierarchical models estimatialgteo-income trajectories among
ever indebted households as a function of sociagoanstatus, household composition,
health limitations, and wealth holdings. Theseailtsshighlight both latent and trajectory-
specific influences among households that conteilbathe varying patterns of
indebtedness shown kigure 8.

The first panel offable 22 (Predictors of Debt Trajectory Membershigresents
estimated coefficients from a logit model thatdeshether indicators of constrained
access to credit and potential unobserved heteeityen demand for debt (race, chronic
insolvency, and onset of indebtedness) predict neeshiip in one of the four trajectories.
Similar to a standard logit model, large, positisgtistically significant coefficients

indicate increased likelihood of membership in\eegitrajectory. Black households are
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most likely to be classified in the not indebteadctory, while Hispanic households are
most likely to be classified as stably low. WHitsuseholds are most likely to belong to
the high age curve trajectory, but are also véwiyito be classified as stably low.
Exponentiating the parameter estimates for twotetasand computing the ratio between
them provides odds ratios. For example, alwaysiwest households are 77% more
likely than non-chronically insolvent households$tdong to the high age curve
trajectory than the not indebted trajectory [exp82)/exp(.0710)=1.77]. However,
always insolvent households are also 44% moreylitkeln non-chronically insolvent
households to be classified as not indebted thadssified in the stably low trajectory,
suggesting that access may prevent some chroninatiwent households from taking
on debt, while those households with access acatmlarge burdens due to increased
demand. Last, older age of onset is associatddimgteased likelihood of being
classified as either not indebted or stably low dedreased likelihood of being classified
in the increasing debt or high age curve trajeesoriThese patterns point to
differentiation in access and demand associatddwaitying trajectories of indebtedness.
The lower portion offable 22adds predictor variables of debt-to-income level to
examine heterogeneity within and across debt t@jies. The Wald statistic in the far
right hand column indicates whether the differeimcéhe parameter estimates is
statistically significant across trajectories. édlthe predictor variables are significantly
different across the four identified trajectoritseir patterns suggest that heterogeneity in
debt burden is in part explained by whether ometsndebted because of lack of access

to credit or low demand for debt. For exampledim non-financial assets may
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Table 22: Parameter Estimates from Nonparametric Herarchical Model Predicting
Logged Debt-to-Income Ratio among Ever Indebted Haeholds: NLSY79, 1985-2000

— Not Increasin High Age Wald
(70, 11%_352?\,5‘“0%) Indebted Stably Low Debt ’ gurvg Valug
Predictors of Debt Trajectory Membership
Intercept -5.3502**  -0.2542 3.0772%*  2.5273**
Race
Black 0.1108** -0.0294 0.0136 -0.0950*
Hispanic -0.0688 0.1346**  0.0282 -0.0940*
White -0.0420 0.1052*+*  -0.0418 0.1189***
Always Insolvent 0.0710 -0.2959***  -0.0489 0.2738***
Onset of Indebtedness (Age) 0.1790*** 0.0217***  -0.0949***  -0.1058***
Predictors of Debt-to-Income Level
Intercept -0.0052 0.0038 -0.0677* -0.5360** 0.0014
Age 0.0003 0.0009 0.0086***  0.0443**  3.10E-08
Age Squared -0.0001***  -0.0006***  5.00E-07
Weeks Worked . . . -0.0022***  4.10E-10
Unemployed -0.0001 -0.0008 0.0044**  -0.0226** 1.90E-06
Below Poverty Line -0.0006***  -0.0033**  0.0144**  0.2113*** 5.30E-188
Education 0.0002 0.0030**  0.0210***  1.10E-30
Marital Status 3.40E-05
Single -0.0001 -0.0014** -0.0056***  -0.0228*
Divorced/Separated -0.0005** 0.0002 0.0049** 0.0255
Married 0.0006*** 0.0012** 0.0007 -0.0027
Have Kids 0.0002 0.0009** -0.0018 -0.0533**  7.70E-16
Health Limitations 0.0002 0.0006 0.0095***  0.0123 1.40E-05
Log Total Financial Assets . -0.0003***  -0.0017** -0.0025 4.80E-14
Non-Financial Assets 0.0002 0.0024**  0.0108**  0.0203* 2.40E-12
Log-Likelihood 74213
BIC -147780
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facilitate access as it represents a source oit@ed may be an indicator of participation
in financial markets more broadly. Non-financiaset holding is associated with
increased debt burden for households in all trajezt except for those in the not
indebted trajectory. In contrast, financial aspetvide a pool of liquid resources from
which households can draw in times of need, pa#yntieducing demand for non-
collateralized debt. Higher financial assets amoaiated with significantly lower debt
burden for households in the stably low and indgrepdebt trajectories.

Among the two lowest debt trajectories—the not bidd trajectory and the
stably low trajectory—few predictor variables hawgnificant effects on the household’s
estimated debt burden. More significantly, thosedctors that do have effects may be
indicators of decreased or increased access:ddiitow the poverty line is associated
with lower debt-to-income ratios, while being madiis associated with higher predicted
debt burdens for both the not indebted and stattajectories. In contrast, for the two
higher debt trajectories (whose households cldaiye some access to debt), more of the
predictor variables significantly influence debtden. For both the increasing debt
trajectory and the high age curve trajectory, agets curvilinear effects, consistent with
the LC-PI hypothesis that, with unconstrained agcdsbt occurs early in the life course
and reduces over time. Moreover, many of the béesassociated with increased
demand for debt are associated with increasedmleten: falling below the poverty
line, being divorced/separated, and having higdacation (school loans) increase debt
burden for households in both the increasing deditreagh age curve trajectories.

Similarly, experiencing an unemployment spell aadihg health limitations are
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associated with increased debt burden for houssliolthe increasing debt trajectdfy.
These results underscore heterogeneity in accelsseamand for debt, and the differing
effects of predictor variables across groups higtilthe varying consequences of

exposure to life course risks.

7.3.2 Negative Financial Outcomes

Patterns of chronic indebtedness may place holdgshbincreased risk of
experiencing negative financial outcomes such &sgleency, credit constraints, and
bankruptcy. Table 23 presents results from logistic regressions estingdhe likelihood
of being denied for credit (or choosing not to gdpk credit due to perceived likelihood
of denial), ever declaring bankruptcy, and eversmig a bill payment. Consistent with
prior work on the negative consequences of high-detvice-ratios (e.g., Black and
Morgan 1999; Sullivan and Fisher 1988), househwmidse not indebted trajectory and
the stably low trajectory are significantly ledeelly to report negative financial outcomes
in later life than households in the increasingt@etal high age curve trajectories. These
findings hold even with controls for differentiat@osure to negative life course events
(seeAppendix F, Table F-2. Members of the high age curve trajectory dodifber
from households in the increasing debt trajectortheir likelihood to report credit

constraints or difficulty paying bills. Howevehgdy are significantly more likely to have

12 Johnson and Li (2008) note that while high delstlbn indicates a household had access to crediiftleb
the past, it does not guarantee access in theefudebt burdens that are too high may even constrai
access. lItis possible that some high age cuajectory households may have maximized their acaeds
are bumping up against credit constraints, makingpire difficult to tap into debt in times of neeA.

formal test of this would require a more detailediadset with smaller intervals.
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ever declared bankruptcy, which may be the mostseof the potential negative
financial outcomes as it has long-term consequelucessset-building (assets are used to

repay creditors) and ability to access future lioesredit.

Table 23: Logistic Regressions Estimating Negatiiéinancial Outcomes in 2004,

Odds Ratios
Denied/ '
Ever Miss
Not Apply
for Credit Bankrupt  Payment
L 6434 6445 6427

Debt-to-Income Trajectory
Not Indebted 0.58*** 0.40%** 0.48***
Stably Low 0.64*** 0.61*** 0.79**
Increasing (ref) -- - --

High Age Curve 1.002 1.25* 1.09
Life Course Events Ever Experienced
Below Poverty Line 1.40** 0.86* 1.36%**
Unemployment Spell 1.42%** 1.29** 1.40***
Health Limitation 1.33*** 1.18* 1.49%**

Divorce 1.43%** 1.62%** 1.32%**
College Degree 0.54*** 0.54*** 0.55***
Have Kids 1.69***

Log Likelihood -3080.46 -2615.12 -3251.28
Pseudo R-Squared  0.0478 0.0481 0.0456
BIC 6231.07 5309.18 6572.71
p-values: *p<.05; **p<.01; **p<.001

Examining the impact of selected life course eveaveals effects generally in
the anticipated direction. Life course events thmdose cost burdens and may cause
households to have difficulty meeting expenses-glbelow the poverty line,
experiencing an unemployment spell or health litiatg getting divorced, and having

kids—are significantly associated with increasé&dlihood of negative financial
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outcomes. In contrast, ever obtaining a colleggekeis associated with significantly
decreased likelihood of ever being credit consadjmeclaring bankruptcy, or missing or
being late on a bill payment. This may reflectith@eased financial literacy associated
with higher educational attainment (cf., Lusardi &titchell 2005).

Black and Hispanic households are more likely tivhite households to be
classified in the trajectories associated with dased risk for negative financial
outcomes (not indebted and stably low, respectjveowever, compared to white
households, black and Hispanic households are hikelg to experience certain life
course events that increase the likelihood of negédihancial outcomes: unemployment,
poverty, and health limitations (s@able 6). In addition, they are significantly less like
likely to ever obtain a college degree. Thesegpastof disadvantage result in overall
higher rates of negative financial outcomes forariy households when compared to
white household$?

It is important to note that there are hints a&remore heterogeneity than this
analysis explicitly reports. For example, bothrdweing poor and ever receiving a
college degree are associated with increasedHiketl of membership in the high age
trajectory (see multinomial logit model Appendix F, Table F-1). Being in the high

age curve trajectory is associated with highetiliked of all negative financial

13 For the full sample of ever indebted householt;lbhouseholds have the highest proportion of
households reporting negative financial outcomeasp&hic households also report higher rates ofthega
outcomes than white households. 28% of black Hmlde report credit constraints, compared to 22% of
Hispanic and 15% of white households. For bankyit7% of black households report ever declaring
bankruptcy while 14.5% of Hispanic and 14.3% ofteltiouseholds do. Last, 31% of black households
report missing a payment in the past 5 years wiillé of Hispanic and 17% of white households report
missed payments.
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outcomes such as being credit constrained, deglaankruptcy, or missing a payment.
For two of these, credit constraints and missipgyment, ever being poor further
increases the likelihood of reporting a negativengyin contrast, ever receiving a college
degree reduces the likelihood of ever experientliege events. This suggests that there
may be two distinct clusters of households witlhi@ high age curve trajectory: 1) those
whose debt is primarily related to higher educatiod are relatively unencumbered by
their debt burden and 2) those whose debt is cetatencome inadequacy and face
significant economic consequences of their debddmirwith the potential for long-term

reduction in well-being (e.g., physical and psydgatal stress, impaired credit).

7.4 Discussion and Conclusions

The preceding analyses further highlight variatiothe process and meaning of
indebtedness for individual households. Analys$isemative financial outcomes points
to the importance of identifying variation in lobgen patterns of indebtedness.
Occasional reports of non-collateralized, non-rewg debt do not raise concern for a
household’s financial well-being. Results fromikiig regressions suggest that even
chronic indebtedness is not problematic, as lonpaslebt burden remains stably low.
In contrast, chronic, high debt burdens signifibairicrease the likelihood of reporting
credit constraints, bankruptcy, and delinquencpiirpayments.

The complex patterns of indebtedness identifiethénlatent trajectory models
result from the interplay between access and demah is best highlighted by the

always insolvent households. These householdsase likely to be classified in the
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extreme trajectories (not indebted and high ageejumdicating that they are likely to
experience constrained access, but, if they do hewess, their demand is higher due to a
total lack of financial assets.

While heterogeneity in unobserved access to ancderfor debt influences life
course trajectories of indebtedness, these trajestare differentially shaped by
sociodemographic predictor variables also assatiaith access and demand. Though
standard economic models of consumption and sautiol as the life cycle-permanent
income hypothesis propose an age-graded cyclebbfashel wealth, age is only
significant for two trajectories: increasing dehtaigh age curve. This pattern further
suggests that economic theories of indebtednessreapnly certain, standard life cycle
processes. With the de-standardization of thecbigrse, increasing risk and instability,
and constrained credit markets, traditional ageteplacurves of wealth and debt may

hold true for only a portion of the population.
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8. Discussion and Conclusions

Non-collateralized household debt is nuanced anteztually contingent.
Findings provide support for the three specific heaisms proposed to understand
differentiation in patterns of indebtedness—insiitoal context, social heterogeneity,
and patterned disadvantage or structural riskkggp&re 6). Heterogeneous patterns of
indebtedness are shaped by access to credit (ncthaeby institutional configurations
and SES) and demand for debt (affected by life smerents and ability to draw from
income/wealth). The influence of deregulated fmahmarkets that expanded access to
credit and other financial institutions is reflatia the increasing likelihood of reporting
debt (Chapter 4) and holding financial assets (@&hdg and increasing debt levels
(Chapter 6) across time. Analysis in Chapter Alghts the influence of social location
on likelihood of reporting debt. Results point@ifieally to racial disparities in life
course events (patterned disadvantage) and cormrsaapief these life events for
indebtedness that are also patterned by race. mertantly, the differences in the
association between patterns of indebtedness aaddial outcomes highlighted in
Chapter 4 and Chapter 7 suggest that patternsmtoktateralized debt holding do not
have the same meaning for all households.

Household debt has typically appeared in sociokdgiesearch as a component of
net worth. By studying debt as a unique indicafanequality, this study adds
sociological explanation to a social process tlaatlieen previously ignored and under-
theorized. Situating debt in a framework of ac@ess demand shaped by institutions,

social heterogeneity, and differentially experiehtife course events, findings
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underscore the structural basis for household iredisless and the varying life course
consequences of indebtedness. While results ipt€ha indicate that the life-
cycle/permanent-income hypothesis predicts behdora portion of the sample, it does
less well at explaining non-traditional trajecteria indebtedness that may become more
common as the life course is increasingly destatizikedl and deinstutituionalized.
Disaggregating components of net worth and studihieg in tandem—as done in
Chapter 5 with non-collateralized debt and liqusdets—facilitates nuanced
understanding of household economic well-beingdifahally, analysis indicates that
standard models of income and wealth may not dyréetnsfer to the study of
indebtedness. The inability of traditional model€xplain significant variation in debt
level and burden in Chapter 6 suggests debt burdgnbe better understood by
heterogeneity in non-economic indicators not cagatun the NLSY79 such as financial
literacy and risk tolerance.

Understanding how households utilize non-collaieeal debt has important
implications for studies of stratification and inedjty. In the absence of sufficient
income and assets, the ability to draw upon debtdet financial demands (i.e., smooth
consumption) suggests improved well-being. Theilitg to smooth consumption in
times of need implies increased risk, insecuritgtability and stress. Access to debt
does not guarantee economic well-being, howevesuls from Chapter 7 show that
households with consistently high debt burdensvaoee likely to report negative
financial outcomes, even after controlling for diéntial experiences with negative life

events. In addition, holding non-collateralizedidat burdensome levels may cause
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decreased physical and mental well-being (e.g-Rdeland Young 2005), potentially

exacerbating its negative economic effects.
8.1 Policy Implications

These findings have specific implications for pglialthough these implications
differ depending upon whether the patterns aresdrlwy access or demand.

To the extent that unconstrained access to detoiments allows households,
particularly low- and middle-income householdsbéfter manage financial demands (cf.
Mann 2008), it is important to further reduce liatibns on access. Physical
infrastructure may be important, as certain neighbods, especially those with
concentrations of poor and minority households l@ady access to mainstream
financial institutions. In addition, key drivers improved access are legislation and
policies aimed at reducing discrimination in lergdinThis is particularly important in
combating predatory lending practices that createoatiered credit market. Higher
priced loans strip equity from already disadvantBlgeuseholds, reducing their ability to
meet debt obligations and build wealth.

It is also important to consider that the low&elihood of reporting debt for
disadvantaged households may not solely reflecttc@ned access. These patterns may,
in part, reflect a mistrust of financial instituti® (potentially rooted in historical patterns
of disadvantage and constrained access). Theyatmayeflect the high cost of
interacting with mainstream financial institutiotisat is, the fees of maintaining an
account (e.g. minimum balance, monthly maintenaageg¢ed the perceived benefits of

that account (Barr 2004; Hogarth et al. 2005).tHeoextent that participation in
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mainstream financial institutions is a step towaudding credit, which may be a critical
step toward wealth accumulation (and subsequesrtgaherational transmission of
wealth), reducing barriers to participation in ngeam financial institutions and
establishing low cost banking services merit speaittention by policymakers.

In contrast, high household levels of non-colldizeal debt may be driven by
greater demands for debt. Low levels of liquidessshigher likelihood of experiencing
life course shocks, and changing institutional mgeanents that shift costs to individuals
all contribute to increased debt burdens. Reaealtyais of the Survey of Consumer
Finances by Chiteji (2007), notes that the debfilesoof young adults (age 25-34) have
not changed substantially when one examines dédinigs in 1963, 1983, and 2001.
However, aggregate trends over this time periodioh@nt growing bankruptcy rates and
increasing debt burdens (Brown and Burhouse 20§BaDb et al. 2003). This suggests
that the negative outcomes may not be due to th#f, ibut a shift in the institutions
surrounding debt (e.g. changes in the terms of, deloh as credit cards) coupled with
increased instability, rising costs of living, andreasing inequality that make the
consequences of being indebted more contingenpasslbly damaging. These patterns
point to the importance of policies that mitigdte effects of negative life course events,

such as social insurance programs for poverty aethployment.
8.2 Limitations

While analyses consistently show the importancgisddvantaged structural
position for debt patterns, particularly with resp race, there are some limitations to

the study. The NCNR debt question only reportstinvrea household has aogedebt
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worth $500 or more, underestimating true debt kvdlhis $500 level may exclude
certain households from ever entering into NCNRt dekhe survey, especially poor and
minority households. These households may havépteutiebts with values less than
$500, but this is not captured in the survey imsgnt. Examination of the NLSY79'’s
expanded asset and liability module in 2004 suggésit 5-6% of households (or more)
may be excluded from analysis due to this truncatweel (seeAppendix B for extended
discussion). Households with non-collateralizedtdwldings less than $500 have a
higher proportion of black households, lower averaxgome and education, fewer
married households, and more divorced and femalddwhouseholds than those
households that owe $500 or more, indicating thet®00 limit on NCNR debt between
1985 and 2000 systematically excludes certain Healds from being ever indebted.
Additionally, it is unclear what debts are actuatgluded in the NCNR category.
The question is worded so it should not capturditoard debt (“excluding 30 day
charge accounts”) but there is no way to verify thkerespondents excluded credit card
debt from their answers. Analysis of the 2004 NIZSYseeAppendix B) indicates that
a large proportion of households included creditl ckebt in their responses, but many
did not. Given the survey structure, it is impbbsio discern which households reported
only non-collateralized, non-revolving debts. Tussible effects of this are limited,
however, because the question wording was consisten the 12 interview periods and
any individual errors in answering the questiontarpefully relatively constant over

time.
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This inability to discern the component parts @& Household’s non-collateralized
debts is yet another source of hidden heterogendityg difficult to estimate the
household’s “true” debt burden because the datadpecific details of the outstanding
loans such as the interest rates and minimum pagmdimere are a wide variety of loan
types (e.g., installment loans, outstanding medidhs, payday loans), and within each
one there is the potential for even greater difféagion, especially with respect to
financial instruments such as credit cards. Adddily, there is no information on why
the debt was incurred or to whom it is owed, makingpossible to discern whether
households report recurrent debt because theyalieg between new debts or because
they are unable to pay old debts. The need foemesearch on the component parts of
household indebtedness is fundamental to undeiistapdrticipation in and the
consequences of stratified financial systems (geged credit markets of risk-based
pricing: prime v. subprime). While other large akadts provide some of this information
(cf. Consumer Expenditure Survey), it may be imgmego obtain this level of detail
through survey methods alone, pointing to the rieedilize multiple methods to fully
understand household indebtedness.

8.3 Future Research

Like all research projects, the preceding resulsser some questions and raise
new ones. Some of these are broad, theoreticatigns. For example, the importance
of technology in financial markets raises multigleestions, such as: how do socio-legal
institutions interested in guaranteeing welfare aoghomic well-being address the rapid

changes in financial markets and products broulgbtibby technology? While

125



technology such as automatic credit scoring allofeedjreater diffusion of financial
goods, it has also made them more complicatederGive unequal distribution of
technological knowledge, what are the implicatiohechnology’s integration into
financial markets for long-term inequality (withspeect to individuals/household’s ability
to successfully navigate the financial marketplace)

Other directions for future research are more gasitsued. Findings in Chapter
5 point to different processes of indebtednessmitipg on whether a household has
liquid financial assets. However, it is diffictitt hypothesize about what will happen
with respect to debt for households that have digssets, in part due to unobserved
heterogeneity in attitudes, preferences, and filhteracy. Do these households avoid
debt because they pay from savings? Or do theydakkebt because they can pay it
back more readily? Are there asset levels at wbighstrategy is pursued over the other,
and do these levels vary systematically by sociaggaphic characteristics? These
guestions deserve more attention.

While latent trajectory analysis in Chapter 7 idi@d heterogeneity in patterns of
indebtedness, it only hints at the relationshipveeh life course events and fluctuations
in the debt-to-income ratio. When households egpee life course events that increase
costs and decrease income—such as health limisatimemployment, and divorce—
what happens to their debt-to-income ratio? IiEtiations in debt-to-income ratio occur,
are they driven primarily byncome instabilityor increasing cost® Though these
guestions are beyond the scope of the currentgirdjbope to explore them in future

work.
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Appendix A. NLSY79 Asset and Liability Module Detals

Form Question Wording Years
Assets
1985-
1990,
"Is thi . 1992-
s this (house/apartment) owned or being boughtday (or your 1994
Home husband/wife)?" If yes, "About how much do yowunththis 1996,
property would sell for on today's market?" 1998,
2000,
2004
1985-
1990,
"Do you (and your spouse) own anything on whealduding 1992-
Vehicle cars, motorcycles, trucks, a motor home or trdildf¥es, "How 1994,
much would this (these) vehicle(s) sell for on tgdganarket?" 1996,
1998,
2000
Financial
From 198t-1987:“Do you (and your spouse) have any moneyin
savings or checking accounts, savings and loan abieg,
money market funds, credit unions, U.S. savinggibpn
individual retirement accounts (IRA or Keogh), ertificates of
deposit, common stock, stock options, bonds, mdturals, rights 1985-
to an estate or investment trust, or personal ltaoghers or 1990
mortgages you hold (money owed to you by other [@38f 1992:
Cash| From 1988-1993:"Do you (or your husband/wife) have any cakh 1994
Accounts*| you keep in a safe place at home or elsewheremmamgy in 1996,
savings or checking accounts, money market fundsljtaunions, 1998'
U.S. savings bonds, individual retirement acco(liR#\ or 2000’
Keogh), certificates of deposit, personal loanstters, or
mortgages you hold (money owed to you by other j@g8f)
From 1994-2000:"Do you or (spouse/partner) have any monely
in savings or checking accounts, money market fucresit
unions, U.S. savings bonds?" If yes, "How mucbgadther?"
"[Not counting any individual retirement accounRA or 1988-
Keogh) you have already told me about] do you @ury 1990,
husband/wife) have any common stock, preferredksgiock 1992-
Stocks/Bondst options, corporate or government bonds, or mutwad$?" If 1994,
yes, "Altogether, what is the current market valtithese stocks| 1996,
bonds, or mutual funds that you (or your husbarféjwiave 1998,
invested in?" 2000
" L 1994,
Do you (or spouse/partner) have any money in iddii 1996
IRAs/Keogh*| retirement accounts (IRAs or Keogh)?" If yes, "Hawch 1998'
altogether?" 2000’
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"Do you (or spouse/partner) have any money in &ferded

1994,
1996,

401Ks* | plans, such as 401K or a 403B plan or other prextemities?" If 1998
yes, "How much altogether?" 2000’
" e 1994,
Do you (or spouse/partner) have any money infoeates of 1996
CDs, other*| deposit, personal loans to others, or mortgagespt?" If yes, 1998,
"How much altogether?" 2000’
1988-
" , . 1990,
Do you (or your husband/wife) have any rights toeatate or an 1992.
Estate/Trust investment trust?" If yes, "What is the total \eabf the estate or] 1994
the investment trust that you (or your husband/wifil 1996'
receive?" 1998,
2000
A - . 1985-
Aside from the things we've already talked abdotyou (or 1990
your husband/wife) own any other items each wortienthan 1992:
Other® $500? For example, a piece of furniture, appliaboat, jewelry, 1994
stereo system, a valuable collection for investnpemposes, etc.] 1996'
If yes, "What is their total market value, roundiioghe nearest 1998,
hundred dollars?" 2000’
"Do you (or your husband/wife) own or have an irtrent in a 1985-
farm operation, a business or professional praabicany other 1990,
real estate, (not counting the property on which g living)?" 1992-
BuSiness If yes, "What is the total market of all the (reatate) (assets in | 1994,
the business, including tools and equipment) (fap@ration, 1996,
including value of land, buildings, house, andélj@ipment, 1998,
livestock, stored crops, and other assets)? (hBaDo not 2000,
include crops held under commodity credit loans" 2004
Liabilities
1985-
1990,
o 1992-
Home- If yes to home ownershlp, About how much do yood(siour 1994
Secured husband/wife) owe on this property for mortgageskitaxes, 1996,
home improvement loans, etc?" '
1998,
2000,
2004
1985-
1990,
1992-
Other Home- | If yes to home ownership, "How much other debt do gave on| 1994,
Secured this property, such as assessments, home regdajred?" 1996,
1998,
2000,
2004
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1985-

1990,

Vehicle- If yes to vehicle oyvnership, "D_o you (or your hustavife) owe | 1992-
Securedl any money on (this/these) vehicle(s)?" If yes,WHuauch 1994,
altogether?" 1996,

1998,

2000

1985-

1990,

If yes to business ownership, "What is the totabam of debts 1992-

Business- or liabilities you (or your husband/wife) owe oristoperation or | 1994,
Secured property? Include any unpaid mortgages. (Do ndtgte any 1996,
commodity credit loans.)" 1998,

2000,

2004

1985-

"(Aside from any debts you have already mentioned,you (or 1990,

your husband/wife) now owe over $500 to any statestors, 1992-

Othef hospitals, banks, or anyone else, excluding 30etiayge 1994,
accounts?" If yes, "Rounding to the nearest huhdatlars, how| 1996,

much do you owe altogether?" 1998,

2000

* Indicates that similar data are available in 20804 questionnaire, but have been disaggregated (e.
stocks and bonds receive separate attention)}: Indicates that the 2004 question wording changed in
a way to make the variables non-comparable over:t#804 disaggregated non-collateralized debts
into 3 separate questions that do not correspaedttyi to the question asked between 1985-2000 (see
Appendix B), the truncation level for other assets and diheilities was raised from $500 to $1000,
and the questions regarding vehicles include redgs currently leasing.
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Appendix B. Deconstructing NCNR Debt

It is unclear what debts are actually includethem NCNR category. The
guestion is worded so it should not capture creatitl debt (“excluding 30 day charge
accounts”) but there is no way to verify whethep@ndents excluded credit card debt
from their answers. The possible effects of tidslanited, however, because the
guestion wording was consistent over the 12 ingevyeriods and any individual errors
in answering the question are hopefully relativaystant over time. While the NLSY79
incorporated an expanded assets and liabilitiesosein 2004 that did disaggregate some
of the non-collateralized debt components, the tipreswere not worded in a manner
that facilitated imputation for the 1985-2000 wav€omparisons of the multiple
measures are broadly illustrative of the componehMdCNR debt.

From 1985 to 2000, the only question on the sufi#at measured non-
collateralized debt wd#side from any debts you have already mentionedyal (and
your spouse) now owe over $500 to any stores, ogdtospitals, banks, or anyone else,
excluding 30-day charge accounts?If “yes,”How much altogether?). This question
specifically asked respondents to exclude 30-daygehaccounts (i.e., credit cards) and
had a $500 minimum for any one debt, suggestingitiaght exclude some households
with positive, but low, debt holdings.

In 2004, the asset and liability module was expandQuestions regarding assets

and liabilities were asked in greater detail, allayfor analysis of 5 specific types of

% Respondents that had attended school in the yemrwere asked about school loans, but they watre n
asked about these loans in subsequent years.
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non-collateralized debt detailed below (presenteithé order in which they appeared on
the survey):

1) Credit card debt:
“Do you [or spouse/partner] have any credit cardsawe any money on

any credit card accounts, such as Visa, Americgor&ss or credit cards
for specific stores, such as department storesasrggations?”

If “yes”: “After the most recent payment, roughly what washhlance
still owed on all of these accounts together?oli paid off all of these
accounts, please report $0.”

2) Outstanding student loans:
“Are you [or spouse/partner] responsible for makipgyments on any

student loans that you had for your own [or spopagher’s]
education?”

If “yes”: “About how much do you [or spouse/partner] owe dro&these
student loans?”

3) Outstanding student loans for children’s education:
If report biological, adopted, or step-childréAre you [or
spouse/partner] responsible for making paymentamnstudent loans for
your (child/children)? Please only include loahat have been made in
your [or spouse/partner’s] name for your (child/ldvien)’s education.
[Note: Only include student loans from the governtraand not
withdrawals against other types of loans, evehefwithdrawal is used
for educational purposes.]”

If “yes”: “About how much do you owe on student loans for you
(child/children) that you [or spouse/partner] areiarily responsible
for?”

4) Money owed to businesses:
“(Aside from the accounts we talked about), do jauspouse/partner]

currently owe money to any other businesses, ssighoaes, doctor’s
offices, hospitals, or banks? Please include asyailment plans, rent-to-
own accounts, or any other business that you oweegntn.”

If “yes”: “After the most recent payments were made on theseunts,
what was the balance still owed?”

131



5) Any other debts greater than $1000:
“Aside from the items that we talked about, do jmuspouse/partner]

owe $1000 or more to any person, institution, anpany?”

If “yes”: “What is the total amount of debt that you [or spelpartner]
owe to these accounts, rounded to the nearest admoudollars?”

These questions specifically identify non-collatezed, revolving debt, as well as
loans made for education. In addition, they exihjiclirect respondents to include debts
such as rent-to-own accounts. With the exceptfdntber debts,” they do not place a
minimum value for the debt. Another significanffelience is that they ask respondents
to report the amount owédfter the most recent paymentsa’specification that was not
made in the prior surveys.

To try to better understand what is captured énrtbn-collateralized debt measure
used between 1985 and 2000, as well as the nurhbeuseholds excluded due to the
$500 truncation level, | construct two indicatofgiability holdings for each of the five
debts listed above. The first indicates that thieskehold has the debt referenced by the
guestion; the second indicates that they owe $5000oe (a “strict” definition of that
liability, consistent with the question wording finche prior survey years). For credit
cards, | take this one step further and consthuegtindicators: one for whether they hold
credit cards, one for whether they oarey money on credit cards (balance greater than 0
after last payment), and a final “strict” indicafor if they owe $500 or more on credit

cards following their last payment.
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Table B-1. Liability Holdings in National Longitudinal Survey of Youth 1979, 2004

| 2004 |

Children's Money to Any Non-
Credit Cards Student Loans Student L BUS| Collateralized
NCNR udent Loans usinesses Other Debt
Debt Debts
(2000) (Elrzlgit M%Vr\:gy Owe | owe Owe | owe Owe | owe Owe |>$1000| owe Owe
Cards (>$0) $500+ ( Any  $500+| Any  $500+| Any  $500+ Any  $500+
Proportion
Holding
Debt 37.4%] 59.7% 45.6% 40.5%| 7.9% 7.5%| 3.4% 3.2%| 17.4% 13.2% 5.1%( 59.0% 53.4%
Value of
Holdings
($2004)
Median 4936 2000 4000( 8000 9000 8000 8000 1400 2700 5000 800 5000
Mean 12204 4839 6864| 15261 16135| 10379 11209 8145 10888| 16672 6450 12064
St. Dev. 25832 7668 8367 22177 22501 10485 10466 26487 30246 49BB4 18378 23787




Across the 12 waves in which the NLSY79 asks aboutcollateralized, non-
revolving (NCNR) debt between 1985 t02000, the agerproportion of households
reporting non-collateralized debt holdings is 37.36 indicated bylable B-1, the 2000
survey has a similar proportion of households (&j.deporting NCNR debt holdings. In
2004, the proportion of households reporting any-ocallateralized debt holdings (far
right hand columns) was significantly higher: 59%miting the definition of indebted
households to those who report owing $500 or maratfleast oneof the 5
subcomponents reduces the proportion of househedsting non-collateralized debt to
53.4%, but this proportion remains substantialtyhler than the proportion of households
reporting NCNR debt in prior survey years. While proportion may differ, the mean,
median, and standard deviation for NCNR debt in02&@ very similar to the value of all
non-collateralized debts (with at least one $500-9004, suggesting some similarity in
what they are capturing.

Breaking the 2004 non-collateralized debt holdimgs its component parts,
Table B-1shows that the most common non-collateralized detredit card debt (i.e.,
revolving debt), with 59.7% of all households owmoredit cards and 45.6% of all
households (79% of credit card owning householggdnting that they will continue to
owe money on their credit cards after their neyinpent. Even with the $500 restriction,
40.5% of all households (70% of credit card owrtwegseholds) report outstanding
credit card balances. Non-revolving debts for edneational purposes owed to other
businesses are the second most common type ofefaited by households in 2004:
17.4% of all households report any money owed herobusinesses. This proportion

shrinks to 13.2% with the $500 restriction. Studeans and student loans for children
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are held by a small proportion of all households99% and 3.4%, respectively—but
represent large outstanding debts with median gadfi®8000 and mean values well
above $10,000. Placing the $500 restriction adestt loans does little to change the
proportion of households reporting these debts—7c6ftinue to report student loans for
self or spouse/partner and 3.2% for children—furteélecting the large value of
educational loans. Last, only 5.1% of all housdbkakport owing $1000 or more to any
person, institution, or company not covered bydreeeding questions (the notable
category not covered by the preceding question®isey owed to other persons such as
friends and relatives).

Table B-2presents the number of distinct liabilities heydhouseholds in the
2004 NLSY79. No household reports holding all B4tollateralized debts, and very
few hold 3 or four. Depending on whether debtsnaeasured at any level or at a strict
$500 cutoff, 40-46% of households have zero deit€13% report one debt, and 11-14%
report 2 debts.

Table B-2. Number of Liabilities Held

Any Level Strict

(>$0) Level
($500+)

# of Liabilities n=7,025

0 40.5% 46.3%
1 43.1% 40.8%
2 13.9% 11.2%

3 2.3% 1.6%

4 0.2% 0.1%

Table B-3presents the proportion of all 2004 liabilities@gnted for by each of
the component parts (aggregate statistics). Dtieetgemall effects of liability holdings

less than $500 on the aggregate value of debtrigddihese proportions are similar
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whether the liabilities are measuredaay outstanding debt or $500 or more of debt
outstanding. Credit cards represent the bulk ¢dtanding non-collateralized debt
(43.3%), followed by money to other businesses/®), and student loans (18.4%).
While a small proportion of households (5.1%) répdidebts over $1000, they comprise
12.3% of all outstanding debts. Student loanglhdidren’s education make up the
smallest portion (4.3%) of non-collateralized debts

Table B-3. Proportion of Total Non-
Collateralized Debts

% of Total

Liability NC Debts
Credit Cards 43.3%

Student Loans 18.4%
Children's Student Loans 4.3%
Money to Businesses  21.7%
Other Debts >$1000 12.3%

Clearly, no one of the five liabilities capturedd004 accurately reflects the
NCNR debt measure utilized from 1985 to 2000. Muez, the measure of any non-
collateralized debt in 2004 provides a larger estéwf the proportion of households
with non-collateralized debt, regardless of whether$500 limitation is in place. Using
all of the “strict” indicators for 2004 (those wi$#b00 minimums) and excluding credit
cards to best replicate the question wording iarpyears, | constructed an indicator for
NCNR debt in 2004. The proportion of household$hany non-collateralized, non-
revolving debt worth $500 or more in 2004 is on@®%6. Removing the $500 limitation
yields 26.3% of households with NCNR debt holding®th of these numbers are
significantly lower than the 37.3% average repgrsh NCNR debt between 1985 and

2000. Assuming that 2000 and 2004 are roughlyvedgmt (for comparison, the
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aggregate value of NCNR debt in 1998 was $32.lianiih $2004), the values ifable
B-4 suggest that about one quarter to one third of R@iNbt (as captured from 1985 to
2000) is comprised of outstanding credit card débaccurate, this is still less than half
of total credit card debts outstanding. Theseirfigsl suggest that the NCNR debt
measure employed throughout the dissertation isaiety “non-revolving” and also
captures a significant amount of revolving deld. (icredit card debt). But, a significant

amount of credit card debt goes unreported in theaes, as well.

Table B-4. Aggregate Value of NLSY79 Non-
Collateralized Debts, in Millions ($2004)

2004 Debts
NCNR, . All Non-
2000 NCNR Credit Card Collateralized
$33.5 $25.5 $19.7 $45.3

Table B-5presents results from multivariate logistic regress predicting the
likelihood of holding specific non-collateralizeélats in 2004. With the exception of age
(due to the single cross-section) and health limoms (due to question changes in 2004
that limit availability), the models include thecgmdemographic predictor variables
associated with social heterogeneity and pattedmsstivantage that are employed in
analysis throughout the dissertation. There astndit patterns for each of the five non-
collateralized debts available in 2004. Some efdstimated effects are similar to those
estimated for NCNR debt from 1985 to 2000, whileeos are different, highlighting the
importance of disaggregating the components ofliigiholdings when it is possible.
The coefficients that most consistently resembdsétfor the pooled multilevel,
multivariate logistic regressions predicting likedod of NCNR debt holding between
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1985 and 2000 (see Chapter 4, Table 4.2) are #féiaents for holding and owing
money on credit cards in 2004. These resultsdéughggest that the measure of NCNR
debt used in earlier waves is capturing both raagland non-revolving non-

collateralized debts.
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Table B-5. Logistic Regressions Predicting Likelibod of Non-Collateralized Debt Holding, 2004, OddRatios

. Children's Money to Any Non-
Credit Cards Student Loans Student Loans BUSINESSes oth Collateralized
er Debt
Debts
g'rz'git M%"r‘]’gy Owe | Owe Owe | Owe Owe | Owe  Owe |>$1000 Owe  Owe
Cards  (>$0) $500+ Any $500+ | Any  $500+ | Any $500+ Any $500+
n 5737 5600 5600 5746 5746 4904 4904 5740 5740 57446569 5569
Demographics
Black | 0.42*** 0Q.75%** 0.74** |1.50** 1.63** |1.61* 1.63* 1.12 0.99 1.14 0.93 0.90
Hispanic| 0.98 1.32** 1.31** | 1.49** 155**| 1.49* 10 0.88 0.85 0.98 1.27%  1.24*
White (ref) | -- -- -- -- -- -- -- -- -- -- -- --
Socioeconomic Status
Highest Gradsd
Completed] 1.19*** 1.03* 1.04* | 1.33*** 1.34**| 0.97 0.98 0.92*** (0.93** | 1.01 1.02 1.04%**
Log Equivalent HH Ind  1.19** 1.04 1.06 0.88** 0.89 |1.27 1.24 0.91**  0.94* 0.99 0.99 1.01
Weeks Worked Lask
Year| 1.004 1.01*** 1.01**| 1.01* 1.01* 1.01* 1.01 .Q0 1.00 1.00 1.01** 1.01*
Unemployed Spell Last
Year| 0.83 0.90 0.89 1.71** 1.75** 1.33 1.27 1.38** 1.38* 1.87* | 1.27* 1.28*
Below Poverty Ling| 0.69* 0.57** 0.64** | 0.62 0.60 .29 1.32 0.68* 0.89 0.9 0.68**  0.82
Family Structure
Married | 1.81** 1.60** 1.67** |1.11 1.08 2.69* 2.9* 1.24 1.46* 1.55 1.56%** 1.69***
Divorced/Separatefl 0.82 0.92 1.03 1.27 1.25 1.37 351.| 1.26* 1.21 1.68* 1.09 1.14
Single (ref)| -- -- -- -- -- -- -- -- -- -- -- --
Have Kids| 1.00 1.02 1.06 1.01 1.01 1.08 1.02] 780. | 1.07 1.09
Female Heaq 1.54** 1.65** 1.43** 1.31 1.38 2.57* 2.72* | 1.72** 1.77** |1.16 1.94%** 1,69***
Asset Ownership
Financial| 4.11** 3.18** 2.90** | 0.89 0.88 2.96** 3.30** | 1.02 0.94 1.01 2.21%*  2.00%**
Non-financial| 2.42** 2.60** 2.14** | 1.56 1.55 2.8 2.48 1.49* 1.48* 1.18 2.19** 1.81**4
Log Likelihood -2915 -3487.4 -3491|2 -1483.1 -15821.-736.1 695.21| -2628.1 -2220.p 1124.1| -3462.8 -3609.p
Pseudo R-squared  0.2244 0.1015 0.0915 0.0760 0.0po0378 0.0369 0.0214 0.0168 0.01J11 0.0611 0.0538




The preceding analysis indicates that the noratmthlized, non-revolving debt
measure employed throughout the dissertation ugag both revolving and non-
revolving debts, with little ability to identify wbh households are including revolving
debts in their response to the survey. An addiditimitation of the NCNR debt measure
employed between 1985 and 2000 was its minimumevad $500. Households with
individual debts below $500 were automatically exleld from being “indebted,”
potentially providing underestimates of the trieeleof household indebtedness,
particularly among low-income or credit constraimediseholds. The additional detail in
the 2004 survey does allow some examination of ivh@museholds report debts below
the $500 minimum.

| focus here on credit card debts, money oweditinesses, and all non-
collateralized debts because these lose the mgmtmdents when the focus shifts from
anyoutstanding debt t$500 or moreoutstanding.Table B-6 presents descriptive
statistics for sociodemographic variables by tloa@egories within each of these debts:
1) those that do not hold debt (for credit cards ihbroken down into two categories —
non credit card holders and credit card holders ddnaot carry a balance, i.e., non-
revolvers); 2) those that have some debt but hess $500; 3) those with $500 or more of
the specified debt. In general, those that hotdesdebts (either less or more than $500)
are distinct from those without the specific debhis is particularly the case for credit
cards. Compared to households with a balance ghoids without a credit card are
more disadvantaged on a number of indicators—ewer average household income,
fewer households with financial assets. In conttasuseholds that have credit cards but

do not owe a balance (non-revolvers) show sigmfiealvantages—much higher average
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income, higher proportion of married householdsl, lamwer proportion of female headed
households. Examining the differences betweendtmids that hold the specified non-
collateralized debt, those that owe less than $&8@ a higher proportion of black
households, lower average income and educatiorerfevarried households, and more
divorced and female headed households than thasewe $500 or more. This indicates
that the $500 limit on NCNR debt between 1985 ab@Xsystematically excludes
certain households from ever being indebted. Hawedewer than 400 households in
2004 (~5.6% of the total sample) report non-colkdieed debt at levels lower than $500,
suggesting that this affects a relatively smaltiporof the total sample (assuming the
likelihood of reporting non-collateralized debt diolgs less than $500 did not change

dramatically between 1985 and 2004, an assumgtimimtay not be valid).
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Table B-6. Descriptive Statistics by Select Liabtly Holdings, 2004

CREDIT CARDS MOSUE;;SSOSTEZER ANY OF THE5 DEBTS IN2004
Own Credit Cards Owe Money Owe Debt
No Owe Do not Owe
Full Do not balance Balance Balance Do not less Owe hold | individual Owe
Samp|e, own owe
2004 (non- <$500 $500+ than  $500+ | any debts  $500+
revolvers) <$500 <$500
n 7484 2985 860 356 2863 6124 314 977 2865 393 3726
Age 43.15 43.02 43.26 43.24 43.20 | 43.14 | 43.36 43.14 | 43.19 43.43 43.29
Race/Ethnicity

Black] 31% 46% 10% 28% 21% 30% 41% 32% 37% 33% 25%

Hispanic| 19% 20% 13% 18% 21% 20% 18% 18% 18% 19% 20%

White| 50% 34% 77% 54% 58% 50% 40% 50% 45% 49% 55%

Socioeconomic Statuq

Highest Gradd 13.24 12.30 14.72 13.15 13.73 | 13.32| 12.81 12.87 | 12.84 12.83 13.55
Income ($2004] 65090 | 39397 | 109064 55135 77453 | 68519| 42617 52290 | 60178 48419 70435
Weeks Workeq 40.26 34.52 42.83 43.49 4472 | 40.53 | 41.27 38.62 | 36.33 41.76 4291

Unemployment Spel 10% 15% 6% 7% 6% 9% 12% 13% 12% 9% 8%

Below Poverty Lind 14% 30% 2% 6% 4% 14% 13% 16% 23% 10% 8%

Household
Composition

Married| 59% 41% 77% 60% 71% 60% 46% 57% 50% 52% 65%
Divorced/Separatefl 23% 32% 12% 21% 18% 22% 33% 27% 26% 27% 21%
Single| 18% 27% 11% 19% 11% 18% 20% 16% 24% 21% 13%

Have Kids| 64% 56% 69% 64% 71% 64% 63% 65% 58% 61% 69%

Female Head 19% 26% 9% 22% 15% 17% 28% 24% 19% 25% 18%

Asset Ownership

Financial] 83% 63% 98% 92% 94% 83% 81% 79% 71% 86% 89%
Non-Financiall 92% 82% 99% 98% 98% 92% 93% 93% 85% 96% 96%




Appendix C. Constructing Total Liquid Assets
The NLSY79 asked increasingly detailed questidomiaithe financial holdings of

respondents as the survey continued.

The initial question posed to respondents was:

“Do you (and your spouse) have any money in savimghecking accounts,
savings and loan companies, money market fundditeneions, U.S. savings
bonds, individual retirement accounts (IRA or Kepgh certificates of deposit,
common stock, stock options, bonds, mutual furnglgsrto an estate or
investment trust, or personal loans to others ortgages you hold (money owed
to you by other people)AMoney Assets)

In 1988, this was expanded into two separate questi

“Do you or your husband/wife have any cash you keepsafe place at home or
elsewhere, any money in savings or checking acspominey market funds,
credit unions, U.S. savings bonds, individual extient accounts (IRA or Keogh),
certificates of deposit, personal loans to othersortgages you hold (money
owed to you by other people)fMoney Assets)

“[Not counting any individual retirement accountdr]A or Keogh] you may have
already told me about] Do you (or your husband/vifave any common stock,
preferred stock, stock options, corporate or goweent bonds, or mutual funds?”
(Stocks/Bonds)

In 1994, this question was expanded again to coweparate types of financial accounts:

“Do you or your spouse/partner have any money wirggs or checking accounts,
money market funds, credit unions, U.S. savingsi&i@h(Money Assets)

“[Not counting any individual retirement accountdr]A or Keogh] you may have
already told me about] Do you (or your husband/vifave any common stock,
preferred stock, stock options, corporate or goveent bonds, or mutual funds?”
(Stocks/Bonds)

“Do you or spouse/partner have any money in cediies of deposit, personal
loans to others, or mortgages you holdZDs)
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“Do you (or spouse/partner) have any money in il retirement accounts
(IRAs or Keogh)?...Please think ONLY about thegestyf savings for this
guestion, and DO NOT REPORT any savings alreadyrteg’ (Retirement
Accounts)

“Do you or spouse/partner have any money in taeetl plans, such as 401K
or 403B plan or other pre-tax annuitiesfTax Deferred Accounts)

Table C-1. Financial Asset Holding by Wave, 1985600

Own Retirement Tax
Wave Money  Stocks/Bonds CDs Deferred
Accounts
Assets Accounts

1985 60.6%

1986 62.4%

1987 62.9% .
1988 54.4% 13.9%

1989 66.9% ess a

1990 67.7% 14.5%

1991 . .

1992 66.5% 15.5%

1993 65.6% 17.1% . . .

1994 66.6% 15.0% 4.0% 15.4% 23.8%

1996 67.1% 16.8% 5.5% 18.2% 28.7%

1998 68.9% 18.5% 6.0% 21.3% 35.5%

2000 70.3% 20.5% 5.8% 23.1% 40.9%
Total 64.7% 16.1% 5.3% 19.4% 32.0%

To create théotal money variable {money, | summed the inflation-adjusted
values (2004 dollars) of all possible financialedss | used the survey-created variables
recodes which pre-cleaned the variables for unugssglonses. Respondents who did not

report owning a given financial asset were assignealue of O for that asset.
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Table C-2. Value of Total Financial Assets by Wavg$2004), 1985-2000
Percentile
Wave N Mean SD 50th 75th 90th 95th 99th

1985 10627 4022 [0 220 1756 7024 14048 152022
1986 10407 4355 14925 345 2586 8620 17240 122642
1987 10143 5801 19931 499 3326 12639 24945 166079
1988 10005 6050 25098 160 3194 12776 23955 133873
1989 10024 9700 52583 762 4569 16753 31983 148241
1990 9918 9669 35838 723 5780 21675 37570 173576
1992 8490 12095 47671 808 7403 26920 49802 192501
1993 8311 13037 45481 784 7973 28754 56201 212943
1994 7766 16647 51693 1020 11985 40163 75862 239156
1996 7515 26106 94375 1445 15652 60200 113176 361869
1998 6924 40281 147234 2318 25498 93879 179645 527754
2000 like 62689 221565 4004 39492 136028 285220 863339

Total 106647 15233 79574 673 6344 26920 60561 237790

While the expanded questionnaire provides bettildon the financial portfolios
of respondents, it increases the amount of noreresy especially for assets such as
stocks/bonds and retirement accounts. Respontgntally know whether they own a
type of asset, but many respondents give “don’#nesponses for the value of that
asset (see NLSY79 user's guide section on itemesponse for more detailed

informationhttp://www.nlsinfo.org/nlsy79/docs/79html/79textichtm). In an attempt to

retain the most information possible, | exploreoshgshe survey-created imputed
variables for each asset value to constimguted total money (tmoneyj).
The NLSY79 uses 2 imputation processes for dealitigmissing variables on

the asset and liability indicators:
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1) Linear interpolation- if a respondent reported a CD value of $5,0009@6, no
response in 1998, and $7,000 in 2000, they woulaskgned an estimated value
of $6,000 for 1998

2) Linear regressior when data was missing at the end point, OLSessgon was
used to estimate the missing values.

Imputed values for money accountsopney asselsvere not available in 1986 (wave 8).
Thus, the values used for this wave are drawn tftmmon-imputed, recoded question.

After creating this variable, it became apparbat there were more people with
imputed values than there were respondents toiquestTo fix this, | set the value for
tmoneyi to missing if they were coded as any typeomresponse to a question that
asked about ownership of a given asset (i.e., owridd money assets] - yes/no "do
you have a savings account"”). Nearly 3,000 obsensawere recoded to missing.

From STATA output:

. replace tmoneyi=. if ownMA>.
(2818 real changes made, 2818 to missing)

. replace tmoneyi=. if ownSB>1 & wave>9
(140 real changes made, 140 to missing)

. replace tmoneyi=. if ownCD>1 & wave>15
(43 real changes made, 43 to missing)

. replace tmoneyi=. if ownTD>1 & wave>15
(126 real changes made, 126 to missing)

. replace tmoneyi=. if ownRA>1 & wave>15
(50 real changes made, 50 to missing)
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Table C-3. Value of Imputed Total Financial Assetdy Wave($2004), 1985-2000
Percentile

Wave N Mean SD 50th 75th 90th 95th 99th

1985 10795 4070 49171 220 1756 14048 45656 152022
1986 10407 4355 14925 345 2586 17240 122642 122642
1987 10442 5895 27105 564 3326 24945 82319 166079
1988 10359 6305 37721 260 3194 24354 92626 133873
1989 10512 9501 87262 762 5026 33506 114225 148241
1990 10350 9998 95189 723 5780 39015 124270 173576
1992 8942 12804 79996 942 8076 51148 154790 192501
1993 8946 13835 63300 915 9149 58815 176445 212943
1994 8560 17201 64270 1275 12750 76500 229500 239156
1996 8404 26606 122966 1806 17458 114380 343140 361869
1998 8125 40544 221788 3477 26657 173850 535458 527754
2000 7764 61848 284105 5485 43880 262183 778870 863339

Total 113606 16180 116218 768 6896 63845 242108 237790

Using the imputed values retains a larger propontif the cases, particularly in
later years (compare the sample size in columnTabfe C-2to column 2 ofTable C-
3). In 1985, for examplémoneyhas 10,627 observations whiteoneyihas 10,795,
indicating a loss of only ~2% of cases. In contrdm proportion of cases with missing
values due to “don’t know” responses is nearly %994 (n=7766 formoneyv.
n=8560 fortmoneyj), and reaches more than 16% in 2000 (n=6517 vV/6&)(

Though the use of the imputed values improves Bagsipe, some issues remain
with the use of the imputed measures. A large rarrmnbrespondents have different
amounts for their initial response (drawn from pine-cleaned measure) and their

imputed values. Additionally, the extreme valuésotal financial assets change
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dramatically, with the maximum value jumping fronmdllion in the non-imputed data
(tmoney to multiple values above 10 million when using tmputed datatihoney).
While this may more accurately reflect some pedplere are dozens of respondents
whosetmoneyalues andmoneyivalues differ by a factor of 2 or greater. Be@aitiss
unclear how and why the choice to assign a neweviauespondents with valid initial
responses was done, | chose to limit the datad testhe pre-cleaned responses from
individuals who stated that thelyd know the value of a specified asset and usethey
in subsequent analysis. This approach is consigiigmthe manner in which the NLSY
constructed the net family income variable: theas wo imputation procedure used to
construct net income; respondents who gave a respafrii'don't know/refuse/missing"”
onanyof the 19 income components were coded as "dooivkefuse/missing” for the
total net family income variable. This is discuss® more detail in section 4.22
(Income) of the NLSY79 User's Guide

(http://www.nlsinfo.org/nlsy79/docs/79html/79textiome.htn). Ultimately, this

suggests that the sample is limited to those redgras who are most knowledgeable

about their financial situatioh.

! A cursory analysis with chi-square antésts reveals that those most likely to be missimincome or on
total financial assets are distinct from those wh®not missing: more educated, higher income
respondents are more frequently missing on tatahitial assets. This may be because they have more
financial asset holdings and do not know the valiu@l of their assets.
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Appendix D. Transformation of the Outcome Variable(Debt
Burden, Chapter 6)

All three outcome variables analyzed in Chaptere@evextremely right-skewed,
requiring transformation prior to the estimatiorrefression models. For each variable,
| present histograms of the raw variable prioré&ms$formation, the results from the
gladdercommand in Stata (a graphical representationeoptitential transformations),
and a histogram of the log transformed variable.

Table D-1 presents descriptive statistics for the outcom@mbkes. Total level of
NCNR debt, the debt-to-income ratio, and the debtibney ratio all have medians
substantially lower than their means ($3808 vs 888®6r total level of debt; 0.1005 vs.
121 for debt-to-income ratio; and 4.9858 vs. 27.f4@he debt-to-money ratio) and
large standard deviations ($17091 for total de®823for debt-to-income, and 9370 for
debt-to-money), indicating that they are strongiyt skewed. For the debt-to-income
and debt-to-money ratios this is, in part, dueigi ldebt levels reported by households
with little to no income or financial wealth. Exding those households that report zero
income or zero financial assets significantly restuthe skew, especially for the debt-to-
income ratio, but does not eliminate it. Exclusodmouseholds with zero reported
income results in a median of 0.1000, a mean efdhband a standard deviation of
9.677 for the debt-to-income ratio, while excludlmmuseholds with no financial assets
yields a median of 1.4999, a mean of 27.74, artdradard deviation of 211 for the debt-

to-money ratio.
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Table D-1. Descriptive Statistics of Raw OQutcome \f@bles

Total Debt-to- Debt-to- Debt-to- Debt-to-
NCNR Income Income Ratio  Money Money Ratio
Debt Ratio (if income>0) Ratio (if Money>0)
n 41308 35511 35238 38632 27783
Min 549 0.0005 0.0005 0.0004 0.0004
Max 258600 173042 1032 258600 10917
Mean 8582 121 0.5475 2214 27.740
Standard
Deviation 17091 3032 9.6770 9370 211
Percentile
25th 1724 0.0458 0.4545 0.6665 0.3720
50th 3808 0.1005 0.1000 4.9858 1.4999
75th 8428 0.2419 0.2353 1066.1 6.9543
95th 27414 1.1912 1.0101 9978 79.522
99th 102198 22.4034 4,5595 32304 507.48

<

Figure D-1. Histogram of Total NCNR Debt (debtsr50), Raw Values
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The strong right skew of the raw values of totalNNCdebt (debtsr500) is evident
in the histogramKigure D-1). Most households cluster at the low end, wittyJyew

responses above $30,000. Figure 2 presents ttogtams by transformation. Both the
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log transformation and the histogram of 1/sqgrt notssely approximate the normal
distribution; | chose the log transformation dugteater ease of interpretation of
estimation coefficients. The histogram of loggetitdebts is presented kigure D-3;
it remains right-skewed, but the skew is signifitareduced.

Figure D-2. GLADDER Transformation of debtsr500
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Figure D-3. Histogram of Logged Total NCNR Debt (¢gdebtsr500)
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An initial look at the distribution of the raw vas of the debt-to-income ratio
(Figure D-4) reveals very little information: nearly all thalues are near zero, and the
few extremes cause the scale of the graph to obslerdistribution. Limiting the graph
to only those values less than Zglre D-44) again reveals a strongly right skewed

distribution; here the majority of values are |¢smn one.

152



Figure D-4. Histogram of Debt-to-Income Ratio (dic_a), Raw Values

Density
50e05 10e-04 15e04 20804 25e04

0

T T T T
o} 50000 100000 150000 200000
dinc_a

Figure D-4a. Histogram of Debt-to-Income Ratio (dic_a) if less than 2.5, raw
values

Figure 5 shows the results of various transformations ofdlat-to-income ratio.
Again, the log transformation and the 1/sqrt transfation most closely approximate the
normal distribution.Figure 6 presents the graph of the log transformed debtdome

ratio; it is nearly perfectly normally distributed.
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Figure D-5. GLADDER Transformation of Debt-to-Income Ratio
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Figure D-7 presents the histogram of the raw debt-to-monstyibution; again,
there is an extreme right skew. Like the debtrimeime ratio, a large number of values
fall below one. However, given the large numbehafiseholds with no or very few
financial assets, there are also many large vdtudbe debt-to-money ratio. While the
log transformation is better than the others at@gmating a normal distribution
(Figure D-8), there are clearly two underlying distributionge for those with liquid
assets and one for those with zero liquid assese(ially just the logged value of debt
for these households). A closer look at this ttistion is provided irFigure D-9a
Breaking this distribution out into its two compon@arts, we can see that the
distribution of logged debt-to-money ratios is mggaerfectly normal among households
with financial asset holding&igure D-9b). Turning toFigure D-9c¢, the histogram of
logged debt-to-money among households with no Grsassets (debt divided by [total
financial assets plus one], the same value as tbtgal debt) shows that this distribution
remains right-skewed but is approximately normalcmlike the distribution of logged

total NCNR debt for all householdsigure D-3).
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Figure D-7. Histogram of Debt-to-Money Ratio (dmoey_a), Raw Values
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Figure D-8. GLADDER Transformation of Debt-to-Money Ratio (dmoney_a)
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Figure D-9a. Histogram of Logged Debt-to-Money Rab (logdmoney_a)
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Figure D-9b. Histogram of Logged Debt-to-Money Rab (logdmoney_a) among
Households with Positive Financial Assets
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Figure D-9c. Histogram of Logged Debt-to-Money Rab (logdmoney_a) among
Households with No Financial Assets (essentiallyddebtsr500)
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These transformations significantly reduce the ska@ much more closely
approximate a normal distribution for the outcomaeiables. These descriptive statistics
are presented ihable D-2 The mean of logged total NCNR debt is 8.333ausiedian
of 8.245. For logged debt-to-income ratio the misa2.125 and the median is -2.298 (-
2.208 and -2.303 among households with positiveesafor income). The logged debt-
to-money ratio remains strongly skewed (mean of 2 &nd median of 1.607 among all
households), but this is significantly reduced wtrenfocus is limited to only those

households with non-zero financial assets.
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Table D-2. Descriptive Statistics of Log Transformd Outcome Variables

Total Debt-to- Debt-to- Debt-to- Debt-to-
NCNR Income Income Ratio Money  Money Ratio
Debt Ratio (if income>0) Ratio (if Money>0)
n 41308 35511 35238 38632 27783
Min 6.307 -7.657 -7.657 -7.847 -7.847
Max  12.463 12.061 6.939 12.463 9.298
Mean 8.333 -2.125 -2.208 2.679 0.514
Standard Deviation 1.092 1.609 1.302 3.990 2.231
Percentile
25th 7.452 -3.084 -3.091 -0.406 -0.989
50th 8.245 -2.298 -2.303 1.607 0.405
75th 9.039 -1.419 -1.447 6.672 1.939
95th  10.219 0.175 0.010 9.208 4.376
99th  11.535 3.109 1.517 10.383 6.229
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Appendix E. Testing Model Specification and Sensitity of
Estimates (Chapter 6)

E.1 Model Specification

The multilevel model underlying the regressionlgsia in chapter 6 proposes

that the level of debt/{) of subjeci at aget is modeled as:

Yij = P+ PoXa +... + PoXng + &
In this equation; is the constanj, throughg, are regression coefficients for explanatory
variables x; through xg, and&; is the combined residuaty; is comprised of the

following:

& =g+ §

&; IS the measurement error of subjeat timet (level-1 residual), whilg; is the
difference between the overall mean and subjgchean measurement (level-2 residual)
(Rabe-Hesketh and Skrondal 2005). A key assumpfidime multilevel linear model is
normality. both level-1 and level-2 residuals are indepetdad normally distributed.
Another assumption of the multilevel linear moddhomoscedasticityor equal
variances for level-1 and level-2 residuals at eadhe of every level-1 and level-2
predictor, respectively (Singer and Willett 2003).

The first assumption examinednsrmality of the level-1 and level-2 residuals for
models estimating logged total NCNR debts, loggelt-do-income ratio, and logged

debt-to-money ratio. To examine this assumptigmmptuced normal probability plots, in
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which the values of the level-1 or level-2 residuale plotted against their normal scores.
If the normality assumption is true, then the pldt form a straight line; deviations from
a linear plot indicate non-normality. As showrFigure E-1, there are few deviations
from linearity, suggesting the normality assumpi®not violated in any of the models.
To examine second assumptiorhomoscedasticityl produced plots of the
standardized level-1 residuals against selectegl-leypredictors: age and weeks worked
past calendar yeaFigure E-2). In general, the level-1 residuals have apprexaty
eqgual range and variability across age for tothtsledebt-to-income, and debt-to-money
ratio. Looking at weeks worked last calendar yda residual range appears much
larger at zero and 52, particularly for debt-toemz and debt-to-money residuals,
although this may be due to significant clustewnghese values in the dateigure E-3
presents plots of standardized level-2 residuasnagrace, a level-2 predictor. White
households (race=3) exhibit slightly larger rangmpared to the black and Hispanic
households, but this does not appear extreme ertougtworrisome. Overall results

suggest that the assumptions of the model areiolatted.
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Figure E-1. Normal Probability Plots ofg;and §
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Figure E-2. Standardized Level-1 Residualsf) vs. Select Level-1 Predictors
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Figure E-3. Standardized Level-2 Residual<) vs. Race
Logged Total NCNR Debts
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E.2 Sensitivity of Model Estimates

Tables E-1 E-2, andE-3 present results from alternative model speciftcatifor
logged total NCNR debts, logged debt-to-incomeoratnd logged debt-to-money ratio,
respectively, to test the sensitivity of the moegtimates. For total debts and the debt-to-
income ratio, | estimated models using the valuegded total financial assets instead of
a dummy variable for financial asset ownershipr d&bt-to-income and debt-to-asset
ratios, | compared models that retained househwilifiszero income and zero assets to
the models | reported in the main chapter. Fothadle outcome variables, | compared
the reported estimates to models that excludedthpally extreme observations. To do
this | limited my analysis to cases with absoluaéues of standardized level-1 and level-
2 residuals below or equal to 2.0. (I realize that is a strict definition of a potential
outlier).

Table E-1 presents results for the sensitivity checks ogéalgtotal NCNR debt.
The first column presents the results for all intddhouseholds and includes a dummy
for financial asset ownership; the second colunaiugtes a continuous measure of
logged total financial assets (reducing the toséiheation sample due to “don’t knows”
for asset values); the third column excludes olzdems with extreme residuals. The
estimates show little variation across models. itations on the kind or amount of work
a respondent can do are associated with significaigher household debt levels when
the model includes a dummy variable for ownersliifinancial assets, but this effect

becomes non-significant when the model is instestichated with a logged measure of
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total financial assets. This suggests that thel lelzassets plays a role in whether a
household takes on debt when faced with incomeiftigiexpense generating events such
as health limitations; those households that ale taldissave from liquid assets may
choose to do so instead of incurring debt. Addaity, age is significant and curvilinear
(consistent with the LC-PI hypothesis) in the madieh logged total financial assets and
insignificant in the model with the dummy varialbeit this most likely related to life
cycle effects on asset accumulation.

Table E-2 presents results for the sensitivity checks fggkxd debt-to-income
ratio. The first column estimates the model onghire sample of indebted households,
including those that report zero income. The sdamiumn presents the estimates
included in Chapter 6 and excludes those with g@ome. A continuous variable of
logged total financial assets is substituted ferdammy variable for financial asset
ownership in the third column of the table andfthath column excludes observations
with extreme residuals. In general, the estimatesonsistent across all model
specifications, with one or two exceptions. Mostably, the coefficient for poverty is
much higher when the model does not exclude holdeRath zero income, primarily
because these households fall below the poverydid have extreme values on the
debt-to-income ratio due to their denominator ofvihich inflates the effect of poverty
status on debt burden.

Last,Table E-3presents results for logged debt-to-money ratibis dutcome

variable presented the most difficulties for estiorg as approximately a quarter of the
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households that reported positive values for td2aNR debt also reported zero financial
asset holdings. The first column reports the esies of the logged debt-to-money ratio
for the entire sample (total debts/[total moneyspdne]). Here much of the significance
of the coefficients is due to their associationhwytocess of wealth accumulation, as they
reflect very clearly the patterns observed in twdtic regression predicting likelihood

of reporting no financial assets presente@lvapter 5. Last, for households with no
financial assets, their logged debt-to-money ratie the same value as their logged total
NCNR debt. Limiting the analysis to debt level amgdouseholds with no financial
assets (the fourth column ®&ble E-3) shows coefficients that are very similar to the
coefficients predicting logged total NCNR debt amdime full sample of indebted

households (the fifth column).

Table E-1. Multivariate, Multilevel Linear Regresdons Predicting
(Logged) Level of NCNR Debt Among the Indebted (1982000),
Robustness Checks

Full Sample  Excluding

Full Sample  wi/Log Fin. Extreme

Assets Residuals

n 32183 30603 29551

Age 0.028 0.042* 0.002
Age Squared -0.0004 -0.0006* 0.00003
Black -0.226*** -0.230%*** -0.228***
Hispanic -0.134%** -0.141* -0.123%**
White (ref) -- -- --
Socioeconomic Status
Highest Grade Completed 0.089*** 0.091*** 0.087***

Log Equivalent HH Inc 0.005 0.005 0.008
Weeks Worked Last Year -0.0001 -0.0002 0.001
Unemployed Spell Last Year -0.004 0.00006 0.018
Below Poverty Line 0.004 0.0006 -0.012

Family Structure

Married 0.135*** 0.138*** 0.128***

Divorced/Separated 0.034 0.033 0.018

Single (ref) -- -- --
Have Kids -0.099%** -0.098*** -0.082***
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Table E-1, continued

Female Head -0.095%** -0.102%** -0.068***
Health Limitations
Kind or Amount of Work 0.053* 0.040 0.037
Asset Ownership
Financial -0.051** -0.046**
Log Financial Assets -0.007***
Non-financial -0.122%** -0.120%** -0.119%**
Period
1985 (ref.) -- - -
1986 0.066** 0.069** 0.073**
1987 0.130*** 0.132%** 0.132%**
1988 0.084** 0.091** 0.102***
1989 0.116*** 0.114%** 0.126***
1990 0.138*** 0.142%* 0.135%**
1992 0.122** 0.128** 0.132%*
1993 0.143** 0.156*** 0.1971 %+
1994 0.172%* 0.185*** 0.210%*
1996 0.292%** 0.317** 0.326*+*
1998 0.338*** 0.370** 0.377**
2000 0.347** 0.397*** 0.399***
Constant 6.635*** 6.400*** 6.882%**
R-Squared
Within 0.0316 0.0325 0.0462
Between 0.0820 0.0831 0.0983
Overall 0.0656 0.0679 0.0849

p-values: * p< .05; ** p< .01; *** p< .001

Table E-2. Multivariate, Multilevel Linear Regresdons Predicting (Logged) Ratio of
NCNR Debt to Income Among the Indebted (1985-2000Robustness Checks

Excluding Excluding
Excluding Zero Income
Full Sample Zero Income
Zero Income & Extreme
(w/Logtmoney) Residuals
n 32364 32142 30565 29302
Age 0.068** 0.019 0.037 -0.007
Age Squared -0.001** -0.0004 -0.001~ -0.00003
Black -0.178*** -0.188*** -0.215%** -0.176***
Hispanic -0.120*** -0.142%** -0.160*** -0.142%**
White (ref) -- -- -- --
Socioeconomic Status
Highest Grade
Completed 0.034*=* 0.036*** 0.051%*=* 0.029%*=*
Weeks Worked Last
Year -0.009*** -0.004%** -0.004*** -0.003***
Unemployed Spell Last
Year -0.041 0.065*** 0.055* 0.089***
Below Poverty Line 1.805*** 1.24%* 1.205%** 1.049%
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Table E-2, continued

Family Structure
Married
Divorced/Separated
Single (ref)
Have Kids
Female Head
Health Limitations
Kind or Amount of
Work
Asset Ownership
Financial
Log Financial Assets
Non-financial
Period
1985 (ref.)
1986
1987
1988
1989
1990
1992
1993
1994
1996
1998
2000
Constant
R-Squared
Within
Between
Overall

-0.364***
0.036
-0.220***

-0.207*+*

0.099%*
-0.145

-0.275%*

0.022
0.126***
0.088*
0.069
0.165***
0.050
0.117*
0.169**
0.362***
0.432*+*
0.468***
-2.833%**

0.1418
0.2931
0.2118

-0.304***
0.086**

-0.113%+*
-0.095%**

0.111***
-0.159%**

-0.138***

0.051
0.117%*
0.071*
0.070*
0.135%*
0.063
0.142%
0.172%+
0.304++*
0.341%+
0.373%*
-2.445%

0.0974
0.2343
0.1623

-0.271%
0.082**

-0.121 %
-0.114%

0.090**

-0.040%**
-0.113***

0.057*
0.123***
0.065*
0.074*
0.146***
0.076
0.163*+*
0.206***
0.353***
0.407*+*
0.462***
-2.852%**

.1006
.2495
.1761

-0.313***
0.066**
-0.086***
-0.093***

0.092%
-0.164++*

-0.143**

0.048
0.119***
0.089**
0.115***
0.131***
0.132%**
0.179*+*
0.204***
0.331*+*
0.365***
0.385***
-2.065%**

0.1070
0.2488
0.1783

p-values: * p< .05; ** p< .01; *** p< .001
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Table E-3. Multivariate, Multilevel Linear Regressons Predicting (Logged) Ratio of NCNR

Debt to Money Among the Indebted (1985-2000), Robusess Checks

: Excluding
ALL Excluding No Financial HH with No Log Total
Obistol Mo hewmeand Fnancal NN D
One) Asset HH Extreme Assets Sample)
Residuals
n 30603 22920 20886 7683 32183
Age -0.007 -0.041 -0.046 0.037 0.028
Age Squared -0.0003 -0.0002 -0.0003 -0.0001 -0.0004
Black 0.731*** 0.206*** 0.229*** -0.301%** -0.226%**
Hispanic 0.429*** 0.003 0.032 -0.235%** -0.134***
White (ref) -- -- -- -- --
Socioeconomic
Status
Highest Grade
Completed -0.378*** -0.120%** -0.111%** 0.079*** 0089***
Log Equivalent HH
Inc -0.379%** -0.375%** -0.467*** -0.007 0.005
Weeks Worked
Last Year -0.007*** 0.001 0.001 0.0002 -0.0001
Unemployed Spell
Last Year 0.681*** 0.331*** 0.304*** 0.007 -0.004
<Poverty Line 0.736*** -0.072 -0.170** -0.057 0.004
Family Structure
Married -0.706*** -0.254%** -0.201%** 0.082* 0.135**
Divorced/Separated 0.312%** 0.172** 0.180*** -0.018 0.034
Single (ref) -- -- -- -- --
Have Kids 0.150** 0.009 -0.034 -0.065* -0.099***
Female Head 0.154* 0.329*** 0.356*** -0.112** -0.6%**
Health
Limitations
Kind or Amount of
Work 0.281** 0.148* 0.096 0.117* 0.053*
Asset Ownership
Financial -0.051**
Non-financial -1.373%** -0.549*** -0.500%** -0.093* -0.122***
Period
1985 (ref.) -- -- -- --
1986 0.058 0.033 -0.008 0.066**
1987 0.062 -0.155** -0.161** 0.130***
1988 0.938*** -0.87 -0.117* 0.084**
1989 -0.080 -0.66 -0.076 0.116%*
1990 -0.040 -0.045 -0.070 0.138***
1992 -0.194 -0.239** -0.225** 0.122**
1993 -0.139 -0.226* -0.243** 0.143***
1994 -0.453** -0.377%* -0.383*** 0.172***
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Table E-3,

continued
1996 -0.417*% -0.416%** -0.400*** 0.292%*=*
1998 -0.888*** -0.693*** -0.645%*** 0.338***
2000 -1.030%** -0.831*** -0.776%** 0.347**=*
Constant 13.157%** 8.049%** 8.920*** 6.599*** 6.635*
R-Squared
Within 0.0835 0.1257 0.2028 0.0317 0.0316
Between 0.3797 0.1882 0.2248 0.0699 0.0820
Overall 0.2588 0.1546 0.2128 0.0631 0.0656

p-values: * p< .05; ** p< .01; *** p< .001
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Appendix F. Additional Models and Descriptive Staistics for

Latent Trajectory Analysis

Table F-1. Multinomial Logit Predicting Latent Tra jectory

Membership', Odds Ratios

Not Stably '1'32
Indebted Low Curve
Race
Black 1.06 1.08 0.55%**
Hispanic 0.90 1.27* 0.67**
White (ref.) -- - --
Always Insolvent 1.20 0.69* 1.38*
Onset of Indebtedness 1.36%**  1.14**  0.99
Life Course Events Ever Experienced
College Degree 0.64***  0.86* 2.07***
Below Poverty Line 0.75** 0.72%*  3.09***
Unemployed 0.92 0.89 1.01
Divorced 0.63***  0.86* 0.97
Health Limitation 0.69***  0.74**  1.27**
Dependent Children 0.82* 1.05 0.79*

p-values: *p<.05; **p<.01; ***p<.001

Yncreasing trajectory is the reference categdrnyany of the 12 interviews between 1985

and 2000

The associations between variables expected ttureapnobserved access and

demand—race, chronic insolvency, and onset of itetliess—and observed demand—

experiencing life course events that reduce incomerease costs, or do both

simultaneously (e.g., health limitations)—all fafl the generally expected directions.

With the exception of unemployment and having akitd experiencing life course

events that increase financial demands are assdoidth decreased likelihood of falling
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into one of the two low-debt trajectories and imsed likelihood of being in the highest
debt trajectory (relative to the likelihood of bgim the increasing debt trajectory).

Table F-2. Proportion of Sample Experiencing Selé&vents by Latent Debt

Trajectory

Debt-to-Income Latent Trajectory
Not Stably Increasing ;“gg
Indebted Low Curve

Life Course Events Ever Experiencet

Below Poverty Line 0.45 0.35%** 0.45 0.70%***
Unemployment Spell 0.63** 0.62*** 0.69 0.75***
Health Limitation 0.19***  (0.18*** 0.25 0.31%**

Divorce 0.34**  (.37*** 0.43 0.43
College Degree 0.18** 0.23 0.22 0.32%**

Have Kids 0.77**  0.83 0.83 0.78**
Negative Financial Outcomes, 2004

Credit Constrained 0.15***  0.16*** 0.24 0.25

Ever Bankrupt 0.08***  (Q,12*%** 0.19 0.21

Missed Payment 0.14***  (0,20*** 0.25 0.28f

Asterisks indicate that two-tailed t-tests showt thgjectory means are statistically significantly
different from the means of the Increasing trajactd the .10 (1), .05 (*¥), .01 (**), or .001 (***evel
of significance

Y the HH everexperienced the event in the analysis waves betd@285 and 2004.

173



Works Cited

Agarwal, Sumit, and Brent W. Ambrose. 2007. “Helusld Finance and the Financial
Decision-Making Process.” Pp. 3-12Household Credit Usage: Personal Debt
and Mortgages Sumit Agarwal and Brent W. Ambrose, Eds. Newkro
Palgrave Macmillan.

Alessie, Rob, Annamaria Lusardi, and Trea Aldersi&97. “Income and Wealth Over
the Life Cycle: Evidence from Panel DataReview of Income and Weagld8(1):
1-32.

Ando, Albert, and Franco Modigliani. 1963. “Thefé Cycle” Hypothesis of Saving:
Aggregate Implications and Tests®merican Economic Review3: 55-84.

Andreasen, Alan R. 1993. “Reuvisiting the Disadaged: Old Lessons and New
Problems.” Journal of Public Policy & Marketingl2(2): 270-75.

Apgar, William, Allegra Calder, and Gary Fauth.020 Credit, Capital and
Communities: The Implications of the Changing Magg Banking Industry for
Community Based OrganizationBoston: Joint Center for Housing Studies,
Harvard University.

Ausubel, Lawrence M. 1997. “Credit Card Defaulisedit Card Profits, and
Bankruptcy.” American Bankruptcy Law Journall: 249-70.

Barba, Aldo, and Massimo Pivetti. 2009. “Risirgukehold debt: Its causes and
macroeconomic implications—a long-period analysiSambridge Journal of
Economics33(1): 113-37.

Barr, Michael S. 2004. “Banking the Poor: Polcte Bring Low-Income Americans
Into the Financial Mainstream.” The Brookings ingion Research Brief.
Berkeley, CA: The Berkeley Electronic Press.

Bates, Timothy, and Constance R. Dunham. 2008trddluction to Focus Issue: Use of
Financial Services by Low-Income HouseholdE€onomic Development
Quarterly, 17(1): 3-7.

Belsky, Eric S., and Allegra Calder. 2005. “Ctédatters: Building Assets in a Dual
Financial Service System.” Pp. 10-41Building Assets, Building Credit:

174



Creating Wealth in Low-Income CommunitiBkcolas P. Retsinas and Eric S.
Belsky, Eds. Washington, DC: Brookings Institutiéress.

Bernhardt, Annette, Martina Morris, Mark S. Handcaand Marc A. Scott. 2001.
Divergent Paths: Economic Mobility in the New Aroan Labor Market New
York: Russell Sage Foundation.

Bertola, Giuseppe, and Stefan Hochguertel. 20G8;. MHousehold Debt and Credit.”
Paper presented at 2005 Luxembourg Wealth Studyimge®erugia, Italy.

Betti, Gianni, Neil Dourmashkin, Mariacristina Rpssd Ya Ping Yin. 2007.
“Consumer over-indebtedness in the EU: measurear&htharacteristics.”
Journal of Economic Studig34(2): 136-56.

Bird, Edward J., Paul A. Hagstrom, and Robert Wil®99. “Credit Card Debts of the
Poor: High and Rising.”Journal of Policy Analysis and Managemel(1): 125-
33.

Black, Sandra, and Donald Morgan. 1999. “MeetNle& Borrowers.” Federal Reserve
Bank of New YorkCurrent Issues in Economics and FinanEebruary 1999.

Blau, Peter, and Otis Dudley Duncan. 198he American Occupational Structure
New York: Wiley.

Bostic, Raphael W., and Brian J. Surette. 20(Have the doors opened wider? Trends
in homeownership rates by race and incominé Journal of Real Estate
Finance and Economic23(3): 411-34.

Bosworth, Barry P., and Sarah Anders. 2008. ‘t&aand Wealth Accumulation in the
PSID, 1984-2005.” Center for Retirement Reseat®voaton College Working
Paper No. 2008-2.

Boushey, Heather, and Christian E. Weller. 2006equality and Household Economic
Hardship in the United States of America.” DESAMiog Paper No. 18.

Brown, Richard A., and Susan E. Burhouse. 200&plications of the Supply-Side

Revolution in Consumer Lending.” &Bt. Louis University Public Law Review
363.

175



Brown, Sarah, Gaia Garino, and Karl Taylor. 20080ortgages and financial
expectations: a household-level analysiSduthern Economic Journal4(3):
857-78.

Brown, Sarah, Karl Taylor, and Stephen Wheatlege?ri2005. “Debt and distress:
Evaluating the psychological cost of credildurnal of Economic Psychology
26(5): 642-63.

Bucks, Brian K., Arthur B. Kennickell, Kevin B. Mo, Gerhard Fries, and A. Michael
Neal. 2006. “Recent Changes in U.S. Family FieanE&vidence from the 2001
and 2004 Survey of Consumer Financeséderal Reserve Bulleti1-A38.

Calem, Paul S., Kevin Gillen, and Susan Wacht®&042 “The Neighborhood
Distribution of Subprime Mortgage LendingThe Journal of Real Estate
Finance and Economigc29(4): 393-410.

Campbell, Jeffrey R., and Zvi Hercowitz. 2006.h&MMacroeconomic Transition to
High Household Debt.” Paper presented at “Findncr@govations and the Real
Economy.” Retrieved from
http://www.frbsf.org/economics/conferences/0611/Ampbell.pdf

Campbell, Richard T., and John C. Henretta. 198atus Claims and Status
Attainment: The Determinants of Financial Well-Bgih The American Journal
of Sociology86(3): 618-29.

Caner, Asena, and Edward N. Wolff. 2004. “Assetd?ty in the United States: Its
Persistence in an Expansionary Economy.” Levy Bouos Institute of Bard
College Public Policy Brief 76.

Canner, Glenn B., and Anthony W. Cyrnak. 1986 et#minants of Consumer Credit
Card Usage PatternsJournal of Retail BankingB(1,2): 9-18.

Caputo, Richard K. 2003. “Assets and Economic iltghn a Youth Cohort, 1985-
1997.” Families in Society84(1): 51-62.

Carney, Stacie, and William G. Gale. 2001. “Assetumulation Among Low-Income
Households.” Pp. 165-205 Assets for the poor: the benefits of spreadingtasse
ownership Thomas M. Shapiro and Edward N. Wolff, Eds. Néwk: Russell
Sage Foundation.

176



Caskey, John P. 1994ringe Banking: Check-Cashing Outlets, Pawnshopsd, the
Poor. New York: Russell Sage Foundation.

Chien, Yi-Wen, and Sharon A. DeVaney. 2001. “Hfieects of Credit Attitude and
Socioeconomic Factors on Credit Card and Instaltrdbeibt.” The Journal of
Consumer Affairs35(1): 162-79.

Chiteji, Ngina S. 2007. “To Have and To Hold: Analysis of Young Adult Debt.” Pp.
231-258 inThe Price of Independence: The Economics of EatlytAood
Sheldon Danziger and Cecilia Elena Rouse, Eds. ¥Yak: Russell Sage
Foundation.

Chiteji, Ngina, and Darrick Hamilton. 2002. “Fdynconnections and the black-white
wealth gap among middle-class familie.he Review of Black Political
Economy30(1): 9-28.

Coile, Courtney, and Kevin Milligan. 2009. “HowoHsehold Portfolios Evolve After
Retirement: The Effect of Aging and Health Shock§lie Review of Income and
Wealth 55(2): 226-48.

Conley, Dalton. 1999Being Black, Living in the Red: Race, Wealth, andi& Policy
in America Berkeley, CA: University of California Press.

Cox, Donald, and Tullio Jappelli. 1993. “The effef borrowing constraints on
consumer liabilities.”Journal of Money, Credit and Bankings: 197-213.

Crook, Jonathan. 2001. “The demand for housetheld in the USA: evidence from the
1995 Survey of Consumer Financédpplied Financial Economi¢d.1: 83-91.

Czajka, John L., Jonathan E. Jacobson, and Scdit. C2003. “Survey Estimates of
Wealth: A Comparative Analysis and Review of thev@y of Income and
Program Participation,” Report to Social Securigministration, Office of
Research, Evaluation and Statistics (August). i®etd from
http://www.ssa.gov/policy/docs/ssb/v65n1/v65n1p6G8lh

Daly, Hugh F., Leslie M. Oblak, Robert W. Seifemd Kimberly Shellenberger. 2002.
“Into the Red to Stay in the Pink: The Hidden GafsBeing Uninsured.”Health
Matrix: Journal of Law-Medicingl2: 39-61.

Debelle, Guy. 2004. “Macroeconomic implicatiorigising household debt.” Bank for
International Settlements Working Paper No. 153.

177



Del-Rio, Ana, and Garry Young. 2005. “The Impattinsecured Debt on Financial
Distress Among British Households.” Bank of EnglaNorking Paper Series
No. 262. Available at SSRN:
http://papers.ssrn.com/sol3/papers.cfm?abstradd 2dit4 7

Di, Zhu Xiao. 2007. “Growing Wealth, Inequalignd Housing in the United States.”
Harvard University Joint Center for Housing Studiéerking Paper W0O7-1.

Diaz-Serrano, Luis. 2005. “Income volatility areidential mortgage delinquency
across the EU."Journal of Housing Economic§4: 153-77.

Duca, John V., and Stuart S. Rosenthal. 1993.rf®ang constraints, household debt,
and racial discrimination in loan marketslburnal of Financial Intermediatign
3: 77-103.

Duca, John V., and William C. Whitesell. 1995.ré@it Cards and Money Demand: A
Cross-sectional Study.Journal of Money, Credit and Banking7(2): 604-23.

Duygan, Burcu, and Charles Grant. 2006, Augubklousehold Debt and Arrears: What
role do institutions play?” Paper presented af7200ngress of Econometrics and
Empirical Economics, University of Bologna, Rimiitaly.

Dynan, Karen. 2010. “The Income Rollercoastesifi®) Income Volatility and Its
Implications.” PathwayqSpring ): 3-6.

Dynan, Karen E., and Donald L. Kohn. 2007. “TheeRn U.S. Household
Indebtedness: Causes and Consequences.” Pp. 84-Ih8 Structure and
Resilience of the Financial Syst¢éRroceedings of the Reserve Bank of Australia
2007 Conference), Christopher Kent and Jeremy Lawisds. Blacktown, New
South Wales: Pegasus Print Group.

Dynan, Karen, Kathleen Johnson, and Karen Pen@@3.2‘Recent Changes to a
Measure of U.S. Household Debt ServicE&deral Reserve Bulleti89(10):
417-26.

Edelberg, Wendy. 2007. “Racial Dispersion in Goner Credit Interest Rates.” Federal

Reserve Board Finance and Economics DiscussiorsSéforking Paper 2007-
28.

178



Eymann, Angelika, Axel Borsch-Supan, and Rob Euwal02. “Risk Attitude,
Impatience, and Asset Choice.” Sonderforschungstieb604 Working Paper 02-
28.

Ford, Janet. 1988The Indebted Society: Credit and Default in the@8 ondon:
Routledge.

Friedman, Milton. 1957A Theory of the Consumption FunctioRrinceton, NJ:
Princeton University Press.

Getter, Darryl E. 2003. “Contributing to the DeJuency of Borrowers. The Journal
of Consumer Affairs37(1): 86-100.

Girouard, Nathalie, Mike Kennedy, and Christophal@n 2006. “Has the Rise in Debt
Made Households More Vulnerable?” OECD Economiepdtment Working
Paper No. 535. Retrieved from
http://www.olis.oecd.org/olis/2006doc.nsf/linktofewkp(2006)63

Godwin, Deborah D. 1996. “Newlywed Couples’ DPbttfolios: Are All Debts
Created Equally?’Financial Counseling and Plannin@: 57-70.

Godwin, Deborah D. 1997. “Dynamics of Householdsome, Debt, and Attitudes
Toward Credit, 1983-1989.The Journal of Consumer Affajr31(2): 303-25.

Grall, Timothy. 2002. “Custodial Mothers and Fathand Their Child Support.”
Current Population ReportsWashington, DC: U.S. Census Bureau.

Gruber, Jonathan. 2001. “The Wealth of the Unewgal.” Industrial and Labor
Relations Revieyb5(1): 79-94.

Gustman, Alan L., and Thomas L. Steinmeier. 200hat People Don’t Know About
Their Pensions and Social Security.” Pp. 57-12Brimate Pensions and Public
Policies William G. Gale, John B. Shoven, and Mark J. \Wavesky, Eds.
Washington, DC: Brookings Institution.

Hacker, Jacob S. 200@.he Great Risk ShiftNew York: Oxford University Press.
Hall, Robert, and Frederic Mishkin. 1982. “ThenSi@vity of Consumption to

Transitory Income: Estimates from Panel Data ondébolds.” Econometrica
50: 461-81.

179



Han, Shin-Kap, and Phyllis Moen. 1999. “Clockidgt: Temporal Patterning of
Retirement.” The American Journal of Sociolggh05(1): 191-236.

Hao, Lingxin. 1996. “Family Structure, Privateahsfers, and the Economic Well-
Being of Families with Children.'Social Forces75(1): 269-92.

Hao, Lingxin. 2007.Color Lines, Country Lines: Race, Immigration, aéalth
Stratification in America New York: Russell Sage Foundation.

Hardy, Melissa A. 1993Regression with Dummy Variableblewbury Park, CA: Sage.

Himmelstein, David U., Deborah Thorne, Elizabethri&a, and Steffie Woolhandler.
2009. “Medical Bankruptcy in the United States)20Results of a National
Study.” The American Journal of Medicing22(8): 741-6.

Hogarth, Jeanne M., Christoslav E. Anguelov, antidok Lee. 2005. “Who Has a
Bank Account? Exploring Changes Over Time, 1980120 Journal of Family
and Economic Issugg6(1): 7-30.

Hudson, Michael (ed.). 199@erchants of Misery: How Corporate America Profits
from Poverty Monroe, Maine: Common Courage Press.

Hurd, Maude, and Steven Kest. 2003. “FightingdBtery Lending from the Ground
Up: An Issue of Economic Justice.” Pp. 119-13®nganizing Access to
Capital: Advocacy and the Democratization of Finahinstitutions Gregory D.
Squires, Ed. Philadelphia: Temple University Press

Hurst, Erik, and Frank Stafford. 2004. “Home Is&kk the Equity Is: Mortgage
Refinancing and Household Consumptioddurnal of Money, Credit and
Banking 36(6): 985-1014.

lacoviello, Matteo. 2005. “House Prices, Borrogvidonstraints and Monetary Policy in
the Business Cycle.American Economic Revie@6: 739-64.

lacoviello, Matteo. 2008. “Household Debt anddme Inequality, 1963-2003.”
Journal of Money, Credit, and Banking0(5): 929-65.

Jantti, Markus, and Eva Sierminska. 2007. “Sutgsimates of Wealth Holdings in
OECD Countries: Evidence on the Level and Distrdouticross Selected
Countries.” United Nations University World Instieé for Development
Economics Research (UNU-WIDER) Research Paper Olo//27.

180



Jappelli, Tullio. 1990. “Who is Credit Constraihi@ the U.S. Economy?The
Quarterly Journal of Economic405(1): 219-34.

Jianakoplos, Nancy A., and Paul L. Menchik. 199%ealth Mobility.” The Review of
Economics and Statisticg9(1): 18-31.

Jiang, Sarah S. 2006. “A Synthetic Cohort AnalygiCredit Card Debt and Payoff
Rates.” Retrieved frorttp://web.econ.ohio-
state.edu/~jiang/docs/JIANG _JobMarketPaper.pdf

Jickling, Mark. 2002. “Consumer Bankruptcy andudehold Debt.” CRS Report for
Congress.

Johnson, Heather Beth. 2006he American Dream and the Power of Wealth: Chapsin
Schools and Inheriting Inequality in the Land ofg@dunity. New York:
Routledge.

Johnson, Kathleen W. 2007. “Recent Developmentise Credit Card Market and the
Financial Obligations Ratio.” Pp. 13-36Hkousehold Credit Usage: Personal
Debt and MortgagesSumit Agarwal and Brent W. Ambrose, Eds. Newkro
Palgrave Macmillan.

Johnson, Kathleen W., and Geng Li. 2008. “Thet®ayment to Income Ratio as an
Indicator of Borrowing Constraints: Evidence fromwvd Household Surveys.”
Retrieved fromhttp://ssrn.com/abstract=1372062

Johnson, Richard W, Gordon B.T. Mermin, and ColdEcello. 2006. “When the Nest
Egg Cracks: Financial Consequences of Health PruhI®larital Status Changes,
and Job Layoffs at Older Ages.” Washington, DCe Thrban Institute.

Kanjanapan, Wilawan. 2005. “Age Differences iniés relating to Work, Savings
Habits and Borrowing: Evidence from the Househtildpme and Labour
Dynamics in Australia (HILDA) Survey.” Paper praged at the 8 Australian
Institute of Family Studies Conference,
http://melbourneinstitute.com/hilda/Biblio/cp/Kangpan2005.pdf

Karger, Howard. 2005Shortchanged: Life and Debt in the Fringe EconorSgan
Francisco: Berrett-Koehler Publishers, Inc.

Keister, Lisa A. 2000Wealth in America: Trends in Wealth Inequali@ambridge:
Cambridge University Press.

181



Keister, Lisa A. 2005Getting Rich: America’s New Rich and How They GutWay
New York: Cambridge University Press.

Keister, Lisa, and Stephanie Moller. 2000. “Weattequality in the United States.”
Annual Review of Sociolog®6: 63-81.

Kennickell, Arthur B. 2006. “Currents and Undemreuts: Changes in the Distribution

of Wealth, 1989-2004.” Federal Reserve Board Firaand Economics
Discussion Series Working Paper 2006-13.

Kennickell, Arthur B. 2009. “Ponds and Streamsalth and Income in the U.S., 1989
to 2007.” Federal Reserve Board Finance and Ec@soiiscussion Series,
2009-13.

Kim, Haejong, and Sharon A. DeVaney. 2001. “Thleddbminants of Outstanding
Balances Among Credit Card Revolversinancial Counseling and Planning
12(1): 67-78.

King, Uriah, Wei Li, Delvin Davis, and Keith ErnsR005. “The Concentration of

Payday Lenders in African-American Neighborhoodslarth Carolina.” Center
for Responsible Lending Research Report. Retriéneed

http://www.responsiblelending.org/payday-lendingé&arch-analysis/rr006-
Race Matters Payday in_NC-0305.pdf

Krueger, Dirk, and Fabrizio Perri. 2006. “Doesdme Inequality Lead to Consumption
Inequality? Evidence and TheoryReview of Economic Studjé&3(1): 163-93.

Land, Kenneth C., and Stephen T. Russell. 19%8edlth Accumulation across the
Adult Life Course: Stability and Change in Socioagmraphic Covariate

Structures of Net Worth Data in the Survey of Inecamd Program Participation,
1984-1991.” Social Science Resear@b: 423-62.

Leicht, Kevin T., and Scott T. Fitzgerald. 200Fostindustrial Peasants: The lllusion of
Middle-Class Prosperity New York: Worth Publishers.

Levy, Frank. 1998The New Dollars and Dreamblew York: Russell Sage Foundation.
Li, Wei, Leslie Parrish, Keith Ernst, and Delvin\iga 2009. “Predatory Profiling: The
Role of Race and Ethnicity in the Location of Paytanders in California.”

Center for Responsible Lending Research Reportrieed from

182



http://www.responsiblelending.org/payday-lendingéarch-analysis/predatory-
profiling.pdf.

Livingstone, Sonia M., and Peter K. Lunt. 199Préedicting personal debt and debt
repayment: Psychological, social and economic detemnts.” Journal of
Economic Psychology.3(1): 111-34.

Love, David A., Michael G. Palumbo, and Paul A. 8mi2009. “The Trajectory of
Wealth in Retirement.”Journal of Public Economic®©3: 191-208.

Lupton, Joseph, and Frank Stafford. 2000. “Fiearé Older: Much Richer or Deeper
in Debt?’ Panel Study of Income Dynamics TechnRagber Series #00-01.

Lusardi, Annamaria, Ricardo Cossa, and Erin L. Keup2001. “Savings of Young
Parents.”Journal of Human Resource26(4): 762-94.

Lusardi, Annamaria, and Olivia S. Mitchell. 200%.inancial Literacy and Planning:
Implications for Retirement Wellbeing.” MichigareRement Research Center
Working Paper 2005-108. Retrieved frémitp://ssrn.com/abstract=881847

Lusardi, Annamaria, and Peter Tufano. 2009. “Détetracy, Financial Experiences,
and Overindebtedness.” NBER Working Paper No. 848etrieved from
http://www.nber.org/papers/w14808

Lyons, Angela C. 2003. “How Credit Access Has ii¢jeal Over Time for U.S.
Households.”The Journal of Consumer Affajr37(2): 231-255.

Lyons, Angela C., and Jonathan Fisher. 2006. d8eDifferences in Debt Repayment
Problems after Divorce.Journal of Consumer Affairg0(2): 324-46.

Lyons, Angela C., and Erik Scherpf. 2005. “Movingm Unbanked to Banked:
Evidence from the Money Smart Progrankihancial Service Review3(3):
215-31.

Mann, Ronald J. 2008. “Patterns of Credit Card Bsong Low and Moderate Income
Households.” Available at SSRN: http://ssrn.comafedrt=1119268.

Mariger, Randall. 1986Consumption Behavior and the Effects of Fiscal ¢tedi
Cambridge, MA: Harvard University Press.

183



Masnick, George S., Zhu Xia Di, and Eric S. BelsRp05. “Emerging Cohort Trends in
Housing Debt and Home Equity.” Joint Center forusiog Studies Working
Paper WO05-1http://www.jchs.harvard.edu/publications/financebaD pdf

McCluskey, Martha. 2002. “Rhetoric of Risk ané tRedistribution of Social
Insurance.” Pp. 146-170 Embracing Risk: The Changing Culture of Insurance
and ResponsibilityTom Baker and Jonathan Simon, Eds. Chicago: The
University of Chicago Press.

Medoff, James, and Andrew Harless. 1996e Indebted Society: Anatomy of an
Ongoing Disaster Boston: Little, Brown and Company.

Menchik, Paul L. 1979. “Inter-generational Tramssion of Inequality: An Empirical
Study of Wealth Mobility.” Economica Special Issue on the Economics of
Inheritance, 46: 349-62.

Mendenhall, Ruby, Ariel Kalil, Laurel J. SpindehcaCassandra Hart. 2006. “White-
Collar Woes: Later-Career Job Displacement in tew Risk Economy”.”
National Poverty Center Working Paper Series, 06-43

Meyer, Bruce D., and James X. Sullivan. 2003. &slaing the Well-Being of the Poor
Using Income and ConsumptionThe Journal of Human Resour¢c&8, Special
Issue on Income Volatility and Implications for FEbAssistance Programs: 1180-
1220.

Mishel, Lawrence, Jared Bernstein, and Sylvia Ak¢ig. 2007.The State of Working
America 2006/2007 An Economic Policy Institute Book. Ithaca, NIYR Press,
an imprint of Cornell University Press.

Modigliani, Franco. 1966. “The life cycle hyposi of saving, the demand for wealth
and the supply of capital.Social ResearctB83(2): 150-217.

Mote, Larry, and Daniel E. Nolle. 2005. “Specildies—Rising Household Debt: A
Long-Run View.” Quarterly Journal (of the Office of the Comptroltgrthe
Currency) 24: 41-55.

Munnell, Alicia, Lynne E. Browne, James McEnearey] Geoffrey M. B. Tootell.

1992. “Mortgage Lending in Boston: Interpreting BM Data.” Federal
Reserve Bank of Boston Working Paper Series, 92: 7.

184



Nagin, Daniel S., and Kenneth C. Land. 1993. “Ageminal Careers, and Population
Heterogeneity: Specification and Estimation of axperametric, Mixed Poisson
Model.” Criminology, 31: 327-62.

Oliver, Melvin L., and Thomas M. Shapiro. 199lack Wealth, White Wealth: A New
Perspective on Racial InequalitiNew York: Routledge.

Penner, Andrew M., and Alyia Saperstein. 2008owWHsocial status shapes race.”
PNAS 105(50: 19628-30.

Rabe-Hesketh, Sophia, and Anders Skrondal. 2008tilevel and Longitudinal
Modeling Using Stata College Station, TX: StataCorp LP.

Rendon, Silvio Roberto. 2006. “Job Search anee®A&scumulation Under Borrowing
Constraints.” International Economic Review7(1): 233-63.

Ritzer, George. 1995Expressing America: A Critique of the Global Creddrd
Society Thousand Oaks, CA: Pine Forge Press.

Sandoval, Daniel A., Mark R. Rank, and Thomas As¢éhl. 2009. “The Increasing
Risk of Poverty Across the American Life Cours®&mographyl6(4): 717-37.

Shapiro, Thomas 2004T'he Hidden Costs of Being African-Americaxiew York:
Oxford University Press.

Shuey, Kim M., and Angela M. O’'Rand. 2004. “Nevwsl& for Workers: Pensions,
Labor Markets, and GenderAnnual Review of Sociolog$0: 453-77.

Shuey, Kim M., and Angela M. O’'Rand. 2006. “ChiamggDemographics and New
Pension Risks."Research on Agin@8(3): 317-40.

Singer, Judith D., and John B. Willett. 2008pplied Longitudinal Data Analysis:
Modeling Change and Event Occurrendgew York: Oxford University Press.

Spilerman, Seymour. 2000. “Wealth and StratifaaProcesses.Annual Review of
Sociology 26: 497-524.

Stegman, Michael A., and Robert Faris. 2003. tRsylending: A Business Model that
Encourages Chronic BorrowingEconomic Development Quarterlty/7(1): 8-32.

185



Stegman, Michael A., Allison Freeman, and Jong-8gik. 2007. “The Portfolios and
Wealth of Low-Income Homeowners and Renters: Figslinom an Evaluation
of Self-Help Ventures Fund’s Community Advantaged?am.” Federal Reserve
Bank of San Francisco Community Development Worlkager, 07-02.

Sullivan, James X. 2008. “Borrowing During Unemghent: Unsecured Debt as a
Safety Net.” The Journal of Human Resourcd§(2): 383-412.

Sullivan, A. Charlene, and Robert M. Fisher. 1988onsumer Credit Delinquency
Risk: Characteristics of Consumers Who Fall Beliintburnal of Retail
Banking 10(3): 53-64.

Sullivan, Theresa A., Elizabeth Warren, and Jaywkstbrook. 1989As we forgive our
debtors: bankruptcy and consumer credit in Ameribkew York: Oxford
University Press.

Twitchell, James B. 2002.iving it Up: Our Love Affair with Luxury New York:
Columbia University Press.

U.S. Department of Housing and Urban Developm&0tL0. “Report to Congress on the
Root Causes of the Foreclosure Crisis.” Retriduah
http://www.huduser.org/Publications/PDF/Foreclos0& pdf

Vermunt, Jeroen. 2003. “Multilevel Latent Clasedéls.” Sociological Methodology
33: 213-39.

Vermunt, Jeroen K., and Jay Magidson. 2008Bchnical Guide for Latent GOLD
Choice 4.0: Basic and Advance8elmont, MA: Statistical Innovations Inc.

Williams, Brett. 2004.Debt for Sale: A Social History of the Credit TraBhiladelphia:
University of Pennsylvania Press.

Williamson, John, B., and Tay K. McNamara. 200Biterrupted Trajectories and Labor
Force Participation: The Effect of Unplanned ChanigeMarital and Disability
Status.” Research on Agin@5(2): 87-121.

Wolff, Edward N. 2007. “Recent Trends in Househ@lealth in the United States:

Rising Debt and the Middle-Class Squeeze.” Lewgribics Institute Working
Paper No. 502.

186



Yamakoski, Alexis, and Lisa A. Keister. 2006. “sitb of Single Women: Marital
Status and Parenthood in the Asset Accumulatiorfooig Baby Boomers in the
United States.”Feminist EconomicéSpecial Issue on Women and Wealth),
12(1-2): 167-94.

Yilmazer, Tansel, and Sharon A. DeVaney. 2005o0usthold debt over the life cycle.”
Financial Services Review4: 285-304.

Zagorsky, Jay L. 1999. “Young Baby Boomers’ WedltReview of Income and
Wealth 45(2): 135-156.

Zagorsky, Jay L. 2005. “Marriage and Divorce'pbmt on Wealth.”Journal of
Sociology 41(4): 406-24.

Zeldin, Cindy, and Mark Rukavina. 2007. “Borrogito Stay Healthy: How Credit

Card Debt is Related to Medical Expenses.” DenmasTdne Access Project
Borrowing to Make Ends Meet Seriedew York: Demos.

187



Biography

Rebecca Marie Tippett was born April 30, 1982 imRhannock, Pennsylvania.
In May 2004, she graduatedmma cum laudand Phi Beta Kappa from The Ohio State
University with dual Bachelor of Arts degrees inctbogy and Political Science. In
2006, she received a Canadian Studies fellowshdgla Social Science Research
Council’s Dissertation Proposal Development Felloywgo pursue the research project
that eventually became her dissertation. Througheugraduate career, Rebecca has
been generously funded by the National Instituté\gimg Training Grant for the Pre-
Doctoral Study of Aging (#5T32-AG-000139-20). Heilaborative research with
Jessica Sautter and Phillip Morgan on internenhdas forthcoming irSocial Science
Quarterly. In January 2010, Rebecca joined the Weldon QoGpater for Public

Service at the University of Virginia as a resedsadulty member.

188



